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Abstract

With the maturity of large language model (LLM) technology, the traditional e-commerce shopping
guide model is facing a transformation from “passive retrieval” to “active interaction”. This paper
aims to explore how Al Agents reshape the interaction links and consumer decision-making mech-
anisms of e-commerce platforms in the context of generative artificial intelligence. Adopting a sin-
gle case study method, this paper takes the Al assistant “Doubao” embedded in the Douyin platform
as a typical case. Combined with consumer behavior and information system theories, it deeply an-
alyzes the business logic of its “intent recognition” and “one-sentence shopping”. The research finds
that the e-commerce shopping guide driven by Al Agent has realized three major paradigm shifts:
in the interaction paradigm, from “passive search” to “active dialogue”; in the decision-making par-
adigm, from static “product matching” to dynamic “deep intent insight”; in the value paradigm, as-
cending from a single “transaction orientation” to an “experience and emotion orientation”. Mean-
while, the study also identifies the risks of privacy concession brought by LLM “hallucination” and
excessive anthropomorphism. In the era of “agentic commerce”, e-commerce platforms and brands
need to build a “human-in-the-loop” agile governance mechanism to enhance algorithm transpar-
ency and consumer trust. This study provides micro-case support for the theoretical development
of the intersection of artificial intelligence and e-commerce, offering important enlightenment for
the digital transformation of e-commerce enterprises.
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BB T AU R R R, BRGNS BRI R N K. AN, fEIREE R
M T, A G i S R PR H a5 22 5% . A GinI s P & B “ B R 5 “PREL
HeFE” , IXR NIRRT BB A BB R Y S L A EL S AR K, IR REAS HESR IS R .
U TR TG Ak BORI I BES ) RA FR R (0 “ S inife BISALIE & 47 )i, &SGR I AC
HASSBUTER “FEEER” 5 RN, ORI T 2 s fuer 548 T3 oA

AR, DAKIE 5 B (LLM) A Je B ) A BN T8 BE(AIGC) H AR BUAS T il ke, Ailiid Bk
SRR AL T AR EAREAR . R EEH I AR, E R RS AR % E A )
B g oRng, WORIRF TP A AL FR VLR IR 5 o 3 AL 22 BRI [1] o FERCERRD b, ARl
TR BRI A ARE 5 S 2SR ), BB B R . Al B BRI (Al Agent) o —
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Figure 1. Interaction flow chart of “Doubao” e-commerce shopping function
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Figure 2. Comparison of conversion paths between traditional search and Al agent shopping guide
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Table 1. Comparison of characteristics between traditional e-commerce and agent e-commerce in three major paradigms
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