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Abstract

Against the backdrop of the digital economy, the scale and complexity of financial data continue to
expand. Traditional auditing methods, which primarily rely on sampling checks and manual judgment,
have gradually revealed limitations in audit coverage, timeliness of risk identification, and resource
allocation efficiency. From the perspective of audit supervision functions, this paper investigates the
mechanisms through which the integration of artificial intelligence into audit processes impacts audit
effectiveness. Employing a case-based quasi-experimental research design, this study selects the in-
ternal audit departments of two large enterprises that have adopted Al audit tools. Data were col-
lected from 36 financial audit projects conducted over the three-year period from 2022 to 2024, ex-
amining aspects such as audit cycle duration, sample coverage rate, anomaly identification accuracy,
and proportion of manual working hours. The findings indicate that artificial intelligence, through
full-sample analysis, intelligent risk assessment, and anomaly detection, significantly enhances au-
dit efficiency and risk identification capabilities. However, its effectiveness relies on auditors’ pro-
fessional judgment and human-machine collaboration. From an auditing perspective, this paper an-
alyzes the boundaries of Al application, concluding that Al should only serve as a decision aid; final
conclusions must undergo manual review before being admissible as audit evidence. The research
results provide empirical evidence and theoretical foundations for the standardized application of
intelligent auditing and the adaptive improvement of auditing standards.
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