Journal of Image and Signal Processing B8 5155 4b#, 2019, 8(2), 90-97 Hans X
Published Online April 2019 in Hans. http://www.hanspub.org/journal/jisp
https://doi.org/10.12677/jisp.2019.82013

People Tracking System Based on Intelligent
Vision Internet of Things for Classroom

Xiaogiang Zhang!2, Xun Wang!, Hang Yang3, Wei Zeng3

!School of Information and Control Engineering, China University of Mining and Technology, Xuzhou Jiangsu
*Xuzhou Key Laboratory of Artificial Intelligence and Big Data, Xuzhou Jiangsu
*School of Electrical and Power Engineering, China University of Mining and Technology, Xuzhou Jiangsu

Email: graygiang@163.com

Received: Apr. 3", 2019; accepted: Apr. 14", 2019; published: Apr. 28", 2019

Abstract

To count the number of people in the classroom in real time, the classroom video monitoring sys-
tem is used to generate the real-time images in the classroom. A reliable and stable people track-
ing application platform is realized in this paper. Taking into account the people distribution cha-
racteristics in the classroom and the architectural style of the classroom, this paper adopts a head
detecting algorithm. The extracted video frame HOG sample features are then trained using the
AdaBoost cascade classifier to implement a head detection model for detecting the number of
people. Finally, the mobile client based on the Android platform is developed for the user to query
the number of people in the classroom in real time. System testing results show that the system
has an excellent recognition rate. In the case of not hiding the head characteristics, the system
recognition rate is more than 75%, which can basically satisfy the requirements of people count-
ing in real time.
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Figure 1. The detection process of HOG feature
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Figure 2. Original image of video frame
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Figure 3. Pretreatment result
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Figure 4. Gradient image
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Figure 5. Histogram of oriented gradient
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Figure 6. System result of test
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Table 1. Recognition rate statistics
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Table 2. Evaluation of experimental indicators
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