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Abstract

With the development and extensive application of LiDAR technology, the classification of ground
objects and scene understanding of point cloud data have become the current research hotspot.
Due to over-segmentation or under-segmentation inevitable in the process of machine learning to
extract local features, there are local errors in the classification results. Aiming at this phenome-
non, the method of cutting the front background image is introduced in the study. Through the ac-
tual laser scanning point cloud data classification experiment, the fine optimized classification
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results are obtained; the original classification accuracy is improved and the effectiveness of the
method is verified.
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Figure 1. S-T diagram: S represents foreground object node, T represents background node. The thickness of the edge is re-
lated to its weight, and the dotted line is used to separate the foreground and background points
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Table 1. Weights of different sides in Figure 1
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Figure 2. Cut is used for precise classification of point clouds
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Figure 3. Pre-background cutting of the power tower and its surrounding points: (a) The initial classification results of point
cloud obtained by using JointBoost and local features; (b) The foreground seed points are orange, the background seed points
are green, and the black points are points on unreliable objects; (c) Segmentation results
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Figure 4. Segmentation results of objects of other categories except ground points in the first region. In the figure, different
colors represent the foreground object points after segmentation, while black represents the background points
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Figure 5. Extraction results of foreground object
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