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Abstract

The digital communication and connotation inheritance of cultural symbols constitute a core is-
sue in the implementation of the current digital development of culture. Multimodal deep learn-
ing technologies offer new technical approaches for relevant research. Taking Dunhuang Flying
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Apsaras as a typical research sample, this paper carries out three core research tasks sequentially:
constructing a multimodal representation system for cultural symbols, simulating deep learning-
driven communication links and summarizing diffusion rules, as well as establishing a framework
for hierarchical classification and targeted correction of audience cognitive bias. A standardized
operation workflow covering the whole process from feature encoding to practical communica-
tion is clarified. The relevant research findings can provide reusable practical references for the
digital inheritance, cross-group communication and audience cognition guidance of fine tradi-
tional Chinese cultural symbols, and reduce the risk of connotation loss during the communica-
tion of cultural symbols.
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Figure 1. Flowchart of deep learning-driven communication link for cultural symbols
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Table 1. Comparison of diffusion characteristics of cultural symbols in different communication scenarios
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Table 2. Correspondence between cognitive bias types and adapted deep learning models
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