Hans Journal of Data Mining ${3E1Z 1, 2024, 14(4), 207-217 Hans XM
Published Online October 2024 in Hans. https://www.hanspub.org/journal/hjdm
https://doi.org/10.12677/hjdm.2024.144019

P E 2 F R & EE FERH RN EFRE

woKL F OB

YT ORI T S e A TR A B, WL A
2 RSN R R, Bl

ks H . 202448 H27H; FHHEM: 20244F9H20H; kA HM: 20244F9A30H

H E

PAZET ORI+ B H EAER B AR, ERRHSEET & EREBIANKREHFENE R,
FTEHARR B W TR ESCAE R RO T SERAENRELR . BRABRHE ML (CNN) ALK
FI 8 58 7375 (LDA) U R 257 SRS T PP SRR AT SCAFZ AT 2K, AT HOE IR S A
eI, TSN ZATENLE 2T 3RAOULBUE X H B SCAL = AR B SO AR RN SCAE A S, TR E i
SRR F A ME R AR S A, ARV P E SRS, 8% E 2 LR B .

XA
ZETH, VFRICAE, CAREZIE, BRI, BREMEM%

The International Construction of
Chinese Rural Imagery in Pastoral
Lifestyle Short Videos

Xin Zhang!, Qi Luo?

1School of Foreign Languages, Hangzhou City University, Hangzhou Zhejiang
2College of Foreign Languages, Shanghai Maritime University, Shanghai

Received: Aug. 27t, 2024; accepted: Sep. 20™, 2024; published: Sep. 30", 2024

Abstract

Represented by Li Ziqi, short videos about Chinese pastoral lifestyle have garnered praise and af-
fection from overseas internet users on international social media platforms. They provide a refer-
ence and exemplary experience for how China can promote its culture abroad in the new era. By
employing Convolutional Neural Networks (CNN) and Latent Dirichlet Allocation (LDA) topic mod-
els, text mining and sentiment classification are conducted on comments over Li Ziqi’s short videos.
This enables rapid identification of emotional tendencies in the text, understanding overseas
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audiences’ cultural emotions and perceptions towards Chinese culture after watching Li Ziqi’s vid-
eos. Thus, it offers insights for mainstream Chinese media on effectively utilizing overseas social
media platforms and short videos to tell compelling Chinese rural stories and promote rural Chi-
nese culture to the world.
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1. 518

AR E K RA M K, —ANER AR RAEAE O SRyt . g 3z o 4
LT X7 s E Bk e i B HLA G, 2 A B s 9 R

AET, RAMAEEERT G, TFRB RIS SR E P e i, 2w+ E P L AcR . Em
B E S b B AR R A L 2 B . SRR, BEABTON ORI IR, E it
v 6 AR IR ZIAR e % B RARME BRI BT H 2 [ MR . s k& T %42 . Twitter,
YouTube. Facebook. TikTok SEAEAZHEIA- G 78 BRIV GRS P K e, FAUIIE LRI TR A
HINE S B N AE o AL A S P LB H 28 B35, AR B BAL R GUR R A &R
R AL ANE ], Dy ESCAGE S UEG b E SR A T E PR B

BRI, 72 1T A AMERRRS R AN “UHFh EEE” . “SCsRE” SR ISR RN, SOk
e FE GRS AN S AT, Ay Bl SRS S ANE O, BRI SE . RIEFIE R
Feo BRI, H AT LA F FE B A2 AR 3 v [ SO AT A TP I B, @i, AR AR
FUBER . EAAMOEIRE . BT TR KSR, AR CRIFA R

2R, LR A AR v FH el A 3 2 AT AL, v P 56 A 3 A U I S 22 R
FE I PRt S AT & B2 BN R BB 5 % . H 2015 146, FTFHRUK SIS AE R, 4
BT — R Bl b E SO RS AR M. BARATIRE 2021 48 7 H E&F LB, (HitfE
YouTube {457} 22 AN S, IEAE FIRIAR A SRR A0S 2023 £F 10 H,“ 24512 Liziqi "Ik 5 7£ YouTube
& BT B E X 17,800,000, CHEA AT HAOALER THEBCR S O 6.4 1400 I IR, 1oy
Py T ZIRAREE . B RAL. VETEIR. PR, WS, B IRWAERRE T IE 2 ok,

EY R R < BT, NP E 2T S B B K [ 2 SR PRk SR I T S5 i

FRURIEZS
2. “FTHR" FMOFEEEHAR

25T IR r [ A 4 P el A 3 AU B 15 A BRA 22 IR 80T, ON BAT BRI STALRE W A R A R 52 1
S 1 2 ST T o

T IRIVERAE N A ZTH 1R T AR FBNRNTE T . 8 — F55 I B A0 2= 7 SR T ) 1 1 3 41
TR T SCA S, IRARTUAE SR “ 2= IRIR 7 a0 B RIILEL . SCHHLIEIATY 942
B, RIS B SRS AN F R XA 2R RO SRR AR, MR T i
AN AR BB L 2 R B el A 1) SR A SRR R[] KSR o 5 Ay BRI TEF 3t 25 A AL
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BB AR RNERF OSSR T “CRIK” 5 “HER7 Z RS SeRcd, TR T AL
NAVECEE, ISR F SO 52 RIS EAGE[2] . R EAE T IR S5 1 T 2410 S
WHESMERR IR R, WAUIEAS AR AT . s G R  JEE R 23] R HRN Rk
FRUIRBEAT NI TT, IR IAL AL G B R 23R [4] -

R FC SR A2 T U U Ak S A T ) 2 N DB L [ B A R SR R R, SRAL S8 AR 138
MR AR Ay CRTRS e H SRS DRI 0 s SR UL F [ SO A ) B R AR A e Dl o B i
[5]. BRAGSE A A bl A REAT RIS, AR tH DA A, 8 “TRafi s ” a5 UL Bie @
2, PSRy “M SRR e om N ar s SRR RO RS %, 2 RIEHEE PSS A RO&12[6] .

RAWEINSE A ZE T AT PPN AL SZ S, = F AT (R PR S B AN SCAS 3 4 15 (% 4
SCAR TR Wi AN AR 28 1 SRR PFIE , IAON 51 R A 32 AR AR AF 552 AR S b SR 5
IR I A R A 5, 3R I 704 B SO SRR BR AR 7]

P GE PR STAR 73 W7 7535 32 1) T AE AR ) SR A AR AR RONE , - e DA A2 K A4l F) AL LR
AL SRR, PSR, EAEUSEFENGRER. ITFR, HEREREY BRI, @
IR R R AR R I A S5, IRPE 5 ST RERS B B AR A6 SOASBdE rh SR R 2 IR AT SCRFAE, AT SE 3R
i RCHERA I R 2K [8] . BRIL,  ASHE FER IR R 2 S BOAR 28 T SRSE AL IR STAS HEAT 17 1R 73 A
SCARYZAR, B AEPEE IR SO BT BUR ,  BARFTIRAN S ARAE R 251 2R MU a Xof o [ SOk 26 T
ERER SN RIS R

3. XAEZMAMFRITETR AR PRI

SCAAZHRAE N — P A5 B RAZREAR, RN SCAR AR A2 B AR R I, R R 7R AR
PISCAH RIS CARTAREIN S A IS R0 A St A A X A SO T 450, 1M
SCARFZHE T VB B (0 SCAR BT B G 208 . IO IR E E R L S A gt . AT,
O FE 2 LR AT, I3 ST IR GRS B AT BT AR AR R IR 45[10].

AT, VERSCARIZIR R E B3, 248 N SCT A B B AT 18 B ) BRAFAE, AT o AT
(BB TRE = — RS TE BRI vk . B g A A L, SOAR R BRI 2 R R ]
S AT RS BRI O UCED , AR IR VLA AE 45 5 12 7 VB AR L s AR e 0 3, AT T S L i g . — 2
BTG NV 21 050 SINEEE bR TR R AT G it o, 05 AR AL R AN 23 SRR S AU
NRTEE o W WA SRR EHL(SVM) AR DU AE AR B35 . =R B TR S I T 107
AR AR I 2 AR B R ST AL BRI A T AT 5%, Retig it — D B AN A SOAS, ARSI AT R e
T 2RSSR HRURAAIE - R] 0 7 S A AT 1) VR 1 28 B o D PO 20 D) 236 R TR0 A0, 38 35 AR 25 X £ (CNIN L i 3E
N2 (RNN) KR HICIZB AL (LSTM) TTHEIEH . I0(GRU) 1= JIHLE (Attention) 558 [11].  AHICHHF
TGN A2 EA, WS, P2 AR, SCEE AN A,

HAT, BRI B A B T VB B ROR A, )32 R TR 2R P8 SCA [ RRAE $ BRI J%
. B, ZEARGE[12]H T HE R P25 (CNN)A LI 15 SCARTEAR 7™ St AR B e v 22 1 18 oy
2, UEH T BAE 2% (CNN) & 7E 2R B8 20 M A AR

SCAS A0 P B 3 MR, E AT LA 3 U AR A RV AR KR B R 43 A (LDA) A
A, LDA #8452 Blei 5T 2003 42 tH 0 —Fh E @A, 18 —FG B RINLES 5 S 5k, wihE g
(R — R SR R MR R 70 AT, W] DA AR AT SO 73 AN T R R SR 55 [13]. HT, LDA FE3CAK
ZHANE B TS5 WA 2] 772 B o a0, SKRE14 LA s~ & BRI SEHT P YRR Hs Dy L,
BT LDA FE-IRA, ST SOA ) S R RS B 2R
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FEAL SR FE I AR SCASZHR AU, PR SCARREE K, AR R U AL ™ 5 R 34T 1]
AVRF RS 52 WA L, BRI SORTZ I . 5 I B SOR 2R AR B, R 2
3 H 285 SO AR JZ 8 U IS DRI, A FUAE SOAS P2 X 2k, S UG AR 22 [ 45 (CNIN)ZEAT
RO, MR 1 5 R 00 T30 A [ PR AN G ) PR EAT LDA 2 U R Ay S AR IURFAL 3 A [
XEBLEIBERIA, Jm R GE R ER AT 2 VRS A R, IR T ORI, 3R E F i i fr A
FSF AN A AT G ANGEAUI, A T S Db b L s, 4l b B 2 MR, R P 2 Hoctl, &
RIS W, ATHU R E 2 MRS, RO TR L.

4. “FFR" BRITLXXAFIZHE

(—) BRIk

AWFFNCH T “ZF1-2K Lizigi” K5 7E YouTube ~F & FEBCE AR AT H ALK TS ER (L 1, 4t
THI TRy 2023 4% 10 H 8 H). o4 T BFFTHIA AT PE ARG S BACRYEIFIRREA IO TR 2, ASHIT FU B4 4
[TPFig, fe)m 3E3RER 40,000 6 1FiE .

Table 1. The top ten videos of Li Zigi by popularity on YouTube
Fz 1. T ZEFE YouTube FEREHITRIHAISR

PUBBR RN L A% 0 7] WE

e RS, AR SEM—FINER)
1 Peanut and melon seeds, dried meat, dried fruit, snowflake cake—snacks for
Spring Festival
(2019/1/31)
R Sy )
2 Liuzhou “Luosifen”: Slurpy, Spicy, and Absolutely Satisfying 84,077,105 35597 817,000
(2019/8/11)
CONIR] — =23, V5 JIONIAR &) ) — 2B
A pot of wine among watermelon fields. So...The life of watermelons and grapes? 81,965,904 44,493 1,000,000
(2020/9/14)

CHli5-)

It’s a red mountain, and in the fall, it’s natural to make some sweet persimmons 72,218,228 19,301 549,000
(2018/10/9)
Seriy -2
5 Using bamboo to make some sophisticated old furniture 63,930,775 57,782 1,100,000
(2018/9/25)

CEARB R ee, BAIEAED
6 The life of purple rice, pumpkins, and...peanuts 59,066,963 36,524 771,000
(2020/10/11)

CHRTEm —4)
The Life of Cotton, | promise next time | will come up with a new name of series 55,390,687 37,156 836,000

(2020/1/20)

(A —242)
Before the tomatoes fall, pick them home and get something delicious 52,079,338 21,854 557,000
(2019/7/30)

RN —4)
The life of cucumbers. It tastes like Li Zigi’s summer. How about yours? 51,888,878 32,344 669,000
(2020/7/20)

CRFFH A —4)
10 The life of rapeseed oil 48,698,198 29,310 616,000
(2020/6/19)

WieE A

e
/\?‘T—
fem

126,763,880 53,578 1,500,000

w
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~

[ee]
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(=) W5
1) o sb B

AW TR B Ae i (AL B E B = AP IR B o, T BROE Z AME F RS DL R ER S L,
FFRNAEGESCIFARSCA 23,990 2% o 558, X SESCVFIR SCASHEAT TR K/ING 15 Bm] Iy A5 B4, IF 5 4 7] 3R] 5
B, WUEEE, dEEAS . i TR SR, SRR K

2) A o A

PR ) e R AAER A P I SRR VR HE A, DAETT DAHERRT 5 S0 52 ARAE I 21 SRR AN )
FEIIE R . ABEFUE X YouTube 128 7 ERA A SCIFE IR IEEAT SE tH 20 #r, 752U RT 100 (17400

R 2).

Table 2. The top 100 most frequent words list

< 2. B 100 =5hiAER

HEAIR. 1d] Siword Al [freq HEAIR. 1i] Siword A ffreq
1 video 3421 26 grandma 595
2 like 2534 27 girl 571
3 Li Ziqi 2259 28 channel 568
4 life 2002 29 world 539
5 love 1904 30 watch 537
6 people 1412 31 need 521
7 make 1326 32 feel 515
8 beautiful 1191 33 always 459
9 China 1021 34 well 458

10 know 964 35 living 456
11 Chinese 937 36 hope 454
12 work 902 37 could 451
13 amazing 825 38 never 450
14 good 804 39 new 446
15 live 779 40 every 422
16 want 767 41 wish 419
17 time 764 42 please 405
18 thing 758 43 right 404
19 think 754 44 nice 394
20 miss 691 45 best 386
21 everything 684 46 Youtube 376
22 food 666 47 real 373
23 woman 660 48 eat 368
24 hard 659 49 place 366
25 thank 602 50 nature 366
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HAIR. T Afi/word S [freq HAIR. T Afi/word A [freq
51 garden 363 76 money 262
52 great 361 77 peaceful 257
53 god 356 78 long 256
54 cooking 356 79 skill 254
55 bamboo 344 80 show 253
56 say 342 81 talented 250
57 comment 340 82 little 249
58 ziqi 325 83 agree 249
59 true 325 84 keep 247
60 care 323 85 sure 246
61 happy 322 86 village 240
62 kind 320 87 lady 237
63 dog 318 88 everyone 236
64 country 316 89 give 227
65 actually 306 90 different 226
66 family 303 91 maybe 224
67 person 303 92 cook 221
68 grandmother 292 93 wonderful 219
69 working 285 94 cute 214
70 better 284 95 home 213
71 city 276 96 ever 213
72 man 269 97 learn 213
73 wow 267 98 anything 212
74 thanks 265 99 dislike 212
75 help 263 100 going 208

M 2 T AT M e, HE44 T 100 B ditia], BL Li Zigi (25 1-2€) video (BLH). life (VEi%)-
love (3%). like (XK). beautiful (F>a)) A% msiia), HIIGEF] 1000 P bA b o 356w A e
T HFHNZAAE M 25T HE AR 1 R ZE Gy i, (RIS B 7R 1 ARA T o B SCA IR0 B . RV
W E T2 F IR A MANA B, 35 I BiE 0 Li Zigi (35 12€). video (#141). watch (&)~ channel (JiliE)
Sl Rk, YRS RIE T R AT A B, 0 “love” (B92). “like” (BEXK). “thank” (i) “wow”
(M), “good” (IFfK)). “amazing” (T AM)). “talented” (A REM)) AL, 84 eyt E A& 40E X
FRIARNE, dn “life” (ZE3%). “grandma” (@3Wh). “food” (X#7). “cook” (K&iR). “bamboo” (177)-
“music” (5 R) 55 ILAh, PFIRIEEE K B [ Mg A EE SOAk, i “city” (BRT). “garden” (JEFE). “live”
(ARSI 236 KE, WIMZAMSE flka i Egg SRR, b, EETT. HRE2ADI710.
IXFRMMATRT T AN B S8 S0 DA R ] A 36 A 5 TR SR 68 . SRR T SN IR T i
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A2 Akt T B SCAL BN B 3R it T AR
3) FLBL AT 7
o e LA A QR A 1 R A AR SR (SR BRI, W] 2D R LA S AR S ORTE A R (LA 3):

Table 3. High-frequency co-occurring word pairs
= 3. =SSR

1 “video”, “amazing” 14 “ancient”, “China”
2 “video”, “lizigi” 15 “Chinese”, “people”
3 “like”, “lizigi” 16 “Chinese”, “countryside”
4 “love”, “lizigi” 17 “hard”, “work

5 “lizigi”, “life” 18 “traditional”, “food”
6 “good”, “life” 19 “ideal”, “woman”
7 “healthy”, “lifestyle” 20 “wonder”, “woman”
8 “village”, “life” 21 “virtuous”, “woman”
9 “watching”, “lizigi” 22 “feel”, “peaceful”
10 “amazing”, “food” 23 “dream”, “place”
11 “amazing”, “lizigi” 24 “nice”, “girl”

12 “beautiful”, “world” 25 “talented”, “girl”
13 “beautiful”, “country”

JE I A A AR AT LR AT, R DR B 3 B R A N 2 2R AN AR ) 1E TH A
o N, FRIK T 4R 2R 52 (love) FUNE A ¥ 150 I (amazing), P& 3 36 T (beautiful) . A A4 4E
(talented). %% 7j(hardworking)&5 /7 THI I H € o [FI, PPBIEZRIE T X o B SO IR R S I, B T xR [
FH 7] A v 08 e A A6 A NI EA R o a0, A T 5 AR TS AR D AR, 4 life(AE7E)- lifestyle(ZE3E 77 ),
PR AR o AR, 40 simple (87 54) healthy (f5%) . happy (B 4R) beautiful (351F)~ hardworking (2%
1)~ creative (5 813 /7)%%.

BEAR, VRS IE SCTE T MR H s RN R 77 SC Ak s e, filn, $23) 7 RERE (garden). 2 A (village). 2548
Z Hhi(dream place) SR, ik [ 0T RAI A PR S5 A A SO A B DR R m) £

L EPTIR, W2 AITIR F SR X A IR N B A 25 DL R [ ST A B AR AR A A R
TE, AT T ARAT TR ] e AR AT 2 b SO R AR BN R AT [ £

5. “FFR’ WML RERS

T v A AR IR O o3 AT A 52 AR 2R 2R A AR 1) ST FIATY SR AR R, IR
N T FRABATTRT 25 2R (A AR 17 R BRES FE ], AR 7RI Kaggle A F 4 5 Twitter 1 Reddit 175/8%¢
ATEIRERAE RN ZEAR[15], FEE T EERMEMLE CNN B 2B (B TR — MR 2
SABRE . SARKIBLZE L — AN R R KIS, FRR &SR T — AN EA softmax B ik 5 4%
HZ. Mt ERME B ERE RN 3, Sl NERKR . PR =M R ARG S, B
PARUERf 2R (accuracy)iE R T 0.91(L#% 4. ] 1. & 2),
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Table 4. Model training results
4 RENIGLER

el () HEE(R) F1{E BRI
F 0 (FFALIE ) 0.91 0.91 0.91 2602
F 1 (BRI %) 0.91 0.88 0.90 3137
25 2 (IR ) 0.91 0.94 0.93 3347
HERf 2R 0.91 9086
Confusion Matrix
3000
2500
-2000
o
e
& 1500
>
-1000
-500
y_test
Figure 1. Confusion matrix
& 1. JBiA%ERE
1.00+
0.95+
0.90+
0.85
0.80
0.751
0.70 -
— train accuracy
— test accuracy
0.651 . : r . ; T
0 1 2 3 4 5 6
Figure 2. Training and testing accuracy curves
2. INERANN A AR 2R 2k R
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g5 LRTR, BATESIG AR T R RIMERER I, SRR R . A R FL AR I R
(PERE, IS A2 I SRR R At 70 B ik LI 27 JE AT (1) 23,990 2505 SO SCARHEAT IR B 43
T, £33N TN ATREMLE R REHRSRLE RN PPHL I EE 11,633 %, 4L 48.5%; 5L
PRI E R 9126 4%, 7Lk 38%; JHIITILIEE 3231 4%, fiLk 13.5% (i WL 3).

Sentiment Distribution

Negative

Neutral

Positive

Figure 3. Sentiment classification results
3. IRRESIHER

6. “FTEFE” WMIMITIL LDA FHEIR

TSR B SR 45 N IE [ AT B 1l FO P8 SCARIEAT LDA SCARTREZE, LDA =E U4 Hr Sk ia] K HAUE
SATE LU R (% 5. % 6):

Table 5. Keywords and weights from LDA topic analysis for positive comments
F 5. IE[EITIE LDA /7 X 1A R HAVE

T = = Y FE

FHIE T L LR L R B LR B RHIE R U
video 0.0771 love 0.0645 make 0.0328 China 0.0255 life 0.0389
love 0.0377 beautiful 0.0445 food 0.0175 people 0.0251 like 0.0309
watch 0.0312 amazing 0.0312 like 0.0168 Chinese 0.0175 music 0.0286
thank 0.0287 good 0.0186 eat 0.0155 live 0.0169 just 0.0180
new 0.0187 woman 0.0169 use 0.0121 life 0.0119 video 0.0165
good 0.0186 video 0.0167 just 0.0118 like 0.0101 make 0.015
Liziqi 0.0175 girl 0.0167 love 0.0113 good 0.0098 Beautiful 0.0145

Culture 0.0163 work 0.0163 grow 0.0107 just 0.0097 Work 0.0138
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Table 6. Keywords and weights from LDA Topic analysis for negative comments
3 6. famEIFEL LDA EF A ABIARENE

F FE Fl= F Y FEH

RHIE 1] B RHIE 1] B RHE 1] B RHE 1] B RHIE 1] &
video 0.0259 eat 0.032 like 0.0448 video 0.0721 make 0.0234
think 0.0247 dog 0.0276 life 0.0379 miss 0.0584 ill 0.0213
Chinese 0.0235 chicken 0.0245 hard 0.0303 watch 0.0285 hate 0.017
fake 0.0167 food 0.0241 work 0.0299 lizigi 0.0263 country 0.017
people 0.0141 China 0.0185 make 0.0259 channel 0.0225 covid 0.016
China 0.0109 little 0.0152 video 0.0230 come 0.0213 watch 0.014
just 0.0107 Chinese 0.0152 feel 0.0223 new 0.0198 lazy 0.0138
propaganda 0.0097 think 0.0136 live 0.0213 really 0.0165 sorry 0.0127

TSR BN, BRI, K2 EOAN A0 28 1 IR AT e DL v [ F el A= 3 3 5
FEARR A, JCHR AU 2L+ E L g dRd o, HE 2 30tk IaE s, DL AR E XK
MW TR AR T IR N SR DL AR OR IR MR 5% o DI VP8 T B v AR L SEVE R B e, 1K
ST AR VPR P AT e 1AV LA fake (REMR). propaganda (EA%)5E, X 4r AGA ARSI A 25 I TA 0
HfE, UETBAAREK.

FESCACINERZ T, A2 AR T 25 7 SRR RUSIT 52 B o [ SO 6 AR B A e A A 1R 3 5%
FErp E A AT i, U E R 2 50k, I E SO B B B AR A R, X
BE—0 R T 2 S AIAE I B 3k b BRI SRR, Dyt [ Fotd: 20t o [ SCAL O B A S 43
THMKER.

7. “FFRY EASERTY ‘48T MER

BT 2 T IR AR “ g BRI, XEETIRARE 5OR, JRE TR A an (R Y A AR
MUK B, S R T S B 2 A R R R 2 SO R DU R

—RH IR 2 R EEA SO 52 000 T E 2 SO RS . AR C T R
s AR A B AR I R R S A R, BRI AR . R ERIE R
P, G ML E R, HI T NS BRKAMEILE, BE T EeEGIEAREEAR. FTE—
H =% FOKRESEH I T RAR, SOPREEFRFAMIER, Wit “—8Ea 30Uk mire 2
FH&, B2 1 b E 2 MRS, kS BT 8 1 32 A0 o B e 2 A AE R IR I AE, 7
AT E 2 S SR,

TRBMT RS, 2D AR BRI . TR NTE SARE] TSN AR
PVEY, B, 2T AR RORAERDR B AR — %1, SR E Hoe, XA IR AR IS 7 IO AR
WL R 2. Bho7 . B 9 A A AR N BRSO, XS AR 75 AR S A
{1 5L T it J5E RE A5 A ML AR Hh SR AL T A% G SCAL RN [ A%

=TGP v E TR R I NIRRT R RS S A ., 7
RO PG 2 AR, BCLUR . EES EM USRS Z il A R R, R 7 E X
FIMESS, T2 T ABRUAR I SRR, I SEL T B8 A AL 4k
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ST, XTI SR AL T — o RO SORYZ IR TR R B A S AN 251 R A AU ST AR AN
SR AR 3 T 0RE R (Rl T B 1A T O S5 A% SR STAR 73 7 12k DA B i 15 JR) i P 175 12 2
Bk, LIS A B 4 1 45 (CNIN RS 22 2R 52 3 70417 (LDA) 32 s A a2 1 SRAE AL 1R 18 32
AFEAT SCAFZIRAE 2K, IR B UET B2 1 91%,  AEls SRS v B UL OO AL PN 2 1) 15
AU, il B e E SO [ PR AR SR M T A S . A, R CNN B, R TTIER
T CNN A RUAE LB P18 A [0 A 55 1 (AT R E AT AT Sk, DRSS I T AR 55 3204 1)
RS, AW TR AV AN “ 272K Liziqi” K5 7E YouTube 1 & H BSR4 AT 1AL
PP EEE, B 7T IR SR B ARSI EEANF R A, R T IR A AN ] &
H PR STA FETTEE R 70 BT AR T, AT SR iRU A g ) e AR IOX — B o, S 4t e 5
PHF o E 2 MR AR E 2 Soci RS SO, IRV R R AR5

E&InE
AR A WK B B A B I B B (W H 4w 5. FZ-202201) IR Bt i 2 —

S 3k

[A] %%, wE. A RBEER B R N BRI RE T A B A R —— DL 2 P IR A B [9]. A i
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