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Abstract

This study focuses on the anime IP e-commerce sector, exploring the application value of database
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technology in user profiling and consumption potential mining. The research establishes a multi-
dimensional profiling system encompassing user basic attributes, behavioral characteristics, and
consumption preferences, implementing efficient storage and processing of massive data through
a hybrid architecture of relational and non-relational databases. Based on transaction data from
real e-commerce platforms, this paper analyzes consumption behavior patterns of different anime
IP user groups and identifies core characteristics of high-value user segments. The findings reveal
that dedicated anime enthusiasts demonstrate an average order value 3.2 times higher than regular
users, with a repurchase rate reaching 68%, and exhibit strong acceptance of emotional premium
pricing for IP derivatives. By constructing a consumption potential assessment model, this study
provides e-commerce platforms with precise marketing strategies, including personalized recom-
mendations, tiered membership operations, and pre-sale mechanisms for new products. Research
indicates that database-driven user profiling systems can effectively improve conversion rates by
27% and enhance customer lifetime value by 41%, offering theoretical support and practical guid-
ance for the sustainable development of anime IP e-commerce.
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Table 1. Comparison of user segmentation characteristics in animated IP e-commerce

= 1. hiE 1P B P 5 B EXTEE

FH P B dth EBENETREROon) BEWER O IPEFE PFHERINCOL b UK S
IR B 24 12% 8500 68% 0.85 580 1%

DOI: 10.12677/ecl.2025.14124496 5356 SRS


https://doi.org/10.12677/ecl.2025.14124496

BEr IR, EmE

FEMEZ TRTE  28% 3200 45% 0.42 280 G
AR RSN 18% 1800 32% 0.68 420 G
AN BURH 32% 850 28% 0.35 150 =
SRR AR 10% 380 15% 0.50 180 [

e 1 R, R EIREDR 2B B 12%, SEITH BRIL E 8500 T, TET 1 & 2 ML 1P, Bl
FIFIE 68%. Wi THTM I BRI A, H 1P AR IEE] 0.68, AT 420 Jur T IR,
JEBLH = A AL AT RERE[12]

4. ZE IP A REHBITRIRESH
4.1. JHERMFHHES BRI

ZfiE TP 7 b (108 65 2 B B S (RS [ R o 33 70 2023 &= 2024 4RI H EEAH B Kcdie . A B
WETTHE RIS A RO 230%, SRR GREFRALIZAT, 4 D WL 40% R T R
P8 B 5 R AR R R AT 2024 SR 4 R AT e TEARD) , F TR O TP R A R A
HRm, HVUTREHEDE AN 38%, FEZX—WWTT 5K I3 .

I A S ] P B TR Y, 1 & BE S 4R A A TN E 5 TP (S A ss, UALEAr B B e T
FOYHE. BIRA SARIMA ik, S48l AIC ENEHE, FIHERFIEE] 75%, A RFR T 850

4.2. MEXRKSASHRERN

RIBNZ IR 7R 7 shim 1P s A P, 2 HrR A Apriori 5%, BLEHCINSIRE 0.01.
BANEMERE 030 GPRER, WK P TR 62% MR AE— N A KA TP f) Hofth o] 32 7 o »
T IS SR ) IR BRI B 0.45 . SLRL I m ATOC IR R i 4L 45 0L 2.

Table 2. High-frequency association combinations of animated IP products
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