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Abstract

In this paper, the entity resolution set similarity connection problem with overlapping set con-
straints is studied. Given two sets whose elements are sets of sets and a constant ¢, find all sets
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that share at least c common elements in the data set. This problem is a fundamental operation in
many fields such as information retrieval, data mining, and entity resolution. Existing methods are

limited by 0(n?), where n is the total size of the dataset. This paper presents a set size awareness
1 1

algorithm with O(nz_ckzcj complexity. The set size sensing algorithm divides all sets into large

sets and small sets according to the set size and processes them separately. In this paper, the ex-
isting methods are used to deal with large sets. For small sets, a centralized heuristic algorithm is
proposed to improve the algorithm performance. Since the size boundary of large sets and small
sets is very important for efficiency, this paper also proposes an effective size boundary selection
method to select the appropriate size boundary. Experimental results on real data sets demon-
strate the effectiveness of the proposed method.
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ST AR LA SEARAE R SRR 1) BT S5 2 —, W TREACRANECE A 2 @ MM Sefd, FRATAT Do
A WA T T SR O — N (R PRI S, SR B A AR I B R R A U e R[], X
—3K, IR WA B AR AL SR T BRI S T AR AL S AR

BHESARMESHUNEERE, SEm MRG0 FEES)M—NEE e, RBEPFTFILE
F e NAFITTREIIESRT, FATT LA ZAT ¢ MA IR IE AT Z R AL .

Y E— R, HH A SO S Z AR, TR, AT LSRG — A A i SRS
VR 22 1A iR NASE 38 ) — o B i) R B B SO B, B G 2 TR B 2 ST IO B GloVe [2]F1 Word2Vec
[3] VA B 3k T 28 B B0 R PR 7R HAL [41F0 PPMI [5]. 55 HE M0 HE 35 mT DL Ayaok s 7 g 7 #p 3] JL
FERE, BRI SRR 1) SRS O R SCRY AR B /MR Ak, HEFE RG[6] 4 1 F 2 AR
PRHERE, LASRAT S I 103 B B R A4

FEREB T, A7 MR R, BRI s R A I A, IR O IaI Y sk, o
nSRHHEE SN

A J7[7] [8] [O1FIFH i R STV REE F R o SR, ANEMAE, B X e vk 7 588 52 31
O(n?) PRI, BRI 3 5 52 7 (I oy 38— RERERE

KREMIE T HAESLWRE G AU . 458 AN EA & —NEE e, fEEURAE IR R D3
Z e ANAHITTRMTAEEN o %N B E WEARIZIE . 15 EA R FINLA Y o) 5518 2 U1 L AR
LA J7 VR I R 2 BE AT O(n), n R FTA LA TSR/ EARZ R T —FoANERmE S, HE
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Pex o NGRS . A FONMESTRI T UM G RS, REEREHATESR, T RES
HANEG ZIRIHRND T TR B REE, FIEARE IR 7 — MR NE TG T A&
(¥ 3= DTk T

AEWI T AEAEERLORT RS HOEERRE, il 7 — MRS KD RSFERSEE, Bira%
BERANKEGENES, AT, X T AMEGIATMEAAIG KANA ¢ K74, JFEiED I
EANRNR ¢ ITHRMESERNER. N T8/ NMESHEEANDL IR ¢ 748, BATERIT T
PIRIICALTT 58 o AT X R/NE SR BRI IL S, 3R I T — Mo R T7 3ok SRR L R RS IA 5
S 45 RAUEW]Z 10 SR BRI

2. [BIRAENX

AN EER EBESUAWE e, HPEAREHEG S ATHILRIAEKS

fth: {(R,S)|(R,S")eRxS, H|R' nS|>c}

HEPMA TR NEANEA RS S, HEEHE Co XEMWE C &L TRAMUUIRE. i
FORINFTTE R x S 23 Ml R B HTA MDA Ak (R, S7) . Hork R SURAAMAIG . 3 FON 1 3 T RAUE I
REFEIX BLE S AR — A NES R 5SS FIRIUNIEE ¢ FRN c-subset. JE T PIAE AL HAL
LA AMER K c-subseto X RIURSEBAIAEHTAY c-subset Fgrfilikas], Btz
& c-subset MRS, FHIKUOBIIR AR MEFER ORI SERL R . WA TR AHEERFINEEXT,
BIAIEAET AL c-subset IUSEEXT. (HRXFIFECGER T/ MRS, BN S Bf b
By c-subset. 53— s, KA HIBEMARERN, FIRADG RIS R MR K7

TGS A AT 244 5

R={R.,R,,Rs}

R1:{e1:ez}’ Rzz{epea:euee}’ R3:{62195’e7}
S:{Sl,Sz},

Slz{ez’esves}’ 52:{91192'(54’95'96'67!68}

2 s =

MEHRCc=2

MBS EES R, SICERN R NS, | = 2 1A RAT SAHL

RxS ={(R.S,),(Ry,5,).(Ry. 8, ) (Ri. S, ). (R, S, ) (Ry, S, )} Fe AT HIALAE A 3 A (R, S) » (R.LS,) »
(Ry,S,) » (Rq,S,) s DRILA HH A4 R INZ A IX USR8

BJIIT BB R x R ARSI T SR T B30 K B IR R = A O(n?) -

3. FAKNBAEZE
31 HEFERE

1) R KSR E TR AT R, IRAEAAT TR IR TR 2 KB & R BURINE & Ry 3B E L ST X,
KREGUNEGIDRT x RS, MEGNESKIT x MEE R x R EHRRBEELI TN R *
R 5 Ry X Reo (Rs x R AR B EE R x R b, JU2 4 i J AR, BRI AR A ) .

2) XF R xR, ATLLCRAEUA AT B, R R R, B KRS S s —
MNTEER R, FHEF R B -AMES, BEEETR AR, BRNMET >c.

3) X T Ry x Ry, AEEA c-subset FESLEIHER 5] L[r]. XFAESRS LT MENAFEEEHBE DL
A~ c-subset T4, T EAHRAEBIME co A L [r]7 AN [F) G4 i 2H B I 8 0) s /2 AR UL U ¢

DOI: 10.12677/hjdm.2023.132011 109 EAGIEEraE


https://doi.org/10.12677/hjdm.2023.132011

3.2. BIKIESR

Input: %4 R={R,R,,-+,R,}, EEH&Ec
Output: A={(R,R)I|R "R|>c|
D x = Get Size Boundary (R, ¢) /& RES H/MNES Z A b
@ MK x K R TR N RES RAVNMES R, WIMHLA=¢
® foreach KA RieR, do
for each RjeR do
If |RAR|>c
# <Ri, Rj> TN AP T REGEHERIHER
@ for each /MEH RjeR do
for each R; [f°K/NA ¢ 74 rdo
¥ RyAENZN LI T INMEG X c- TR EIHER 51
® for each L[r] do
B LINFARESHREASHIIAN A F
® return A

ZEIERAE T R x RERABEMBIPA TR, MT Ry x REE, XM THAEZEMANES Ry R,
i ARARERAE ¢ MMRATHIAZ SRR T4 T o0 BB — T8, r /N A ¢, MIAA Ry R I7E
LLr]ehs 0 LI A AN ES Ry Ry 1, WIBEH Ry Ry A SR &0 — A c-subset, K |R, AR, [>¢ .
AT AR 4518 R x ROBERZ SR BVNES TP ITA T 2 R F IR S X TR 226 LRI Ry x Ry &R &
LA S R xR 24, bl Ry x R Ry x Ry L& T4 T figs(n], Klub— e et A A . X
REBEANFEINELL, AP e AGRIR I 7 TR A BT IR EAL BL R R 7 T 5 XA E

Table 1. Data set R

F 1 BIEER
id Set Size
Ry {e1 2 €3 €4} 4
R2 {e1, e s, €6} 4
Rs Rs {e2 €3, €5, €7} 4
Ry {e1, &, &5, €7} 4
Rs {e4, &, €7} 3
Re {e2 3, &4, €5, €6, €7, €5} 7
Ri Rs {es, €9, €10, €11, €12, 13, €14, €15} 8
Rs {es, €, €10, €11, €12, €13, €14, €16} 8
Table 2. Ry X R
F2.RXR
R, R, Rs R: R& Rs R+ R
Re 3 3 4 4 3 / / /
R; 0 0 0 0 0 1 / /
Rg 0 0 0 0 0 1 7 /
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Al A LR SRR R, IR ¢ v 2, R/NASE x O B RIEA/NLT x AT &S
R R RES S NES, BEIR ={R, R, Ry, R, R} LI R ={R;,R; Ry} o S HIATE M2 R xR 1
FIFTASEAXS, TR BN NEAT HHEAA BN R WL 2 P, FHEBRE ¢ KF0H (R,R;)
(Ry\Rs) (ReuRs) (RisRs) (Re:Re) (Ry,Ry) o AREIRATA/NES U 4R BN FT A K/ 2 I TR FIHER
3lo ZBHER SN 3 B, BRG] L{ee AP NMES RS Ry, ARIEIZEIHESIRBATAT LA 2 AHALL
SRR, )« LI EE M BIHES R L{eies}L{eiesL{ees} - S5 3RAARMIRT .

Table 3. The c-subset inverted index for small sets
2 3. INES c-subset FlHEZES|

€16, €183 €164 €165 €165 €187 €263 €284 €265 €86 €267 €384 €365 €365 €387 €465 €486 €467 €5 €567 €67

Re v v Y N N
R, VAR N J
Rs J J J J J J

B RN SRR 73 KON B RBCRIE: DA T8 TP TR EIHER S 1. SMEHIER
[l &R R[]Ik, Horh|I[e]dR R EHEAI R MK . FIIA T2 O(I[e] )R H &5 HE41
® [e]lo AMEEEINERE LT, FOBIA n R, HREGHNEEHIRERT X, TbRES
R AN n/x Ao BIREE A T EIHE R K LI Ttk 2 9 nixe M, BUANES IR/ B R
il, BTLAVNEA R Z AT LU BIHEFI R K B TTER A n, AT S BOM [R5 2% O(n). X il & IA 7 i
FAENMES AT, HEBRINERES EIATIA IMER R .

3.3. IMNRAEREZEHZNMRK

B tg— N NEG T c-subset AT ER, JUHR M/ NESHA KRR MR, XT84
INES, KNI TR BT c-subset T4 r A e B I RHER 5] LI T EE e R W
= LINABFR—IES, WEEMG/NMIEESH RBI—R, TATAT DLk A Bee H3RE — T B
A TR A R RS TEHEER B, OAME— B LI AN RE = AR AT T 45 2R

T A7 15 K S ME— 1) c-subset T4, [H ik G @i At A T A2 B L[r AR EE 2 I AnTE 72 3 i A 1 1 ege34
€184+ €187 55 c-subset. ARATTERIEME— 1) c-subset, PRI EA SABAT. KX — itk dr 4 4 Heapskip.

A BBk c-subset FI5 AN :

T JeXt AR NE G T c-subset BEAT— N AR BT o FRATT4Z BT 4 7 SR U7 1] c-subset, R
/NI AT 1A c-subset 7R min-subset. /N HE H R SR BT e /ME min-subset. &R JCGE T HETZRS
—ANMFT /N c-subset 24 1, BE roRE/AMES R, W BB r ZIERIMETUTE, Wl LERR AN
K H Ry 11 RAR £E4H 5 /MP) c-subset.

R 1) c-subset £E& rifEr<r'<r, o HT K T R\R HH/MH c-subset, Ptk R\Rg 1 —E AT
TR Ry 18 ReBLE 1, BIMRIA ry=r N/ c-subset. MM rF4E & L FHEEHER S, BN
Hb AT S EA R AL HIEE X .

HIL, BEARENMEAT c-subset M RATHET 1, FRATATCAZE R =48R, HLEIR FEE—
A CARNT” i e- T rg, BN H, Bk r Al rs Z [ ATA c-subset.

BATRRACER 7 22 BRME— 1) c-subset I 2 Br# TUAR 1) c-subset. FATHE X — Ak fir 4 4 HeapDedup.
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BT T

Input: Rg: FrA/NEGHIES: ¢ W&, SEMLIRAIWFRE
Output: F&fRifEHEZR 5] L
@ Fix a global order for all the elements in Rg;
@ Insert all the min-subsets of small sets to a heap H;
® WhileH#¢
it min =H FETUCE, MR min. 53] min FRIE R, K R DA L[min]H .
top AMIER min 2 J5 RIETUT &R
if top # min then
for each R; in L[min] do
X R AT R, B R HEE— >top 1 c-subset, FfiAHH
else

continue

@ return L

X R A /NEG TR TR e BT 2 mbR T (br SNSRI, BENLAE R TER), #5570,
WA ZIeE “F/AN7, [FRF X RS 8E RGN “ RN RR” - SES Ry, Ry B R “H
AN (BRT)IITEEREE Ry “le /N IJGER “BE/N7, WU Ry /NT Ry, #AHSE, MILLER “IR/N TG« « +5
P, KRN NES T c-subset L BRIXFR “ KANK R HEATHEE

XTEANES, BEANMEER “HB/N (KIEFR5)1 c-subset 2 Hi SR E 7 — AN /ME H, AHER)
A LSRR BB — N NES Ri

P ZARA ) T BRI T T i AR

Ln]eLrn], W rZTURE, BEA L= A R G 3 — e O AL L] Mg S .

@XF T r M L[], % o8 R\L[r]IIEE G min-subset, NI#&E: rn<r<r, &S r Z2ILRTN. H%
r R L[] R A TFEA csubset, FHIRIA r;=ro IR L[r]n(RO\L[G])=¢ S TE RAL[r] i f7 7E5E
A RATHES r, HOWH, RME LT, FE. NfL[rlcL[n], r2IIR1.

FHRIGIAS 25 min = top, EL#% continue SZ3H lazy Ab¥E, ifi R JGEEUDK top ATfE4E A R'IIA L[min]
H

RERIGIAIS 35 min #top, T top A& 2471 min-subset, S A R HE:

@ top N RAL[MIn] ) min-subset. M F 1 15381, FrAALF min A top 2 (A c-FAE AR & TUAR N,
A LAk .

@ top A L[min] 45/ c-subset (B min 2. 4k), % r A RA\L[Min]f¥) min-subset, 4 r KF%F top.
WAL T min Rl r Z B AT A c-subset #RE AR, (H T r K%, AT A A top, KA top /NF25F 1,
WA min A top Z 8] c-subset #B A2 LA

T ], min F top Z A c-FARER IR, WA T Lmin]H AN ESHFH -0 R
EE AN KT T top 1 c-subset, FHAEIME H o, BHIBLLTTRFEBGL . RN BT min = top B lazy
REFE, FRATTAE min # top I (AL B4 LImin] b —H&E S ERE, 68 7 Heapskip TR
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3.4. BR X BikF

AR x KA R S ROM 1SR, SRR BIREE R x LURLMLRAS

@ BAHEAMES R x R EOBHEIS A0 . BP0k S A ST 2, T AT LLE 46 S0 ] Y
HI LR e RERT SRS, HHETAEANRMKTET ¢ FIUKEAORRESH x4, 5T
R — ML RME R OB E. TR T— KA Ry (R, AR HUBELZ O(|RY) » Bt

KREA TN H R 2= E A
ZR'eROOR"'Ej:O[%j 1)

@ SRIRH R, x R/MEA ISR 55— S HOEFTH c-subset BUIEHERE] . 5555 M {514
%%¢immmmm;#¢¢$éRﬁ@:Vxm%mgx(ﬁﬁR%e¢¢%ﬁ»ﬁu¢$ﬁowma
e e S50

R
c

R < XY e RIS X )

2 (055

IR AT LR AR, BN A BLO (x n) Ay FHE,
B BARK A AR AMEE RS MR BT B B RN (T |6F) - T prs

52 31 A K T/ S Aot cosubset MM, FTBA Y |4 <xn . B9 k& R x R A DS 2t

RLEEL, DRI G i A AR BLER S ot i B AN ek, BIN TAE R £ %Bﬁmm#s ko BRIUILES
TR
o(Xilal’)=o(VkZ . lal) =o(x*nvk) ©
B k SR, SRR R A
OG;+f4mﬁj @

A x = (/K )| B LA R AR I 5 2
21 1
O[n CkZCJ (5)

BT 1 I95RSE, MBI c=20t, n=Y) [R|=40, k=5, [HwE x=(40/vB)" ~5.
B K EERE R RN, BRILIRAIAEF “doubling Trick” , Fil KF5 k, MK = 1 JFI253R, R IET,

- Jun NN Z—EQE N = L, . 2,1 L .
WM ZPATHRI SRR a-n ¢ (o RERERETRGER). APITNEENLra-n sk r, 3K
1

1
MFE T K<k, EEBEEIK >k, KK ER O[nZCkZCJ o NTILBIFTRRENEIRE,

AT K = 1IF86. fEHLZIER, KIERZ N 2k, BNHEZR SR —%1E. FFraRIKNErE
(eGSR
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1 1 1

o[zi“ﬂZ(Zk)nz_i(Z‘ )Zcho(nZ_Ckzcj (6)

4. SKh
4.1 BER

AR TN T 1 45 Web K g 350 H B IR 2 AN SO s b B AT S0 . R
L AR MRS, SYEER. BRI B8 ML R IR BRI R YRR TR .

S LS B AR A BN & I B AR IR 2 T HERG AR BT 5 o DNBEAR T T PR AR B AN RIS T (R
etk PR, Wk 4 B

Table 4. Data sets

* 4. BIEE
W et Btk Bt
b= 2212 12,348 14,560
¥ 5404 307,450 312,854

4.2. i RiTtH

BAVEA T AR =R 57%: 1): naive, MR —APNESH c-subset; 2): headship, FIF & /M
Bkt ifE—1¥) c-subset; 3): heapdedup, FJH g/ NHEBkIEE— c-subset LA AHARHITUAR c-subset. FATiE
ik e AR B AN R RME  c-subset F%I0E: (R HE L B B8 1 50E) BT L n R ] 1 o :

10000000 1E+09

100000000
1000000

b &
10000000
100000 ? 1000000 ‘ ﬂ ﬂ
‘ 3 100000 ‘ [ ‘ ‘ ”
- 10000 -
4 6 8 10 4 6 8 10
BifEc BifEc

B i c-subset %
M2 i c-subset A &

10000

mnaive Wheadship wheapdedup Mnaive M headship ® heapdedup

@) (b)

Figure 1. Comparison of the number of c-subset enumerated by each method

1. BFFEMZEH A c-subset 2 AIELER

HRIRA TSR E R ¢ MG, A navie 7728 Y c-subset (%R TR B 4 L3,
headship 5 heapdedup WAL 7 246 5t 35 (19820 7 M2 1) c-subset 3R . FRATERIL T — MR BEE
BRI ¢ FI3EK, SKH headship 2165 FLz4 ) c-subset HIAE IR R AE MBI IN, 111K H heapdedup 4k 5 A4
Z4 1] c-subset B & RIME ¢ 138 KImsN o 1Z4F LR EREGIE T headship 5 heapdedup PR AL A Rk, IF
H. heapdedup 75 %41 T~ headship /7% .
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4.3. RSTiARiEF
AN S A TR AR T RSO S ke B b BATRES TAEANFEIBRE ¢ T x X T ses a5
Mo PPAG T RST ISR T R/NME S AR B E] . 407 R 1 2 Fm .

INEAIB AT [H] KELBITHE
1600 1200
1400 {666
1200 .
.
E 1000 = 800
E 800 2 600
8/ 600 )
S| 8400
400 ; - 3
200 200 D
0 e 0
0 5 10 15 20 25 1 2 3456 7 8 9 10111213 14 15 16 17 18 19 20
BARSX BHRRAFX
—8—c=4 —8—c=6 —0—c=8 c=10 (=4 =6 - c=8 c=10
@ (b)

Figure 2. The influence of boundary X on the running time of small sets under different thresholds

E 2. FEBETEA X T XRNEEBITHRIERIFZ

1 2 34 56 7 8 9 10111213 14 15 16 17 18 19 20
BARFX

Q= (=4 == === C=§ c=10
Figure 3. The influence of boundary X on the total time of the set

under different thresholds
E 3. FRIBETAR X FEEBLEITHEIRFENE

Table 5. REIKR /AR EZRHIRTE)
%% 5. Time spent on different size boundaries

JRF 10 SR bR iRt
X IS X TGS

c=4 13 427 14 420
c=6 14 316.2 13 277.9
c=8 13 234.2 12 215.2
c=10 11 206.8 12 203.3

K 2 aath T ARENME S TR AL RO (], P 3 Aath T ARBE AR S TR AL BN 1], K 3 4
7RI REAE IS A JRA TR BB ROT I T (3G, KA Gt IR BA I T R de )2 A 2 R 251
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B A RAAFALTE . X F/NMEG IR ] AT K218, 2 5 I 18] A SURIE N .

% 5 JRR T HI AT R B0 G2 A BB B x BA SRRSO T B X, BEANE IR 1 RN R 14
FTBATHIR R o o] LR AR A AR SRR H A R N e il AR Bl e A N B 1
5. B4

IN=A

1

1
$%¢%$T*4&&%@%%%%%ﬁﬁ@ﬁﬁ%ﬁ@$%&ﬁ%ﬁ%O@hwq%ﬁ&oﬁ*

nSEATEEG IR, HE o AU BRI, k24 RS R, KArE S AL
KRGS S5/NEE, 73 AT R 0 TN S, ATz HF A 1Y c-subset, Dy 1 3B G AN L ) c-subset,
FEH T AT R, — Bl X Jeidi A AT AT 45 SR (P — 1) c-subset JEAT YR . 53 — PN Az B &2
ZERIIIUAR c-subset HEATMIR . FFH BT T —FuE R T x BIJHEFFIRAUE T HoA 2. SRR B E R
PSRRI, KA RA N TRV Y BEN, ERERTEMACE. T/ NEE—TFih
I [ BA I K28, 2 JE I R AR SRR 0 o b RS IR R0V 02 HE () e AR B 3 x e el e R B A B e
(A -

&5k

[1] Satuluri, V. and Parthasarathy, S. (2012) Bayesian Locality Sensitive Hashing for Fast Similarity Search. Proceedings
of the VLDB Endowment, 5, 430-441. https://doi.org/10.14778/2140436.2140440

[2] Pennington, J., Socher, R. and Manning, C. (2014) Glove: Global Vectors for Word Representation. In: Proceedings of
the 2014 Conference on Empirical Methods in Natural Language Processing (EMNLP), Association for Computational
Linguistics, Doha, 1532-1543. https://doi.org/10.3115/v1/D14-1162

[3] Mikolov, T., Sutskever, I., Chen, K., Corrado, G.S. and Dean, J. (2013) Distributed Representations of Words and
Phrases and Their Compositionality. Proceedings of the 26th International Conference on Neural Information Processing
Systems, 2, 3111-3119.

[4] Lund, K. and Burgess, C. (1996) Producing High-Dimensional Semantic Spaces from Lexical Co-Occurrence. Beha-
vior Research Methods, Instruments, & Computers, 28, 203-208. https://doi.org/10.3758/BF03204766

[5] Bullinaria, J.A. and Levy, J.P. (2007) Extracting Semantic Representations from Word Co-Occurrence Statistics: A
Computational Study. Behavior Research Methods, 39, 510-526. https://doi.org/10.3758/BF03193020

[6] Bayardo, R.J., Ma, Y. and Srikant, R. (2007) Scaling up All Pairs Similarity Search. In Proceedings of the 16th Inter-
national Conference on World Wide Web, Association for Computing Machinery, New York, 131-140.
https://doi.org/10.1145/1242572.1242591

[71 Li, C., Lu, J. and Lu, Y. (2008) Efficient Merging and Filtering Algorithms for Approximate String Searches. 2008
IEEE 24th International Conference on Data Engineering, Cancun, 7-12 April 2008, 257-266.
https://doi.org/10.1109/ICDE.2008.4497434

[8] Wang, J, Li, G. and Feng, J. (2012) Can We Beat the Prefix Filtering?: An Adaptive Framework for Similarity Join
and Search. In: Proceedings of the 2012 ACM SIGMOD International Conference on Management of Data, Associa-
tion for Computing Machinery, New York, 85-96. https://doi.org/10.1145/2213836.2213847

[9]1 Malik, A.S., Boyko, O., Atkar, N. and Young, W.F. (2001) A Comparative Study of MR Imaging Profile of Titanium
Pedicle Screws. Acta Radiologica, 42, 291-293. https://doi.org/10.1080/028418501127346846

DOI: 10.12677/hjdm.2023.132011 116 EAGIEEraE


https://doi.org/10.12677/hjdm.2023.132011
https://doi.org/10.14778/2140436.2140440
https://doi.org/10.3115/v1/D14-1162
https://doi.org/10.3758/BF03204766
https://doi.org/10.3758/BF03193020
https://doi.org/10.1145/1242572.1242591
https://doi.org/10.1109/ICDE.2008.4497434
https://doi.org/10.1145/2213836.2213847
https://doi.org/10.1080/028418501127346846

	具有重叠集合约束的实体解析问题研究
	摘  要
	关键词
	Entity Resolution Algorithm Based on Locality Sensitive Hash and Fuzzy Join
	Abstract
	Keywords
	1. 引言
	2. 问题定义
	3. 集合大小感知算法
	3.1. 算法主要思想
	3.2. 算法框架
	3.3. 小集合处理法方法的优化
	3.4. 边界X的选择

	4. 实验
	4.1. 数据集
	4.2. 优化方案评估
	4.3. 尺寸边界选择评估

	5. 总结
	参考文献

