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Abstract
Sepsis is an acute and critical syndrome with high incidence rate and mortality. Early diagnosis and
treatment is the key to improving its prognosis. Despite significant advances in modern medical
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technology, timely and accurate diagnosis of sepsis still faces serious challenges. In recent years,
artificial intelligence has developed rapidly and its applications in healthcare have become increas-
ingly widespread, with fruitful results in the diagnosis and treatment of various diseases in clinical
practice. Deep learning is a cutting-edge technology in artificial intelligence that can analyze mas-
sive and high-dimensional medical data, providing a new approach for the diagnosis of sepsis. This
article summarizes the research progress of deep learning in the diagnosis of sepsis, in order to
provide reference for the diagnosis and treatment of sepsis.
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