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Abstract

Health is a good important indicator of people’s living standard, but how to quickly evaluate
health level based on physiological index is the core issue of concern for medical wisdom. Due to
redundancy characteristics between various physiological indicators to determine, it's important
to analyze the properties for physical test indexes. Rough Set has a strong processing capacity, in
terms of knowledge discovery. This paper based on Rough Set of Fuzzy data processing method,
puts forward a kind of Fuzzy Rough Set reduction algorithm; this algorithm can implement rapid
assessment to the health using physical testing data. At the same time due to the use of Fuzzy
theory, the result is more suitable for people to accept, and can reflect the probability characteris-
tics in nature of the data. The simulation analysis of actual data can be found that the algorithm
has a high recognition accuracy in the rapid assessment of health.
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Figure 1. The framework of knowledge ac-
quisition based on fuzzy rough set
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Figure 2. The flow chart of a single blurred
attribute based on FCM
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Figure 3. The flow chart of conditional entropy attribute
reduction algorithm based on the fuzzy rough set
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Figure 4. SAR recognition process based on the fuzzy
rough set
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Figure 5. The incompatible degrees of breast cancer deci-
sion table under different number of category ¢
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