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Abstract

With the maturity of Large Language Models (LLMs) such as ChatGPT, Claude, and Gemini, human-
computer interaction is evolving from an “operational” paradigm to an “interpretive” one. Traditional
dialogue systems focus on task execution, while the new generation of intelligent agents begins to ex-
hibit potentials for human-like cognition and emotional expression. However, existing systems still
face critical gaps in personality consistency, long-term memory, and the balance between low-latency
interaction and deep optimization. This paper proposes the Personality Intelligence System (PIS),
which centers on a three-layer psychological model (Big Five Personality Traits, Structural Theory of
the Psyche, and MBTI) to build an integrated framework for personality definition, decision making,
and expression. The system introduces dynamic-static decoupled personality modeling and a dual
time-domain optimization mechanism, achieving the unity of short-term adaptation and long-term
evolution over time. Through the Personality Memory Network (PMN), it integrates short-term con-
text, long-term facts, and knowledge graphs to enable interpretable personality-state updates. The
output layer employs a consistency anchoring mechanism to maintain stability across personality, se-
mantic, and emotional dimensions. Furthermore, this paper formalizes the mathematical representa-
tion, convergence conditions, and learning mechanism of personality-state updates, proving that per-
sonality evolution under the contraction mapping assumption is stable. The proposed framework de-
mon states the potential to enable continuous personality expression at both cognitive and affective
levels, providing theoretical foundations for applications such as virtual companionship, educational
tutoring, and mental health support. The prototype system and related datasets will be released sub-
sequently to promote open research on personality intelligence.
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1. 51§
1.1. AR EBRRTREE

MW BRREDIE, Z—MABNERE AR R BRSSP sk . ARSI 4 247 2| B E
P FH(GUL), FENEE B0 Siris Alexa)FIKAE F B8 (LLM, Large Language Models), AMLK R
EETN CTR” GEm U7 o EREAT, AN TEBRADAFM I RFE S, MmkELES “ AR
(Personality) ] S 528 1., TEAFRSE ARG — B0 8 A A] B 1) 1% 48 S o

X e T AR B (Personality Intelligence)” [1]FIBFE 1Al SAEG0H) “INENBRE” AJF,
NGB e 2R RGN GRS 5 G4, 38 T AE KA h CRHF S 4 5T -5 4% O 4 R 1 ) — B
(Value Alignment within Personality Dynamics), M1 SEHLE BGRIA 5 AT AR AR NI EPF,
R ERE T “3hZ& Ak T3 (Dynamic Personality Computation)” R & ——i@ i 0o FE 224 A S AT A
R A Rk, R SCHE A B A5 NS T A R R B R SOAE
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1.2. METEHRETRE

IR FAE RSB AR R BRI A XS AR S )y ) EHUAS T Rt filin, [1] 2] A E
G HEWT AMERERT: [3]-[SIHR I T ARGAELE SR RIS 53] [6]WHT T AR IshasEEt. 28T, X
BT FEATAFAE LR R PR
o AME—EEAE: BRZFEM ARG LR, BRI A B A KU TSRS 5
o CHIRE RS 2R E R CE D, S iEid i S BB IE:
o SERFUE R SR BEARA JE . IRREIR 75 SRS 5 4 AR R T SR
o MHALRCEEAL: TR TR (Prompt Engineering) 1 ## 45 A & B = R G

13. RBEXSUH A

R ER T, ASCER T —ANG— 4 —— Ak B it & Gt (Personality Intelligence System, PIS),
TR DU 0L

1) =JZ 24 (Three-Layer Psychological Model): K A& £5H4%I) 73 3L 4L 2 (Baseline Layer). 3%
#)JZ (Driver Layer) 5 3£ )Z (Expression Layer), 435X N AR FIE X ik 5 KA RIE .

2) BNER D A AR ML (Static-Dynamic Separation Personality Modeling): [X 43K AR E ) “ER &SN
17 GBI RGN “BA AT, SIS S RIE RS

3) XUHS Ik A A% i1 55 AE S8 (Dual-Temporal Personality Framework): i 75 28 55 i 5k 55 58 28 K i Jal A 45
G RARACHLE, SIS A2 B 5 K A AT AL IR

4) NH&iC 12 M 2% (Personality Memory Network, PMN): #4545 915516« P B4R 5 50 R K, Szl a]
R AN RSB 5012 R

AR FEE BT
o FRHAKERERL PIS, JFRFAMHMRE NG “& L - K - Rk BERK,
o BT BNF T B SO ARA AL, SRR AE IR 5 K AL 1 e 2
o MEAMEICIZMES PMN, SCRACHIAMS — Btk 5id 4238 5
o ERIR E A3 b AASIRAS BT IR AR E 1t S U Sl
o WRIT AR EAEAICER . AR S N LA

2. ExIE

AFEATE SR B G R REAA IR, ARE E AR AR R R, 1S A EINLE] dizag
SRR, DR Z R B A — SRR FL . AL 248 HIX L5 [v) 5 A ST (1 A6 R RE R 4t
(Personality Intelligence System, PIS) i3 i) 25 7% 5 R R .

2.1. MERGNERHTRE

NS RGEREAL, 5 2 50 DU T 2R e 3L R 5[ 7]
o HMRB: PLELIZA. ALLCEAMREMFIMRSE, i ebtin SHMRILE AR M. B8 A
FRaIME, EARR EABRME L, W0 BN SCHERR RE
o Gl BB BEFE Seq2Seq AN Sy E R ML I, 6Pl AR G N BRI B4R T
Encoder-Decoder #4800 1 15 28 FF- U5 REAE A2 Bt 1% AR B2 .
o KIEAUFNEL: Transformer ZEA4JHEA:, {457 BERT. GPT RANGEFIZIE SR, X SLp Al AT £
FERROR VR BEAE SCERMR . KO IR S B R SCHERERE 7y, RS RGN RE 18T B TR s .
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AR, WHFUAE R TN ERAU “if 5 AR BRI R B ) “ ANAR R BEIKEN A HIRIZ” o Character. Al
Replika £ w2 T AL B80E A, DA SR IE R UTRIE AN &G It . 2RI, IXEE RS
AT 2 MR S B9 9E 7R T FE(Prompt Engineering) 5 23U i}l (Fine-Tuning), 156t = —ANEE8 s AL H AR KF
K — SO0 AR BN . B, @R AR — 2. KIWHeiZ 5 B e Re 70 Ak B 5E R 4t
(Personality Intelligence System, PIS), CLECA N —RAZH AL A% OHF 7 7 1]

2.2. AMBEEEER

K% e (Personality Intelligence) 5 751k AT B A& RMANER . ML EYE, 17 9 515 B,
AR T OB 22 ) NS RIS

28 B 11 K AASH8 (Big Five Personality Model) [8 K A i #4) N I 14 (Openness) . R 57 14:(Consci-
entiousness). ZMiT: (Extraversion). ‘B A4 (Agreeableness) 5 #14: i (Neuroticism) FLMZ 0 4E S, E N
FHM R F RS HHEL . 5L, 35085 = 3K 18 (1d-Ego-Superego Theory) A fFE N A% 1) A 5
BE PSRRI TIRZITE W ARADRERAGRRE, HI(Ego)EIL HFHATHE, 1M K (Superego)
MR E A 5 4 2 Y0 2P0 AL AT AR S OMEX TR AL 1 48 10 B A7 U . itk b, MBTI (Myers-
Briggs Type Indicator)f A IE it N AT RERI AL & (a0 2% - 1R, ELOE - BOD), 4t Zlim 1 AHE i 4hAE
RIBZEF, NRGE B E A& ITE S 58 BRIt 7T E 4L .

WA B TE 2 R T AR R BT n) Sk T U 205 5 XUk b i1, Mairesse 58 A\[9]2E T-E & S#HFAE
ST K% s Zhang 55 N[ 10]KE A 1) B i N\ BIAH 20T AY o DUAE AN PEAR I R . SRTAT, X 28 TAEK
ZIBTHANMEE, Tk R NSAE S IRER - RS B3 ) B & AR .

TR, NENMEEBIFEZ 0T B, Park N[00 “A sl U8 geAR” B 50 i ik T3> %4 R A4
WACA IR ST, AU T HAT JyBEIS AL R 8 NS ARAE: Kwon 55 A[12]7E LLM B RIR A 5,
RER T RIS FUN R SRS A 25 52 m, 500 7 AR HIBIASER s EAMAE TR IR R LH
HGTE IR RN AT AR, DA sm HAEE SEMERE JI[13], FERAOELE A AL I AT &1L
CIESATRIN NG5 @

ASCHE H 0 Bh R 43 B A AL 1 (Static-Dynamic Separation Personality Modeling)-5 XU 48 A K 1155
HEZE (Dual-Temporal Personality Framework) 1E A2 7 b2 filh b (1) — B B HEdE . & BIH0 X 70 T PR R —
B A NAG 2 5 m B AT AR B a8 ARSIRAS IRl XU SR G 38, W OR 1 A0 I 38058 BRI
WP S KSR A AR E M, AT U TR 1 2430 A B B RSE—BUE S B & MM (R AZ 0 oF
J& o

2.3. BES AR RS

RGBT S 2 BTN VAN B, T AR SC A1 46 A8 oL AR A T AR S5 M AR B o Jl R = FR
w5 MBTLIAFIZEFEAHRN G, RO T MAKE B 1E 44 10 4 752 45 8 2 -

BT B ig s = RIS, RGUERR IR RERI @ P AE T L < AA& Pl I
o A1) BT A IR IR S S 5 1 R
o HIR(Ego)fE I Sk 5 R (B 3EAT A1
o HFK(Superego) i MIME S+ =21

=AM EAE R e S, 12— M Eh AP F£(Dynamic Equilibrium Process), 1E £ 4t HH il i i E
I3 He 5 A T SEEL . MBTI ) S 4E /1% IB4(T/F) 5 B/ B (S/NVAE RS, WE— 0 tE dh I8 g /MRt
%, AEHEHE AV

TF

T
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T

X THE TG 2 A LSRR BUE 2 0 RER, TR AR W SIS mR, SKl T
N - 164 - AT — AR 1 T AT R ol Ziad s il 1 /e DB RRSE I R, Ai e 2R
FRMHT IR EGRF ME EE, VMEIME S E ARG R M TR LS 14].

2.4. 812 5 ARG

KA. SRR 2 SEEAAS — SR SR SOk . G RS IR T R SCE DK, TRIETE
A 3 A 4 R R B RS .

SfEgd iz e AN, ARG ZE N L2k 25 JHR B (Knowledge Graph)4&r, SEHLN FH A
FRAE . B EHE S5 NS S S NAFE SHERE . @I 15 SOV s ] OB EE BT, RARE 7R W 4L
TERL “ NAIEIZ 1 28 (Personality Memory Curve)” , SCHREAME B AT AR AL 5 00 B — i # 4
o SYEBFINENZ: KAz Ry R BN SCEAE . s BACZ S KA AALIZ, FERI M ER G 5]

VRN, LI R H B A I R e
o IR WMEEERH S SR B S SRR ITE SO R ML, [ RGREAESS B AT IS YL
TR, P AR SR 2 O R SR ORI -

GG RIS, RGE B B i S5 F i, F AR ARG 115 sl 5 6 REAT IR
2231, T SEEL A K IE L . 5 58H) Memory Networks [10]#1 Persona-Chat [10]/HEL, A7 ¥:4E
WIS RIS SOt ) PR E#E RS . IS 7840 MemGPT [ 1538 K BRIE R AN
FE R R T LLM KHCI2RE 77, PAJ MemO [16] 44772 AT ARERELME T ol § . Al R A9
W), SR E IS RS R BEBEE 1 RS AR JE il o

2.5. ZEREEAESAR—BMHR

Z B ek R G0 (Multi-Agent Systems, MAS) LRI 75 A& FI4E 24 Ab 4t T AR P SE 0P 6 .
AR AR M TAE (L
o ReAct[17]: #&H T “HEEE - 173)” 1, fERRARE T “HHE - PuUT - WE” BIHIHREE DT
* Reflexion [18]: I 1ET HHREHLE], 1EFREAR AR MR H 22 5] 3 B ALK
* CAMEL [19]: #& 7 MamiE 2 EaeE i EEL, HTEDERNHSIT S 2 AEAEE
s
* AutoGen [20]: &Mt T —AgE. G ZARBHELE, SO RTER AN E TAER;
* LangGraph [21]: iHid¥ LLM R @ENE, Sl FRES . 2 RENERMESES], UHERT
i EARIND L SRS B ER B A AL AT 5
4k, Constitutional AT [22 1383 51 N\ BAHf 0 S5 M ZE 78R A RO ReARAT 9, NSEEl AT PR 55 5 A
FEAE ISR Ut T RO, X LRI S AL E AR I — N ZABEPMERESLSE T T B AT S5 o
A&, AR EIES A ES TR — 8 ST A 2.
A NFEAE N A EIMES R AR, 3 A IS 1) 2 & Gtk AL . 5I0E TIEr 2
S WA ITEZ R TR EM AR — OB AR . ASCRIE =208 - tHERE . 3hi
B+ IS ARSI 4 (PMN) 15 213 22 Gt 7 &

3. FEERSGET
3.1. ARG RN

AT KSR i R Gi(Personality Intelligence System, PIS)HIHER L5 #) 5ia 47 3. & 1 fis, &
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GRH 1)Z TREEEM: i\ JZ(Perception Layer). #%:0»Z(Core Layer). it{Z/Z(Memory Layer, PMN). #ij
i 2 (Output Layer). it /Z(Optimization Layer). T1JZilid 5 — M AMRE M E P 5 LT U/IB% /L RAL
MG SHHEIESRE, TERUN “HINBEN— A% AR — P s A il — R ) — B3R (158 B 3R

1) %I\ JZ(Perception Layer)

5T Z AN ShrdEl, O35 BXUITCREL A, B, BEFGRE . ). b
NOCHIE(PT SR S TETTEEE) . I AR R G — ) A ERFAE DL IA AZ O R AR T B

2) %2 JZ(Core Layer)

e RGN OIBRPHK, =B RM R A AABENEELSEERT) =Rl RECRS T
ZEE RS MBTI A (8 5 ESAEFEAREA) . %0025 & N TS 1) 77 4 M 5 476, It
Hid1z st EEE) o

3) id{ZJZ(Memory Layer, PMN)

B AL 12 2% (Personality Memory Network, PMN) Gt —& ¥R A7 AT id 12 (KA1 125 FE & il 41
A, SCRRCIZ O BT 15 ORI S SR R, A — B S L R 4 B S 3

4) #ith Z(Output Layer)

B %0 2 AT N B oy BARTE S5, IF45 G MBTI KIS HIEEAT ARk I —20/E4
JE, WP B NAR W ZE AT R S AR AR, e A UM S B RS

5) fit4tJZ(Optimization Layer)

PRI o) - I SR 2R )2 AT B R, AT J B 2 S i T 17 5 A8 L BT I st AT P I 2
528, R A& KB 5 0 E — B IR R

)z A&z Bz AR IH5T 5] 8 A2 AU IR ARG AL
KANKE)Z
WL RWEERL i swnnz T poryryna N
i i i < HPR ooy
PMN5| % B e B Nl oo B B P i
E""""""""")
A AERA
e e T LY —
N & ) o3
: RIS I g
b R i ;
iR
H :: il ‘rfﬁﬁfﬁ};
MBTIEIEJZ & ok :
SR R B E"‘fﬂ """"""""""
. k. o 5] BT o o o o o o — "‘/:'
7y PR L2 > Bk

Figure 1. System overview of personality intelligence system, PIS
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3.2. LB ZERVBFERIREN A ITE (Core Layer)

3.2.1. XE AME(Big Five Personality Layer)

1) AMsmERR

RGN NG RN H e S i

P(t):[O(t),C(t),E(t),A(t),N(t)]e[O,l]5

Ko (FtE). ¢ (R3it). E (OMIiE). 4 (EAM). N (MER). B, AKIHRE I AMSIEL,
P(t) EZ B HSE B, sh&SWE).

2) BhARALE

N B A ARy TP

AP(t)=afy (R(1))+ B ey (Crx(2))+ 7 f1o (Emo(2))+ S £, (T (1)),

HhZHue LanF:

e R: REEHEENIGEIEE (Relationship Closeness/Trust), KBLAGSH A Z M-SR AEE. &

R HFXFRHFERGRZEE . B S, N RN 2 SR A,

Crx : XFiE1E S (Context), FRAESSRA., FHGHIHE . 15 LU ARIEE T EOE AFSRHEAR,

BIBAE S5 AR 5 SRR TIPE(C), NI S U THAb AR (E) 5 B APE(A).

* Emo: TE4IRA(Emotion), HAA RG] A 548 50E & 11T 11 BURAS Emo(t) (U0 “ &
MU BERT . CEEIRT ). B, mRSEAMAIYEE) I E AYE(A) BT MR PEN) R TR
HAVEA) NRE N LT

o T AT (Time), FoRiFPRAEC0H E/AE . EEIVE S B thds). Fla, FREISTIE
O 54 MAYEE) AT Re ETF, B DT EEO) R THCE R AR R 11 5L

o for AW PR #(Mapping function), KEAIAAE T WU B AR AR M A A], AT I I 2R ) 45 B
DU SR

 a,f.r,0: FETHNE, WEa+f+y+5=1, HTIEHIAFRIES AR ST 58

3.2.2. FHESIEENHI(Dynamic Adjustment Mechanism)

Dk b NFIRZS RERERIE RS, 51N R ZI SR IR A 55
P(t)=clip(B,,, +AP(t)+£(t),0.1), B, =P +n-AP(t)-A-(B-B,,)

base t base
Hoh 2805 Lnr
* n: ¥>]%(Learning Rate), #EHI NI IHEEMBUREL . K, REXMIMNTRIBAES . KHR. 1H5)
() S BTG s 7 BN, D) A% BE AR E H S MR
o A: S FRH(Decay/Regularization Term), K AHOIRZSEIEIELEHIGEEE . A BOKET A R [F] 2152
SERES, HIBRBEIRAN: A BUM ASER TR, A8,
o &(r): WhIi(Stochastic Noise), I T HADL 0 BR B al Bl il A& S0 BRI AME 130
e IR S I Rl = BEVAL R
n=n,+k-Emo+k,-R, A=2A,+k, Stability.

Horp:
o Ny dy: WIEHF R GIEREG
* kl’k25k3: *1@:%%&;
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e Emo: MHI15458 % (Emotion Intensity), 1HZEHGRE, 2],
* R: KZAME(Relation Strength), K RIEE, RIRE T FHFEAM;
o Stability - ¥ $ifa5E Y (Contextual Stability), #RA 2 MU SRR .
R THORIE A REREBE A BN TR, REAEIAOREF — 30t SEOl OB R R “ RN
- feE M P,

3.2.3. Eﬁ&%E(Tripartite Decision Layer)
IR AP S TG, A4 A R NATR(d)s I TR(Ego) 5 HT (Superego) = M T #

1 AR O B AR R

o ARAD): REFIAME SEEIRD), EBREHE. £ ERG DRSS 52 H
W, 3E T i P B S R 5 .

o HIK(Ego): ARIMSLIEN, PrifA SR, EISFA MMELAE . Ry E
Fro PR, & F TS5 5 1) BR) AR RS 1

* Hi3k(Superego): MKIEME I, AWHALSHVESUMELR . HTEE. EEY S EE LI
5o

SRS IEFEHE T T AAOIRES P (¢) SAMEIEEE C(r) , I DUy R SR R e DG SR -
S(t)=arg max  P(s|P(t),C(t)),

se{ld,Ego,Superego}

=

BB HE L
o P(sIP(r): NREREISGH, BTN AT BRI AR . BTG AP AR 51
PR
o P(C(r)]5) s WHIHEARE, SRR RN 0 2N T IE IR, T 1T SCULAR a2
fiit
o P(C(r)): HEBRA— LI, RS R —
S RGEE = R0 TR RS 2 R AS . AR ST RIS, R SIS, iR
BEOMELITR . SERI AN 5 (c) KEF % FJR MBTI A HEE, T4 B & A HE B0 35 517 o

3.2.4. MBTI 3RiAE(MBTI Expression Layer)
MBTI (Myers-Briggs Type Indicator) % {0 & PUANEE . AMET - PIIBI(E/D) &3 - ELSE(S/N) B4k -
THIE(T/F) FIWr - BAI/P). RS T35 58 SRME S (1) W15 F AT VAT KA AL g -
Ry, =Style(MBTI,S(¢),Content),

ﬁ*m&U%TR%%%uﬁ FAT R4 MBTI 4 FERFAE I B A 77 3 LR B S HUE LR
B/ Pl S PR S SRR . B Ml I BURAANC . L) TR AR AT el . Rk
© SN: JUERILMHMGIZR. S iEEBkHs G940 thﬁmém‘T e SUTR
o T/F: HNZHESHERNE, TERRRSHEEGIE; FiEREk %mﬁﬁﬁ
. J/P: ﬁw ER AR T RS, SR P IAJT. IRREZFATRE
FEAE R B RGERAE HT AROIRES P(r) « SR BEK S (¢) A1 MBTI 2627 LLM i_“‘f)\ﬁu‘%ﬁéﬁ(Style
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Prompt), BFHES. 1128, AN GHEDEHEEE. .
o NKE A R ST AMEL(E) HLER RS A B IRA S (Ego), TSR A ARARBR 1415
o ENKEAR A B E(A) B ES iEE F AR U (Superego), WIAE AR AT, ERTEE S
o NS E] B (O) HSRIE N AR AL A (1d), W Fo Vit & S B GG | R 1.
IR AR S TS S X S O FRRHIE— 80 S AS BIRE R BRI I, RG/E KA H
HERFFRTR AN “ ANHERE4 7 .

3.3. IB1IZE: ARBIBIZM4 (Memory Layer, PMN)

1) 251t 5TRRE
NHEICIZ R 4% (Personality Memory Network, PMN) & A& 115 S5 8] 340 O Fh XA e, fh 54—
B, KIS R/FAREELL:
M = {MS’MI’Mr}’

Horp:
o M, : FIH1C1Z(Short-Term Memory), e 4T TG EFUEE BIBMELIRES TS &
 M,: KMid1Z(Long-Term Memory), 17 NASARSCHIRR B FSL. H P mir KHASS H T 58
o M, : RFR/MHENEILIZ(Relational/Knowledge Memory), VAEIZEHITERAEMEH 7 Sk, BN
R [R5 LR R o

PMN i ZHSRHIE RN S E AR I L], SEEUES RS Rk G iz st BB E R
3, KHHAAZPRIE ARG — B, K R EIE S0 CHER S5 iRt . £ RGZEH %, PMN i th iid1z
RSS2 ARIRE P(¢) BREMAZ ST EZ G, A TSR

2) CIZBAE 5 I IR AL

R R B, RETN M ikt 5 4HEW g M mIMEICIZ . 1812305 (Activation) € LT :

Act(M,)=Sim(g,M,)-¢”" -(1-|R, - R,,,|),
Hrp:
* Sim(gq,M,): B XAHPUEE(Semantic Similarity), #&E W g S5iCI250 M, 15 SRR, @ H @I 5
B IRARZABAE

o ¢ IIAEEIRII(Temporal Decay), 7, JYicAZ IUEE 4 i AR (0] 585 B, R[] A 328 52 el 5 5

* |R-R,,|: KAMZi(Relational Distance), SKICIZHI F ISR RIS U AT HRK RAIILRCREE
o (I-|R R, |): KRAMBUEFETF, TS 4700 RREMIEIZ.

3) h’%[(ﬁfi 15 NIEREE

Y EE AR IR S, A A DA RR T A T AT AL I R

© & EH %2 (Explicit Update Path): 1C1Z B2 5 NS H B UHRL, 451 re o 0 B e oA R
ST Il oRiS GIEIEE

@ K252 % 2 (Implicit Influence Path): 1042 DAUE BRI . A0 {H i i 55 TR T S E2 0 RS0
B E AU PSR A ] o

AL Ok R BEREAE LI RIE WIS, X ReE KR A R e M 5IE T

4) LI S HLH]

NPTIECZIZIR ST, RGERIE T ] 5O M Zh RS KME . 2 Act(M,) <0, M, 812
B S EEN; HFACIAE 2 A BE RSO, D'J%@’%Hﬂ%w FERRA IR M. E?ﬁﬂ)ﬂJﬂﬂF

DOI: 10.12677/etis.2025.25030 313 AN AR E5HEE RS


https://doi.org/10.12677/etis.2025.25030

a)it+l — a):t +1, ~(ACt(M,')_90Vg)’

Hrbp, RCMZEER, 0, N TEIBEERE. XMERSREW B IR TICIZ8E, AR P ZRD I
MBI AASIEAZHIZE” (Personality Memory Curve).

5) gk

PMN I “38 SCMAARE - B[R 3298 - S RULEL” (1) =4ENLHI SLIic 1280, Ir4s 6 R NS R
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Fii e 24T B B 515 AL .
34. MR —BUE#EES NAEEFI(Output Layer)
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fan th 2 B AR ORBE SR GEAE O S I REAE T SC L 1 RO 4R B ORFF— Btk . AE40 A& 2285 Core
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L,: NK&—EMEA5 2k (Personality Consistency Loss), 7524 s B A9 A% 7] B 5 2 /T ARSRES P(r)
(AR LIRS s
L, : % S%E BT % (Semantic Coherence Loss), F TG EIS 5 bR SCiE SR — 8l
L,: 1HEULHCH % (Emotional Alignment Loss), #fi rfr Hi 1 25 5 FH 7 24101 25 8058 B H ARULRL s
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I 2t 2 SR Eh XA L LS R TR O

Ry, =Style(MBTI, P(1),S(t),Crx(t)),

Horb Ry WREHHISOR, REL Style () 235 NSHRHIE 515 RS TR, WEIES. R 5HER, (Hh
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3.5. LB WEHS ARSEH B (Optimization Layer)

1) Wit g

Pede /@it “AE4k - B2k XU FELE], SCIAMOIRES I Fr 8k 5SS diRe. RAELHY
RS P I SR EE S, FH DA TR E A AR 2k, Sl I B AL .

2) 1ALk (Short-Term Loop)

TEZ6A 4k (Online Adaptation) & 4E7E SER MHEIEFE A o A TE IR AER R = TR, BIERIR A
Mm% o SEEI AR

[ \

DOI: 10.12677/etis.2025.25030 314 MAREAR GRS


https://doi.org/10.12677/etis.2025.25030

P =Py (Fuy (1) 4 Eyy (1)),
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2) 1812 JZ(Memory Layer)H L5 i 3 1A 0 -5 185 1S 4%

3) i th/Z(Output Layer)if i — E it 4 € TR 7 A FRE 5
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4.1. ERENSERERME

A SCHE N BE R G (PIS)H L B2 i ) A H 5 N TR RR BE IR FE R &, FTH 7 A& 4N
AR AR TAESS SR fvE X 8 51 N KB AMEALAY (Big Five) [8]. 3fi& i —FK BE 18 (Tripartite Per-
sonality Theory)5 MBTI & iAf% A (MBTI Expression Model), PIS SZHL T AAERR . 47 R 518 5 XU
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YERE— BN R S 15 IR A5

TEL PRI, AW “ NARBIR TSR R0 7 45t g AR 1] [2]: ARSI Nt E L 53
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PIS 7E T b % XU 38 A AL WL (Dual-Temporal Optimization), K#7E £k H 3% M (Online Adaptation) 5
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NHEERERGLPIS) W T2 B T 24> 7 B 158 T 5515 IR B g 14 UK
o EAHBSOEEEE: AR B SEEIEHLE, A RMEE AR ATEBIIEE .
o BBEHESMELHCE: R AE NSRS SR E IS SIS, RT3 525K,
o BIRSS S M RAMEAL: FEAR T A7 s TP YRR E B AR AR SRS, SR P S AR
o CDHEMEREEWSCRE: B A SESEEHBOE TR, SEIARMR NG WIS SRR S 5
2) PPAEHESEY
SREARSCOBE I S RGN, EHARERERA SRV TN Z LEZ VRl HEF R DA =28

DOI: 10.12677/etis.2025.25030 316 MAREAR GRS


https://doi.org/10.12677/etis.2025.25030

Tabs:
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A AEH
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Hrp D, FoRm NI R RZIE S, HUEBOCER R A BER E o

@ 1HEILNY 5 H SR F5 bR (Empathy and Naturalness Metrics) [9] [10]: 3&T A EMIESr, FHgikm
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ASCHEH T —FpdE T = 2O B2 ) A B8 2R St (Personality Intelligence System, PIS), B 742
B MG — 2 BERRESKHBEAGE M ANTERE. R “RKRANE - =K - MBTI” AL
HARHESE, SCHL T MK E S TR SR B XUk IR I A TR v S A

TEFERZ 10, PIS $& i T 8h#E 7 &5 (Static-Dynamic Separation)-5 XU 35 £t 4L ALl (Dual-Temporal Opti-
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