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Abstract

To meet the need for e-commerce enterprises to shift from a short-term transaction-oriented model
to along-term value-oriented model, this article aims to construct a data-driven framework for cus-
tomer lifetime value (CLV) mining and marketing strategy iteration. The methodology adopts a com-
prehensive customer data system and unified metric standards, allowing for the reuse of customer-
wide tables; utilizes lifecycle segmentation and key touchpoint features to describe the value evolu-
tion path; introduces CLV prediction and dynamic value evaluation models to identify high-value, po-
tential, and risky customer groups; integrates causal attribution and stratified random experiments
to evaluate the actual incremental value of strategies. The results show that using CLV as a unified quan-
tifiable measure significantly improves resource allocation efficiency, while touchpoint-driven strat-
ified operations can effectively extend the lifecycle and prevent value decline; causal and experimental
feedback loops avoid subsidy waste caused by correlation misjudgments.
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Table 2. Key points matrix for in-depth mining of e-commerce customer lifetime value
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