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Abstract

Under the development of Internet finance and data mining technology, the use of machine learn-
ing algorithms in the traditional financial field and P2P platform field is of great significance to
reduce the default risk of borrowers and ensure the good operation of financial industry and P2P
platform. This paper uses the loan data of Australia P2P platform, compares with CatBoost algo-
rithm and traditional machine learning algorithm, and uses AUC value and accuracy as evaluation
standard. Empirical research shows that CatBoost algorithm is superior to traditional machine
learning algorithm in credit scoring and can achieve better accuracy.
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Table 1. List of main parameters

=1 ETESHR

ZH A ZHE X
learning_rate E kS
depth W R
12_leaf reg IENk %
loss_function EIENER
one_hot_max_size Xof 5L L6 AR £ 1 1T one-hotdhi i5
leaf_estimation_method IERRIERITTVE, Bh AN
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AR HFAFE P2P “F-£ Ratesetter B P%dE. #1021 2018 4£ 9 A 30 H, 8 KV Ratersetter &
W _EAAR T 26,948 255 B s, HrP ARAZHARR A 1142, C5EubRIKA 10,451, IELERZIA 15,391, 4
N ESERGETRIT) 10,451 80 AR 1200 AR AEZIN 1132 EdE1E N E M TR AL SR, WARE
P2P Bl 12 MFIEA R, 6 AN NaIAEHE, 6 AMNNEMERAE . BARGHRAIAS RN 2 frr.

Table 2. Introduction to the characteristics of the P2P data set
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3) M k 58 A I R AT AR R 1, BB A k3 A R K TR an HE 1l e o k
NBEG T £ KA TEPESE k-1 D TEERNSGSE, D TEERNNRE. k e Xk
XA TN — I GREE , B4 kIR, A SCHEAT 50 * 5 A8 XAG G, it JR 4 it BE LRI 2> 50 %,
FEUCGHAT 5 P18 KGR, Bl IR A I $0L A o {8 Sklearn P (S RE I EHL, A EIH, BEHLARAR, GBDT
A1 Yandex FFJE ¥ CatBoost i#E47 5555 . CatBoost 1% 5 1) Z4N

learning_rate: 0.01; depth: 6; 12_leaf reg: 2; Interations:1000.

3.3. LRITM
AICEL AUC {EANAERGZAE R PRI bRt . X T/ 70 28 A8, J5UUR2E DY positive. negative, 702K)5
BTSSR, FHIH(TP), PhBH(FP), EEA(TN), PBA(FN). ROC 7 [E]R: O BH L2 (FPR) € SN X i,
FFATER(TPR)E XN Y #ill. AUC 3 ROC 2k PR, —f AUC ¥J7E 0.5 1| 1 22 Ja], AUC i, #
BAIX 5 fe 1 o ERTH R AW R
TPR=TP/(TP+FN)
FPR=FP/(FP+TN)

SEES R S5 R a0k 3 FuR, ROC &k anfsl 1 From. A& 3 Brf LA i, CatBoost %1 AUC {A.
HERf AR T oAb LA 22 2] 59, VLW CatBoost 5y A8 05 32 w15 FH @ W T #ER X . CatBoost Bkl S
O & RESLBLL TS (T SR, @ik} CatBoost Hik S EUIR AL BEBS i — B ¥t P2P - & 115 Fid@ i
TR HER R

Table 3. Comparison of modeling results
2 3. HEBIGERNTEE

PRAtbRE SR A BEALARA GBDT CatBoost i Z1fCatBoost
AUC 0.8296 0.8741 0.8817 0.8871 0.8928 0.8941

HERf 2R 0.7921 0.8115 0.8054 0.8141 0.8214 0.8233
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Figure 1. Comparison of ROC curve
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FEAME G LA 5 ) BR AR B, SCRemENL, BEVLARMR, B RESETH(GBDT) B A5 H @
B, iz A Roc #14k, AUC M, HERZAERATEMARiE, 31T 50 * 5 28 XA IG 115 S50 45 R B U7,
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