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Abstract

With the continuous development of remote sensing technology, the ground object information
contained in remote sensing image data is more and more abundant, so it is widely used in various
fields such as land information change, disaster detection, and environmental assessment. As one
of the main surface features and the main place for human activities, buildings are closely related
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to population and economy, and are widely used in urban planning, smart city construction and
other aspects. However, traditional building extraction methods are time-consuming and labor-
intensive, so the use of deep learning methods based on convolutional neural networks has be-
come the mainstream method for remote sensing image processing. In this paper, after referring
to the literature on building extraction methods at home and abroad, the network model of Un-
et++ is used to extract buildings, and the extraction results are evaluated according to the three
accuracy indicators of IoU, kappa coefficient and F1.
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Figure 1. Unet++ network model structure
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Figure 2. Comparison of the original image of the building and the extracted image
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Figure 3. The comparison between the original image and the extraction results of the three network models
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Table 1. The accuracy evaluation of the extraction results of the three network models
F 1. EAMEIEBUR G RAVE BTN

kappa Z %L loU F1
Unet++ 0.9324 0.8702 0.9206
Vgg 0.8456 0.8085 0.8762
Unet 0.8105 0.7061 0.8277
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