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Abstract

Data mining technology provides an effective solution for precision marketing of water purifier prod-
ucts. Through multi-dimensional collection and preprocessing of consumer behavior data, it enables
accurate identification of customer demand characteristics and behavioral patterns. Cluster analysis
facilitates scientific segmentation of customer groups, prediction models enhance the accuracy of po-
tential customer identification, association rule mining optimizes product portfolio recommendation
strategies, channel matching technology improves marketing outreach efficiency, and personalized
content generation increases customer response rates. Empirical research demonstrates that the pre-
cision marketing approach based on data mining significantly improves the market conversion rate
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and return on investment for water purifier products, reduces marketing costs, and provides tech-
nical support and practical references for data-driven marketing decision-making in water purifier
enterprises.
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Figure 1. Analysis diagram of K-means clustering elbow rule
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Figure 2. Network diagram of product association rule
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