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Abstract

COVID-19 is an epidemic infectious disease that is breaking out in countries all over the world.
With the gradual increase of the number of cases, the pressure of doctors is increasing, and the
deepening research and continuous development of artificial intelligence, experts and scholars at
home and abroad are also committed to applying computer-aided detection and diagnosis to the
research of medical imaging, and the application scope in medicine is gradually expanding. In or-
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der to alleviate the doctors’ diagnosis of confirmed cases, this paper uses YOLOv5 to mark the CT
images of patients to assist doctors in diagnosis. The experiment proved that the YOLOvV5 algo-
rithm can effectively judge the COVID-19 disease and normal lungs, and effectively and accurately
predict the experimental results. After 30 rounds of data detection, the predicted mAP_0.5
reached 99.5%, and mAP_0.05:0.95 reached 99.1%. The use of YOLOv5 computer-aided medical
testing will help to improve the accurate and rapid detection of COVID-19.
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N 1) Mosaic ZdE 358 FIERIHHETT 5. B G R A 4RT805AE . Focus 2544 CSP 4544 SPP 2544
FPN + PAN 4544, GIOU_Loss [10] [11]%%.

Table 1. YOLOV1-v5 relationship and performance table
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Figure 1. Image transformation in data enhancement
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Figure 2. Backbone structure diagram
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Figure 3. YOLOV5 detail structure diagram
3. YOLOV5 4HT5£EHE

4, ST ERERDR
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SLIGIRIEACE N SLHFABE: cpu: i7-11700h, GPU: nvidia RTX 3060(12G), python J%: pytorch,
matplotlib.

DOI: 10.12677/hjbm.2022.124033 275 AW 2


https://doi.org/10.12677/hjbm.2022.124033

SR %

4.2. TR IEHR
sG-S mAP (mean Average Precision) B[ #2551 AP (Average Precision) )P {8, Rffif AN SLI6 5
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Figure 4. Manual annotation
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Figure 5. YOLOVS5 training result chart
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Figure 6. Test result chart
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