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Abstract

Due to the rapid onset, progression, and poor prognosis of hemorrhagic stroke, it has brought a
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heavy burden to patients and their families in society, and has attracted widespread clinical atten-
tion in recent years. Hemorrhagic stroke mainly involves the occurrence and development of hema-
toma dilation and perihematoma edema. Early detection and effective prevention and treatment
measures are of great significance for patient treatment and improving prognosis. This question
analyzes and models clinical diagnosis data of hemorrhagic stroke at different stages, and compares
the best fitting model using clustering algorithms and random forest methods.
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Table 2. Time of hematoma dilation
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Figure 1. Segmented linear fitting plot of some patients
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Table 3. Calculation results
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Figure 2. Time of hematoma expansion in patient sub052
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Figure 3. The rate of change in HB volume over time for four patients
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Figure 5. The principle of SVM
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Figure 6. Stacking fusion model framework
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Figure 7. Relevant performance chart
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