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Abstract

Objective: Accuracy and robustness are the main challenges of the visual tracking, especially in the
case of occlusion and target deformation. Target tracking based on fragments will be able to keep
the spatial information of the target, and based on this, a fragments-based tracking algorithm with
multiple kernels fusion is proposed in this paper. Method: Vertical projection method is used to
get proper fragments in the algorithm, and for each corresponding fragment, it selects a plurality
of different locations within the target area to build several kernel function weighted histograms,
taking the Bhattacharyya coefficient as the similarity measurement between the target template
and the candidate template, and making use of the mean shift iteration to determine the final po-
sition of the target. In the process of tracking, it takes advantage of the back-projection of the
components to distinguish deformation or occlusion, and makes a real-time updates for the target
template and fragments weight. Result: According to the results, which are obtained from several
testing of video sequence, the method is almost not influenced by illumination, and can still
achieve good tracking even in a large area of occlusion. Conclusion: The proposed algorithm, by
combining fragments and multiple kernels to tracking, is not only insensitive to illumination, but
also has a good performance in dealing with a large area of occlusion, which is beneficial to the
research of next stage.
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Figure 6. Robustness of the proposed algorithm for illumination
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