Journal of Water Resources Research 7K ¥ JEWT 5%, 2025, 14(5), 451-457 Hans X
Published Online October 2025 in Hans. https://www.hanspub.org/journal/jwrr
https://doi.org/10.12677/jwrr.2025.145049

ETARRES RN L WK TR T EREE
FEBN7GE

Fol, HERZ, Fuk, F OB, R K, KEX

YR ROKRIRART TERE, KR E B4 sk s, 115 Fat
2 R NS AR, LI BA

ks HiH: 20254F7H9H; A HM: 20254F10H13H; &4 H#H: 20254F10H30H

=

KREFHELERTE, REEERTRS, TREERFRNZKRFTEETEEENE. SRR RE
BEIRBKRE I ERFHIENE LR, RBEZERAROHF RS HEARERERIN PN, WERE %
A RCR R AR KB R i TAEER . AR E RN TERET AR 2K FE3FRBEE R IER AT
HEFERN, AR T HELERE, FUARERARTERAGTITR, SHRHHESHERL RAH
BEMSEATE, FREAXERIELE; SLUBENMARR, KRMTRY, SR TTERE BRI 7
HRAERR. ERBERENE.

XA
KERITESE, BREAERN, KEFETE SHEAER

A Method for Abnormal Detection in Water
Resource Measurement Data Based on Big
Data Multimode Mutual Verification

Sihua Leil, Ruofan Gaoz, Xinyi Shanz, Yi Xu!, Wei Wul, Qingtian Zhang?

The National Key Laboratory of Water Disaster Prevention, Nanjing Hydraulic Research Institute, Nanjing Jiangsu
2College of Computer Science and Software Engineering, Hohei University, Nanjing Jiangsu

Received: July 9, 2025; accepted: October 13, 2025; published: October 30, 2025

Abstract

The process of water resource measurement involves multiple stages, and abnormal data is difficult to
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avoid. Conducting data anomaly detection is an important part of water resource measurement management.
Model algorithms are the core technology for quickly and automatically discovering abnormal data. Big data
mining technology has been widely applied in data anomaly detection, and effective utilization of model al-
gorithms is the foundation for accurately discovering abnormal data. Based on three big data model algo-
rithms, including statistics, classification, and prediction, research was conducted, and a calculation pro-
cessing flow was designed. Software technology was applied to complete system development, achieving
custom calculation parameters and using message control for multi-mode calculation and effectively
achieving interactive verification processing; Applying measured data for application calculations, exper-
imental analysis shows that this detection method can effectively improve the accuracy of anomaly detec-
tion and the level of intelligence for correction.
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