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Abstract

In this paper, using the machine learning method establishes the corresponding decision tree
classification model for the characteristics of wireless channel. Using the real channel data tests
the decision tree model and finds the classification results are better. Therefore, this machine
learning method recognition model has high accuracy for wireless channel characteristics. Then
we can use the model to divide the wireless channel data into region effectively, and the model al-
so has statistical significance.
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Figure 1. The decision tree classification map of training set
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Figure 2. The data described in figure
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Figure 3. Fingerprint feature of map data
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