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Abstract

At present, online and offline hybrid teaching has become a new trend in education. As far as
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online teaching of physical education courses is concerned, intelligent recognition of students’
classes has been a hot issue explored by universities. Physical education courses are different
from other disciplines. The development of online physical education courses has the characteristics
of single form and high difficulty in assessment. The physical education curriculum in the post-
epidemic era still has the challenge of online and offline co-teaching. This paper studies and im-
plements a method of human motion recognition based on machine learning on how to effectively
recognize online sports motion. It uses computer vision to collect motion images and videos, uses
Kinect-based human motion recognition technology to conduct normative detection of motion,
uses AdaBoost algorithm to detect facial focus, and analyzes whether students are focused in
motion in real time, Whether the action is in place. The result shows that compared with the
traditional online PE teaching quality evaluation method, this method can not only have accurate
recognition effect, but also reduce the time of evaluation, which has a very good role in promoting
the work efficiency of PE teachers.
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Figure 1. Processing flow of common computer vision models
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Figure 2. Execution process of specific recommended algorithms
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Figure 3. Kinect 2.0 Bone Map
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Figure 4. Example of edge detection
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Figure 5. Main steps of AdaBoost algorithm for training
human eye detectors
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Figure 6. Training set after cleaning and screening
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Figure 8. Model selection for action recognition in applets
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