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Abstract

This study focuses on the e-commerce field and constructs a data-driven marketing strategy
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framework centered on Customer Lifetime Value (CLV). Through machine learning modeling, multi-
dimensional data evaluation, and attribution analysis, the research systematically discusses the hier-
archical measurement of customer value, key node data mining, precise strategy design, and closed-
loop optimization mechanisms. The study shows that using behavior sequence-based latent customer
identification, value-level automated journeys, and dynamic scenario strategies can significantly im-
prove CLV performance and optimize marketing effectiveness. It is concluded that constructing a “data
perception-strategy iteration” closed loop aimed at CLV upgrade is crucial for the sustainable growth
of enterprises.
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Table 1. Comparison of customer segmentation and prediction models based on machine learning
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Table 2. Typical data signals and corresponding strategies at key nodes in the e-commerce customer lifecycle
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Table 3. Dynamic marketing strategies during major promotions and new product launches
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Table 4. Example of multi-dimensional evaluation indicator system for e-commerce marketing activities
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