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Abstract

Purpose/Meaning: Starting from the crawled Beijing Agricultural WeChat official account push ar-
ticles, the external characteristics and dissemination characteristics of WeChat articles are analyzed,
in order to provide reference for the dissemination of agricultural knowledge from the perspective
of the content of the WeChat official account tweets. Method/Process: Using Python language to
write crawler system and various calculation scripts, 5103 tweets obtained as data samples, com-
bined with text clustering, LDA topic model and high-frequency word co-occurrence network, ana-
lyzed the public of Beijing Agricultural WeChat Status of Tweet No. and the characteristics of content
dissemination. Results/Conclusions: The Beijing Agricultural WeChat official account should be
more comprehensive in the content organization of agricultural knowledge dissemination. Based on
the in-depth analysis of the characteristics of dissemination, efforts should be made to make tweets
more popular in terms of demand mining and creation of hot spots.
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Figure 1. Policy and regulation word cloud map
1. BERZEMIARE

(Z) BEHFHEN
CROGETRI AL T AL RiHT R IR TAEEhAS, DAL TR R A R A Ak, P BHA T 345

HIAAOL A AT R R RARME P ML R R« AB ST 2 FHIR M (R s R S5 o B8 e Jl -1 5%
R RSB T A ORI Ge vt R e 98 TR R = B (R 2). BT TR-IDF B33kt 55 32 R 1)
HENE, [RIEEVEHA TOP20 180 “BRa. A &L R, M. RE” ZAETEURlk Kk

JEBIRTEE A

) A
&5 R e K B
oy apmt o1 EE BT

Q@E

Figure 2. Latest news word cloud map
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Figure 3. Micro-agriculture word cloud map
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Figure 4. Micro-agriculture science and technology word cloud map

4. WRBHOALE

323 "“ItRRA” EEBIESH
(—) mER
“CHRRERAO " DAIBRUR P S S R N, B SRR, SRR AR JE .l 6 1%
Fo T R SC ) 3 R S ARG, A R AR N 2 R 5 R (LA ). A TF-IDF S35 3 ia)
(EEE, SR EEMHEA TOP20 3@ “ R4l /& UaT iR, “Bm” o “HEER” &k
BNV RPN A

DOI: 10.12677/hjdm.2023.134028 284 B 540


https://doi.org/10.12677/hjdm.2023.134028

X

r\g{_ﬂ{l & [E n§4‘ @1

&gk N FER &

B Rel, (KRB Ly
=1 G KR

Figure 5. Brand agricultural word cloud map
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Figure 6. Leisure agriculture word cloud map
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Figure 7. “Beijing Agricultural” WeChat official account agricultural knowledge co-occurrence map
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