E-Commerce Letters BT 5 1Fi, 2025, 14(10), 590-599 Hans i
Published Online October 2025 in Hans. https://www.hanspub.org/journal/ecl
https://doi.org/10.12677/ecl.2025.14103184

K| SRHERT T BT iR e YT B4R A Ay
R EHHREE ISR

W B
SRR S gt ek, St B

Weks H i 20254F9 HaH; A HB: 20254F9H18H; &AiHM: 20254F10H11H

HE

ASCHIRR T BT PR BN R RO (AR, $R5T i & (R4HTE 31 5 P RIGAT A MBI E R R
F o T FUR PG 10 425 1820 KB 0L 0 3 o F) 6B R, 3 Al Logiistic ] IR F AT - BJG
R B 0 (oA MR BN NI SRR AR, (2435 30 5 Al 2 RIS [a] IR ok REEAT B,
it R, FREE T AMARBRENLE. KEERER, EN—RIIRBRAERETAESR,
REMERANEIEHRHEITN, XA EWN R ER A% ERBERm, EHTRENFRE. —
R L, RMESIT ER P SRR, R & YR 48 R .

XK ia

BRI R RARRL, FIZER, ST T 5

Research on Internet Marketing Strategy
Based on Accelerated Failure Time
Model under Causal Inference

Hui Yang

School of Mathematics and Statistics, Guizhou University, Guiyang Guizhou

Received: September 4, 2025; accepted: September 18, 2025; published: October 11, 2025

Abstract

This article constructs an accelerated failure time model based on propensity scores to explore the
causal relationship between promotional activities on e-commerce platforms and user repurchase
behavior. The study uses propensity scores to address the selection bias problem in observational data
and estimates it using a logistic regression model. Subsequently, the propensity score is incorporated
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into the accelerated failure time model as a covariate to model the relationship between promotional
activities and the time interval between user repurchases, and the causal effect is estimated, while
also considering the treatment of right-censored data. The empirical results show that after adjusting
for a series of key confounding factors, the promotional behavior of using coupons has a statistically
significant impact on the time interval between user repurchases, which proves the validity of the
model. To a certain extent, promotional activities can accelerate the speed of user repurchases and
help e-commerce platforms adjust their online marketing strategies.
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Figure 1. Propensity score distribution plot for the two treatment states
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