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Abstract

The multi-granularity thinking is a common method for handling complex data in recent years. In-
spired by the multi-granularity thinking, this paper combines the concept of multi-granularity
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labeled information systems and proposes the definition of the generalized decision function of
multi-source decision information systems. Then, the generalized decision function was used to dis-
cuss the optimal selection and local optimal selection of coordinated and uncoordinated multi-source
decision information systems, and the local relative reduction was also discussed. Meanwhile, cor-
responding examples were given to verify the feasibility of the proposed method.
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Figure 1. Multi-source information system
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Figure 2. An uncoordinated multi-source information system

2. TANSRIER RS

U/Ry = { xl,x2 x3,x4 {xs,x6,x7},{xg},{xg,xlo}}
U/ Ry, { x],x2 x3,x4 {xs,xG},{x7,xg},{xg,xw}}
U/R1s3 ={ X, x4} {xs,x6,x7},{x8},{x9},{xlo}}
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B, Vxe{x,x,,xy,x0) s O (¥) =0, () BOL, 150y (x)# 8y, (x) « B DIS, = (U,C,Ud) 2
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A5 BN 2 MER RS
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RIAERERNE 2 MEE RS
B, AR REAFR KGR RG LR BT LRHMRRER .

U G O Os.
N {1} {1} {1}
E {1} {1} {1}
. {1} {1} {1}
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s m m (1.2}
% {1} {1} (1.2}
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N 2} 2} 2}
. 2} 2} 2}
%o 2} 2} {2}

Figure 3. Generalized decision function values of inconsistent multi-source information
systems
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FLEIH R x e U M) SURHHR LS I k 128 B,  C, 1513 8, (x) = 0, (x) Br, AT b, < B,
0y iy (%)= 0, (x) RRRIL, WA B, 7 C, 6 Tt % x f07 SUR AR LT

Bl 3.3.2 % T 3.3.1 AN Z IR VRS B RS MDIS = DIS, UDIS, UDIS, , XFX R x,,x,,x,,x,
M) R RAERERNE 3 MEERK . x,x,x,x, B XHREREE N {1}, {4,0,,0,} 7
DIS, = (U, Cps, U{d}) KF AR x,,x,,x,x, (04N SUR MR 20 T

B xgx0,0, BT SUREARAE BN 2 MEE RS W R xsx,.x, 7 SCRFR BN (1,2}
{ay,a5,a,} 7& DIS, :(U,C,S2 U{d}) KTRER x5, x4, %, BI— T SURTBAHRT 2 5

KR xg, %, 3,0 ) SR BRMAZ BN 3 MEERG . R xg,x,x, M) LRFREAE N (2}
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B 3.3.3 T 3.3.1 RPN Z IR (S B RS MDIS = DIS, U DIS, U DIS, , i 3.3.1 f13.3.2 7[
BB FIE TR R x,x,, 3, (R ST A LSRR 1 e«

(@) A(ay, 1) A(ay,1) = (d,1), SRR {x} s

1y (@, 2) A (an 1) A (a5, 2) = (d.1) . STRRN {x, )5
1 i(a),3) A (ay,3) A(a5,2) = (d,1) , TR {x ) s
T (a,,3)/\(a2,2) (a3, ) (d,l), i%%?\j{)@t};
r (a1 A(as ) A (a, 1) = (d,1), SCTREEE {xg, ) s
1y (a1 A (a, 1) A(a,,1) = (d,2), TR {x, } 5
7 (a1,4)/\(a2, )/\(a4, ) (d,2), iﬁ%?’\j{xg};
1 (a,3) A (ay,2) A(a,,2) = (d,2), SCFRER (X}
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1y (a),3) A(ay,3) A(ay,1) = (d,2) SCREEEN {x,} 5
4. ING

ASCULURE A AR 2 U AL B U 1 557, SLE 2R AR SRR S, S a2 HREARIER
RGM S, SXIA ZIRBEER U  EERMETNEER. RINEFRZ G —brdk” K8, HRT 2
PRRSFAE B ARG MTHES . GRSt 2 IR RAE B R SOR R EUE o fESLIERE b, BTTTH
SEh 5 AR PR 2 YRR SRS B R GRIT T R XTI RS, AEBL)T SO SR R O 2 4 R R
TRV, IR BN B I SR e e DS R, T AR R R e A5 2 P DR S b 1A 2 ) ) AT
XM XTI RS, SIS RS, ) SRR BRI AR R UE B, RN E
AN G SR A MAE BB AR R SR A 291, HL Yl SEI IS E 7 ey ik AT AT 1

ST E O 2R A S B IR RS B RGN CRIUER T IREA S, M VRS ERRET
CONEFW FTXESS” IR SEEIE R AT A RO IR R L B LR, D9 2 A ) SR
SRR PR AT A ) AL 1 R A, WIS T B E  RSR AT SE AU Ja SRR 5 T
WA —RIRARRRMNE B RGN RFUNGERO %, ST se e Sz etk — R E L)
RISNE, XM 2 IR SR T AR, 8 ZRE L IE BB B Ig A R .
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