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Abstract

Objective: To explore the pharmacological mechanism of curcumin in the treatment of type 2 dia-
betes through the combination of network pharmacology and Mendel randomization. Methods: The
drug targets of curcumin were obtained from pharmapper database and Swiss Target Prediction
database, the disease targets of type 2 diabetes were obtained from GeneCards database, the drug
targets and disease targets were combined to obtain potential therapeutic targets, the protein-pro-
tein interaction (PPI) data was obtained from String database, the treatment targets were analyzed
by GO and KEGG through R language, the relevant information of exposure data and outcome data
was obtained through IEU OPEN GWAS Project database, and Mendelian randomization analysis
was conducted through language. Results: 111 drug targets were predicted for curcumin, 921 dis-
ease targets for type 2 diabetes, and 27 therapeutic targets. KEGG analysis of these therapeutic tar-
gets found that the main pathways were apoptosis signaling pathway, TNF signaling pathway, IL-17
signaling pathway, and the core therapeutic targets were CASP3, MMP2, SIRT1, etc. Conclusion: Cur-
cumin plays a therapeutic role in type 2 diabetes through multiple targets, multiple pathways and
multiple biological processes, which is consistent with the core concept of traditional Chinese med-
icine.
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Figure 1. Drug target network of curcumin
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Figure 2. PPI network for therapeutic targets
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Figure 3. Ranking of degree values for therapeutic targets
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Figure 4. GO analysis of therapeutic targets
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Figure 5. KEGG analysis of therapeutic targets
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Figure 6. Mendelian five methods evaluation
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Figure 7. Mendelian randomization sensitivity assessment
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