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Abstract

This paper addresses the need to analyze massive volumes of user reviews on e-commerce platforms
by proposing a sentiment analysis-based multi-dimensional product evaluation model. By crawling
product review data from e-commerce platforms and constructing a sentiment lexicon database, we
established a sentiment scoring system across six dimensions: price, quality, service, logistics, style,
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and comfort. The results were visualized using radar charts. Our findings demonstrate that this
model can effectively uncover the value of review data, providing support for e-commerce busi-
nesses to optimize operations and assisting consumers in making informed decisions.
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Figure 1. Flowchart of data acquisition
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Figure 2. Dictionary construction process
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3.2. BiETFHE
NSCFF R R KB ER S 704, AR AR 7 MR OEHER, W a5
G, FEAHERUEUT A,

3.2.1. [RixiFEiRIR(c_comment)

CREATE TABLE “c_comment™ (
“id* int(11) NOT NULL AUTO_INCREMENT,
“content” text COMMENT "6 5 44 9 45,
“createtime” datetime DEFAULT NULL COMMENT '{Fi¢ 61 g i} ],
‘item_id" varchar(50) DEFAULT NULL COMMENT ' i 1D/,
*shop_id" varchar(50) DEFAULT NULL COMMENT 'J5 4 id',
“vip_level varchar(50) DEFAULT NULL COMMENT "1 #2548,
“temp’ varchar(45) DEFAULT NULL COMMENT "l i} 7 B¢,
PRIMARY KEY (id")

) ENGINE=InnoDB DEFAULT CHARSET=utf8 COMMENT="[R4A 18",

3.2.2. WHLFH# K (c_dictionary)
CREATE TABLE “c_dictionary™ (
“id” int(11) NOT NULL AUTO_INCREMENT,
“content” varchar(200) NOT NULL COMMENT " #i 14",
“type’ varchar(100) DEFAULT NULL COMMENT "#ia] 4 &,
*score” tinyint(4) DEFAULT NULL COMMENT "% 7 %%,
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“createtime’ datetime DEFAULT NULL COMMENT "6 & fif [f]',
“people’ varchar(64) DEFAULT NULL COMMENT '#T 2 F A%,
“length” tinyint(4) DEFAULT NULL COMMENT "8 K Ji',
PRIMARY KEY ('id"),
UNIQUE KEY "title_ UNIQUE" (‘content’)

) ENGINE=InnoDB DEFAULT CHARSET=utf§ COMMENT="{’}1£ - #iL";

3.2.3. EmiIFER(Cc_item)

CREATE TABLE “c_item’ (
“id” int(11) NOT NULL AUTO_INCREMENT,
“title® varchar(200) DEFAULT NULL COMMENT 'f i br i,
“shop” varchar(200) DEFAULT NULL COMMENT 'JiE4# 4 75,
*shop_id" varchar(50) DEFAULT NULL COMMENT 'JE4# id',
“cprice” double DEFAULT NULL COMMENT {44 /4%,
“price’ double DEFAULT NULL COMMENT 'JE 441 4%,
“item_id" varchar(50) DEFAULT NULL COMMENT 'f& i 1D,
PRIMARY KEY ('id")

) ENGINE=InnoDB DEFAULT CHARSET=utf8 COMMENT="j it ",
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Figure 3. Partial dictionary constructed during testing
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THERFT oA UE L 1~6. PE4RA 5 0], M 1 9 GRZATEN S 5 2 (GRZIET).

Table 1. Price emotion scoring

=1 MEERITS

% PEA bR HE ZN]l

1 R A% ik Z T P L 3R] A AN HLSEARIE SR 2
2 B WS SR XA B HE DT
3 A8t AT, TSR AR AR S
4 SHESE R FEE B ] 0K 1 T 7 e SERIE () — XURE
5 g R AR SRR SRR R R IR R I T 15 AR e b s R 5

Yk 2 P R B U YR 2 — o METR VU P OB B 26, A BT 1 S s A ) (R 4 3R
W PAEMIERL, AIMIRTHFEL AR 3 1 WA LT “Urks” YRR ARRIRE NS VP 7 bk, NiER &
I i B S BE SR 08 1 A 4

Table 2. Style emotion scoring

=2 RRERAT S

o8 DA HE ZN])

1 IR S8 5 R P R 1) R K AN BRI, FEREA K
2 WSS RAN 5 FE RS S e A

3 AT, ] AR R AR ATIE

4 SR T PO ) 4 0K 1 T 7 A SEESEI, F
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Table 3. Logistics emotion scoring
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Table 4. Comfort emotion scoring
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Table 5. Quality emotion scoring
#=5 RERRITH
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Table 6. Service emotion scoring
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TRREBARUH " SOy T RERKU 1;

4, BB R, HUANFED IR AR B, ) REAFAE — LERIA BT R AOIETE, B4R 1% 7 B 5
=% ¢71 R

DOI: 10.12677/ecl.2025.14124063 1883 TR 4TS


https://doi.org/10.12677/ecl.2025.14124063

>

B

T

5. M MRS UMEERIE R, REREZEERE SR, tedn “Sr g R s AR
PR, WERFEAENARYESE BT, S R OREE PR BUAR e BIRT, EAEVIRAEE IS A R B “ IR R

3.5. TR ST

PR T FE LR BRI F (FERAE B LA 6):

1 MCHLRE T 5 Hode e 4l R i B 1 5

2. ARUCHBE— AT A PR BEAT TSR ILAC . VLR H A RE R «
BYESE LG R IR 0.
LT S R B U7 AL, B A KRR

BV fE

55 BRI EAT B2 L .

VCECHE T, RS B 7y o

3. VMRS IR .

4 HRHETE & id AKCE PR rh ik R A VRIS AR, RO RAS AR LR R

R By R Al RE E 7 S L5, D IS AR E B SR T R SR B

4. RBIsTHr

BT Java i F SLILE B
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Prii[12], RIS EOR IR AR R AT 1A . UL ECAN > B
ERGRRS TG, RFEEEmsS, mailnEdHeErERERH&

Wk A pR, ARG T NANERE R R LR

4.2. [RiavEie

id

R L L e

Result Set Filter:

¥ | Edit 24) s i | Export/Import

content type sCone createtime people length
MEFRETAL BE - e
EMFEice  HE 5 i .
HEFREMEEN BE 4 - e
EMREOAE FE 5 = i
ERBEIRAE HE 5
MIMEELGET B8 5 s B =
EEMEERES HE 4 - e
HWIBREEES HE 5 i S
BIRE— TR HE 5 - e
FEGHPERSE FE 5
FENORGRTE RE 5
FE NS HE 4
FERZE—EF B2 4 e s e
FEHTHIL HE 5 i T
FEASH—F B2 4 e s e
EEGRERE HE 4 i T
EESSEEEE B 5

Figure 4. Example of sentiment dictionary
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Result Set Filter: 4 | Edie @) & B | Export/Import: [ I{&] | Wrap Cell Content: I8 | Feteh rows: &8 =%

id  content

1 BTRES BERAME SEAFLT. SWTREFHET - E5hs-

2 BRI TEAR SEXTO. FE(RHRETRALRR

3 BT 2818 FEARE - IR - BRERIREINT .

4 HFRE RS, BT, R oss #FEEEE AR

5 BTEEER BAXTHRSEHIE. SAFT - (a2 EENDRNESNY - ERESSEEIE. SRtk REFEN2H
6

8

9

EDWEIT» FESETH! ! ! Bk E—E1 FErEhMEal. FERE
i EMEERE BERERNER. RISFEETRENTT - RS BERSTERAMY. 22— Rkrmm
REFAR R, TodmIaRiS .
ERTFREARRNE, EFRES. MBI, FERER AF. Hisk:
10 FETH, fHEE—H hEASER SRR i THARSA - S aaE!
o AER— MEESEN EREE185, WRREE. BN
12 gTmERR, FEEE ASE, RFTEE
13 EFWEIT, DMIGEREFLEENES, BE—SHEBITRAEEMN, HETHRE.
4 EFRETER 8%, Rt i) RHEa, kR R
15 EEFREAAN RS, LME R Mok T
18 E%Hﬁ{i‘l? FERTE. FEREH

Py = I

Figure 5. Example of original review
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Figure 6. Sentiment analysis algorithm flowchart
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Figure 7. Time-varying sentiment scores for shoes on a certain e-commerce platform (Jun.-Dec. 2024)
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Figure 8. Radar chart for sentiment analysis of reviews of a certain brand of sports shoes
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2. ASCEBELF, $ERTT, ATUAR AN, MEAMY&, FEAUS AV, SR ey, e,
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