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Abstract

In elevator inspection and testing work, the interpretation and recognition of nameplates and speed
limiter inspection forms are important aspects of the corresponding testing items. In order to effec-
tively improve the efficiency of relevant on-site inspections, in this study, we propose an elevator
nameplate and speed limiter inspection form recognition method based on Differentiable Binariza-
tion Network (DBNet) and Differentiable Binarization Network (DBNet), which can remotely realize
the relevant information on the nameplate and speed limiter inspection form on the network end,
thus transforming traditional on-site inspections into remote inspection and detection.
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Figure 1. Blockdiagram of post processing flow of character recognition
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Figure 2. Network structure of DBNet
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Figure 3. Principle of DB model algorithm
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Figure 4. Network structure of CRNN
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Figure 5. ICDAR2015 dataset example
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Table 1. DBNet experimental results
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Figure 6. MJSynth dataset example
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Figure 7. IIIT dataset example
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Table 2. CRNN experimental results
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Figure 8. Elevator nameplate number
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Figure 9. Elevator nameplate character detection results
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Figure 10. Elevator nameplate contract number

E 10. BEEREARES

3.4. BRIESSEIE S

IR A5 A5 6 SR AT 1T s (10 PR 2 B PRSI Hh BB AT 0T 4T B R AR R LR 0 0 2 &5
R WERATEAE S RE AR, B AR WERA - IUAE A SR, i RS RR
AEHE, WEIFMNESRATEZE” , PGSR 12 o, TUES], RESRLE A RS
ST R, ORIE 1 REAS 56 A A 2

S RBIENENGI G S R BT SO AT R, JFEEESIR T O TR TR E
G, [FIRE G ZEAT A A

5 18 B WU ZA I B PR E DS 7 A A SRt A SRR EE S, H A &M NGRS
B EEEE, JSFHAR - JHESERAAGRKRE, THERBEAGHK. Bt WEXRRIAN “Ag

DOI: 10.12677/jisp.2025.143030 340 K1G 5155 43


https://doi.org/10.12677/jisp.2025.143030

fifR %

7 MBIRR A SORAREATIT, SRINEA SR Rt RS S, S

IR S

Figure 11. Speed limiter inspection form
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Figure 12. Result of speed limiter character recognition
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