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Abstract

With e-commerce platforms becoming the core sales channel for the leisure snacks industry, uncov-
ering consumer demand and optimizing marketing strategies have become key to resolving supply-
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demand mismatches. This study takes e-commerce consumption data of leisure snacks as its research
object and constructs a comprehensive research framework by integrating multiple data sources.
Firstly, web crawler technology is used to obtain consumer review data from e-commerce platforms,
and online questionnaire data is combined to supplement information on consumer preferences. Sec-
ondly, the random forest algorithm combined with an autoencoder is applied to identify the pri-
mary concerns of consumers, and the logistic regression model is used to quantify the impact of
variables on purchase frequency. Finally, consumers are divided into four groups based on K-means
clustering, and targeted strategies are proposed. The research results can provide data support for
leisure snack enterprises to develop e-commerce marketing strategies and enhance market com-
petitiveness.
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Figure 1. Word cloud of comment data
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Table 2. Attention ranking chart
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Table 3. Coefficient table of logistic regression model
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Figure 2. Reasons for different types of customers to purchase leisure snacks online
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