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Abstract

To realize the automatic observation of weather phenomena, a method for recognizing weather
phenomena of outdoor image based on Bayesian classification is proposed. This method extracts
image characteristics of hue, saturation and brightness, and adopts Bayesian classification to es-
timate the haze and sand-dust weather. The accuracy of experiment results reaches the expected
aim, and the experimental results show that this method can quickly and accurately measure the
weather phenomena of outdoor image.
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Table 1. Part of the test data set
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Table 2. The conditional probability of independent variables under the condition of haze Wy

#2 BEEWERHTEEERRMNEMHR

P(x;/Wn) Xyj Xaj Xy
Xi1 0.0159 0.9206 0.0159
Xiz 0.9365 0.0635 0.1270
Xis 0.0476 0.0159 0.8571

Table 3. The conditional probability of independent variables under the condition of dust Wq

T3 e W R TEZERBMAFIHER

P(xi|Wo) Xy Xs X3
Xit 0.9512 0.0488 0.0244
Xio 0.0244 0.4878 0.1463
Xiz 0.0244 0.4634 0.8293
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