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Abstract

With the continuous development of the digital economy and cross-border e-commerce, data-
driven approaches have increasingly been adopted by enterprises to improve the scientific basis of
product selection decisions. This study carries out an empirical analysis of the cross-border e-com-
merce product selection mechanism for educational toys using Google Trends data, Amazon plat-
form sales data, and consumer review text data, together with industry concentration ratio (CRn)
measurement and text sentiment analysis methods. The results indicate that although the U.S. Ru-
bik’s Cube submarket exhibits a relatively high level of brand concentration, the mid-range price
segment still contains certain structural market opportunities, and consumers place greater em-
phasis on product durability and structural stability. These findings offer data-based evidence and
practical reference for cross-border e-commerce enterprises in improving product selection deci-
sions and product structure design.
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ARG A& PR R AR R . RN, B0 SB35 GANL Rubik’s 55 S AEXTFR ™ i, HL T
2337 FAMOEREVEL, HTREMIERNI27]. AW FCHTE IR S S5 W R PR EE 3R
T i 6 AT R R TUH, A T AR T

3.2. BIETALE

R EE B R, W AR B AR S A A PR R AT IE VR A FE . B SR AT M b B, HIBRE
BIFL. AiRIGR S AT R, PR EAA LS XA R EHEH T i Siangeit, I NLTK
T B AN SCARHEAT 4317 e 45 F A 38, >R A TF-IDF 53 [28 142 HL “ Smooth” « “Corner Cutting” « “Pop”
G RE . B S, BEATHE MR U5, ST EE T VADER (Valence Aware Dictionary and sEntiment
Reasoner) [29 15 &M TR, X656 PR REAT AT 23, KB AE 0.05 DL ERH)E N IE T PFAY, —0.05 LA
N RHE AV, AR SRR, U R S SO T

3.3. Bl srihiairtaE

NEN T TER LN, ARG L5 5 F 4T I 4R H BE (Concentration Ratio, CRn) [30]48 45,
T 8T b & BET7 R s e B MR T . THR AT

CR, =S, (i=1,2,-,n) (1)

Hp, SARRE i ANRMEG= T SE R, o IR SR B SR . AT 05 CR10
(DS CRI00 (R M AR E), DAAIBI T2 /A EE NBEZR . 35 CR4>30%8 CR8>40%, NI
WZ T35 )8 T Sk 2B W g i, Aol 7E 3k sk 2 v 35 B o iy o 2 b R S5 4 oy T 3% s o

4. B EIRASGIES T

AEIET Python @RI i1 552 7 Hdle 518 FE VR STAS, IWHIIZTE4 R SERE N
LA 9% 38 1 I 4 =5 T T FESIE 73 A, P LA 36 e 9Bl ade s LA R S SRk — 20 B A il
BENSE [ 37 107 i S5 A ARAL T T

4.1. &F CRn I8FITH A= SR SN E

AT REEVEAS T Db I 28 H (Toys & Games)HH B 77 4043 T3 I E NBE 22, ABFFHET 2025 41 H
P ifb 3 [ vk “Magic Cube” JEETRIE 2R 45 R TUH A /R FIHT 100 FE S AEARS AT b FE A . 45
L& 1 FE 2 i

DOI: 10.12677/ecl.2026.154410 395 1T 5508


https://doi.org/10.12677/ecl.2026.154410

FBIE, K &

25000 4
- R (B )
HRHE F14%
—— DERE%
20000 F12%
\ L 10%
15000 4
F 8%
. 3
¥ i
= R
10000 - F 6% X
1B TR
& £
k4%
5000 - .
| . I F 2%
04 1 L o%
S O RS PO R RS DSEE T SOL g R
P T ETFFFT LT O FFAFATIFITISFTEINTNSTELFES
TS FE o FF &< &S & 3 & R &9 & &
FRIEEIR
Figure 1. The concentration ratio of Rubik’s Cube brand (CR10 = 72.6%)
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Figure 2. The concentration of Rubik’s Cube products (CR100 = 56.6%)
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Table 1. Top 10 brands in the Rubik’s cube industry
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Figure 3. Price-sales distribution of top 100 magic cubes on Amazon
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Figure 4. Word cloud of consumer reviews in Amazon’s Rubik’s cube
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