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Abstract

The image collected by UAV is easy to be disturbed by fog, which leads to the degradation of image
quality. Aiming at the image degradation of UAV in foggy scenes, a novel image defogging method
based on generative adversarial network is proposed. Anew generator and discriminator are de-
signed. The generating network consists of multi-layer encoder and decoder; then the discrimina-
tor network consists of fully convolutional network. In order to improve the clarity of the gener-
ated image, a new loss function is introduced to optimize the whole network, including adversarial
loss and smooth loss. Through training and testing, it can be concluded that the image defogging
method based on generative adversarial networks has achieved good results, and it is better than
traditional methods in structural similarity index measurement (SSIM) and peak signal to noise
ratio (PSNR).
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Figure 1. Diagram of atmospheric light attenuation
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Figure 2. Generator network structure
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Figure 3. Discriminator network structure
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Figure 4. Model training process
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