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Abstract

The sparse representation, after decades of development, has been deeply studied and applied in
many fields. Estimation of signal sparsity is an important part of the work in the sparse decompo-
sition of signal. According to the noise characteristics, this paper proposes a method for estimat-
ing sparse degree. By constructing the Fourier base dictionary, using the uniform distribution
characteristics of noise energy in the whole frequency domain, and through the sparse characte-
ristics of signal traversing the full spectrum, the accuracy of the signal sparsity is gradually deter-
mined. Simulation results show that the proposed method can effectively complete the estimation
of signal sparsity.
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Table 1. System resulting data of sparsity estimation
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Figure 1. Stem: system result of sparsity estimation
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