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Abstract

In view of the problems of incomplete repair image information, blurred texture, artifacts, poor de-
tails and unstable model training, a face occlusion repair method based on CSWin-Transformer and
WGAN is proposed. This method takes Encoder-Decoder, structure as the generator, and introduces
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S,

CSWin-Transformer Block in the generator to finely identify and process the occluded face areas, so
as to improve the pertinacity and efficiency of processing. The decoder integrates with the encoder
multi-scale features through jump connection to better learn the detailed features of the image and
optimize the final effect. The Wasserstein distance is introduced into the discriminator to improve the
stability of the model training and the authenticity of the generated image. Meanwhile, CSWin Self-
Attention is introduced in the discriminator to enhance the understanding of the global structure and
details of the image. The experimental results show that the method has good repair effect on the data
set of CelebA used, and better than some current image repair methods in peak signal-to-noise ratio
(PSNR) and structural similarity index (SSIM) indicators.
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Figure 1.WGAN, working principle
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Figure 2. CSWin Self-Attention
2. CSWin Self-Attention
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Figure 3. Generator structure
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Figure 4. Discriminator structure
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4.2. BUESEMLURE
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Figure 6. Comparison diagram of the repair effect
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Figure 7. Subjective results of the ablation experiment
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