Hans Journal of Data Mining H(3E#5#, 2016, 6(1), 28-36 Hans :‘,Xmi
Published Online January 2016 in Hans. http://www.hanspub.org/journal/hjdm
http://dx.doi.org/10.12677/hjdm.2016.61004

Research on Telecom Customer Churn
Prediction Based on Customer Value
Classification in 3G Environment

Lin Xu, Zhiguo Zhu*, Huilu Li, Min Li

School of Management Science and Engineering, Dongbei University of Finance and Economics, Dalian Liaoning
Email: “zhuzg0628@126.com

Received: Dec. 27", 2015; accepted: Jan. 11", 2016; published: Jan. 14", 2016

Copyright © 2016 by authors and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY).
http://creativecommons.org/licenses/by/4.0/

Abstract

Telecom operators are facing an urgent problem of telecom customer churn that should be solved
as soon as possible. This paper, according to the three-month average customer consumption, di-
vides the levels of customer value, comprehensively uses decision tree algorithm and clustering
algorithm modeling of data mining, introduces confusion matrix model for model evaluation, and
uses the model output rules set for targeted customers’ maintaining marketing, so as to reduce
customer churn, improve the efficiency of marketing, and enhance the core competitiveness of
telecom operators in 3G environment.
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Figure 1. Summary data
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Figure 2. Data table classification
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Figure 3. Customer churn prediction model and churn customer clustering model flow chart
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Table 3. Forecast confusion matrix of C5.0-low value customers
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