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Abstract
In the information-based environment, the data within the comprehensive information support
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workflow are characterized by multi-source heterogeneity, diverse modalities and complex semantic
correlations. The traditional decentralized information management mode suffers from prominent
information silos, difficulties in cross-modal fusion and insufficient decision-making support capac-
ity. To address the pain point of lacking customized multimodal knowledge modeling solutions in
the field of comprehensive information support, this paper proposes a construction scheme for do-
main knowledge graphs oriented to multimodal data for comprehensive information support. This
scheme can effectively integrate multi-modal information data and provide structured knowledge
support for comprehensive information support operations. This paper elaborates on multi-modal
data processing and knowledge graph construction methods, offering references for research and
practical applications in related fields.
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Figure 1. Overall architecture for constructing an information comprehensive support knowledge graph
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Figure 2. Technical flowchart for constructing an information comprehensive support knowledge graph
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Figure 3. Flowchart for ontology construction
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Table 3. Examples of relations
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