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Abstract

Because high-resolution remote sensing image data can provide more detailed and accurate sur-
face classification information, it has become one of the main data sources of land use change re-
search. In this paper, the remote sensing image with spatial resolution of 15 m is used as the data
source, and the texture feature sequence of high resolution remote sensing image is obtained by
mathematical morphology. The decision tree classification is made, and the image classification
information is obtained before and after land use change. Land use change analysis was carried
out by comparative method. The experimental results show that the proposed algorithm is effec-
tive and provides the basis for more practical research on the change detection.
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Figure 1. Technical roadmap
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Figure 2. High-resolution remote sensing images. (a) 2013; (b) 2015
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Figure 3. Decision tree classification results. (a) Partial texture image in 2013; (b) Partial texture image in 2015
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Figure 4. Decision tree classification results. (a) 2013 classification results; (b) 2015 classification results
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Confusion Matrix: B2013 4 =3t I Fi 43 25(5¢ 1)

Overall Accuracy = (1728/1761) 98.1261%
Kappa Coefficient = 0.9812

Confusion Matrix: B2015 4 3t I Fi 43 25(5 2)

Overall Accuracy = (2445/2503) 97.6828%
Kappa Coefficient = 0.9768
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Table 1. 2013 confusion matrix
52 1. 2013 BB 5EM

Class Fidh B A & ik PN TR
Eiith 137 1 1 5 0 0 96.5%
Mt 0 366 0 0 0 0 99.7%
44 1 0 659 10 0 0 98.2%
8% 4 0 11 376 0 0 96.2%
Vb 0 0 0 0 146 0 100%
KA 0 0 0 0 0 44 100%
it 142 367 671 391 146 44 98.43%

Table 2. 2015 confusion matrix
52 2. 2015 ;BB 5EM

Class Hiith it IS T# % ith KA TR
iith 498 12 0 0 0 0 99.4%
Hrith 2 297 2 6 0 0 95.8%
A 1 1 1120 17 0 0 98.3%
B 0 0 17 345 0 0 93.8%
Wi 0 0 0 0 148 0 100%
KA 0 0 0 0 0 37 100%
it 501 310 1139 368 148 37 97.88%
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Figure 5. Category change map
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3. TFEBUGRTHR
2013 A s "
2015 ~_ il b 1t SRS Vo IKAE

i 9358 4015 6712 1927 578 67
B 7061 15584 3721 1603 1479 283
1t 3130 3437 35108 4796 278 157
B % 1798 1017 3971 1944 42 82
g 407 5917 435 212 1387 198
PICEN 51 16 597 8 0 604

Giitah B IR, SLG X 02 340X347 (G, SE4 117,980 AME 2 i, H A AR 4% 3 05 MU 53,995,
A F 2 45.77%, RN 63,985, RAL A 2 54.23% . R 1 EE KR 2013 4E1K 28742 4k 1) 2015
BN IMG Z AN, RO 2R U R I A IR oy o R R AT LA S H LR (1 AR (28, A
P REGE . 550, o] DLEDE R BB AL (K 7 RAH T BT,

4, gEip

BT HER I R 4 ST 045 31 TRS BER S 1) 70 R IR, I T AS 2 IR U R D7 VR AR K PRI T
BRI RS, 45 21 SO B B 2 TR 20 2RI EK, MR AR IR (i 1 R 4 IR LAl

MR R G, S HE BRSNS ARt i, LA N R Rb BT R A, R
o = b AR b A oA 1 R K0

ZFh R 4 SR TR IR AFAEA R I 7, JUHRIUAE N TR B GRFE A P R IR 22, 45 S
% NIk, sERE R RS, SERAEH

R FH AR A I S 58 AT LA R — A s AR AR A ARYE AR AT I B 45 B nT G R AR
UM B AR R 28 A8, AT USRS R AR A ZE, vl DA B PR R AR AR A . 5 T 1k
SR IAE LR R ARSI P R AR R ARG 22, SR AR DX e R AR )/ DA T AT 23— s A

I X AR ARSI 4 77 3 T ARSIt P A DA AR A, Lo an =S8, AR fb e 4 =28 — 1 x 100
+ FT <10+ FEEH x 1, DASRSSHE.



TiEH %

3
B kA [ LAsEs
[ RIS
[ EEES AN I
C wackew [l keum
0 zwcktw O sHbEm
Bl 2wy [ BB

Figure 7. Major change detection chart
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