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Abstract

Images captured in harsh weather environments are often affected by fog or haze, which can lead
to negative effects such as low saturation, blurring, and grayish-white colors. This not only results
in the loss of important information in the image, but also has a negative impact on subsequent
computer vision tasks such as object detection, image segmentation, and personnel re-identifica-
tion. This article first provides a comprehensive analysis and sorting of image defogging and then
reviews the research progress of deep learning in the field of image defogging, mainly including
supervised defogging, unsupervised defogging, and semi-supervised defogging. We compared and
analyzed representative algorithms among these methods. Finally, the commonly used datasets and
evaluation metrics for image defogging were introduced.
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Figure 1. Image dehazing classification
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Figure 2. Flow chart of histogram equalization dehazing
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Figure 3. Schematic diagram of the atmospheric scattering model
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Figure 4. Image dehazing method based on physical model
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Figure 5. Image dehazing method based on deep learning
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Table 1. Common datasets for image dehazing
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