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Abstract

Pancreatic cancer (PC) is a highly malignant tumor of the digestive system, infamous for its extremely
low survival rate and poor prognosis, and known as the “king of cancers”. Currently, PC faces signif-
icant challenges due to its lack of typical early clinical manifestations and highly aggressive growth
characteristics, resulting in the majority of patients being diagnosed in the middle to late stages of
the disease, which makes the prognosis of the disease more severe compared to other malignant
tumors. In recent years, with the rise and rapid development of Artificial Intelligence (Al) technol-
ogy, ithas been widely used in various industries and successfully solved many problems. Especially
in the medical field, Al technology has made breakthrough progress. Although the incidence of PC
is relatively low, its mortality rate is extremely high, and most patients are already in the advanced
stages of the disease when they are first diagnosed. However, if a tumor lesion can be detected at an
early stage, the patient will most likely undergo surgical treatment, resulting in the best prognosis.
Pancreatic precancerous lesions mainly include pancreatic intraepithelial neoplasia (PanIN) and
mucinous cystic neoplasia (MCN), with intraductal papillary mucinous neoplasia (IPMN) being the
most commonly diagnosed type. Our research team is dedicated to identifying early signs of PC and
predicting them through the use of non-invasive techniques and artificial intelligence (AI) tools.
This paper briefly outlines the current application status and innovative achievements of Al tech-
nology in the early diagnosis of pancreatic tumors, which brings a new light to the early diagnosis
of pancreatic tumors, and presents a broad development blueprint with optimism for its future pro-
spects.
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1. 5|8

H 8 R 2 28F LR UM, W E IR 5 8 iR (Pancreatic Ductal Adenocarcinoma, PDAC), JERMZ
P43 WA R (PNET) BA K SR AR FE 1 i eg, G o e it 55 s (PDAC) (5 46 K 2480, & —Fh I AR IH AL &R
S R o A B ] B i A 7 LR (International Agency for Research on Cancer, IARC) I £ 8 £ #% , PDAC
FEA BB IR AR AR S 14 6, MIAESET-FT71H, S m S R st T IR R T 7 frz 41 48
MREAHREBAEE RN, 76 2021 5, EEBEHNZLE 60,000 455112 14 IR JE (Pancreatic Cancer) T 1
103k, 1 A RNZ A S 80T N BUUE LT 50,000 KK[1]. UL, AT LA AR 5w i e 47 T
T, FRAE 2022 EF PR ERT FAHITARC) K oB i vh: TiT 21 2030 4, iRy (Pancreatic Cancer) 5
FE A L L I8 (Breast Cancer).  Hij 41 i) (Prostate Cancer) & 4% B 7% (Colorectal Cancer), #KJE NS
BUEREA RACToR R — RJRIA[2]. 245, JHEIRJE (Pancreatic Cancer) 12 Wi 3 BAKER TE GG A0 &
FE, G IFEIWZ i (Computed Tomography, CT)FI#; L {5 (Magnetic Resonance Imaging, MRI),
FEAE 0 B B IE BT R B Z 94 - 1FSALIKTE $1 4 (Positron Emission Tomography-Computed Tomog-
raphy, PET-CT)X 3 3 15 34T A TR A ML VP4l o JCONMEAR G2, #8185 (Endoscopic Ultraso-
nography, EUS) & H 5] 5 '~ B4 £ % %1 3% £ (Endoscopic Ultrasonography-Guided Fine-Needle Aspiration,
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EUS-FNA)E &I 12 W 5 0 i R rh s 28 R R B R . )R itk X2 Wi ik R i FE AT ]
852 B 2 P R 2 0 R 3R s o (R, anfer 4 s i B B2 T AR A B2, et/ D B 2 THT R R R s
JSCA B AR DR ) ) R

“NIT#RE” (Artificial Intelligence, Al)IX — RGBT 1956 Fgde t, %O BT H HHLASALL
NS 5AMBE ). HLEE % 3] (Machine Learning, ML)VE N AT (RRSZERAIR, 8H 7 —R515%,
AFEEAFR T e 5 M (Decision Trees) FEHL AR P (Random Forests). A L1 £E W 2% (Artificial Neural Networks,
ANNGS). 3Z ¥R EAHL(Support Vector Machines, SVMs). 12 % [7] JH(Logistic Regression)~ V1177 7% (Bayesian
Methods). K #4857 (K-Nearest Neighbors, KNN)&, o, A T2 X 25 i (1 5 A 28 X 45 (Convo-
lutional Neural Networks, CNNs) 7 B 4% Ab 3 4535k g I H sk e« P8 5 % >] (Deep Learning, DL)4% A IE
IR PR A I RS L, REE RSB B2 UL R ) R b AR AR, IR 4 T 20 BT X SRR AR 18 5 A B 45 2R
Z PGt RBE . Btk JET N TR RE ISR 2 5 T LA S H oGt I i (R RS B2 T (3], TR B2 ) Al LA
S R e B v S TS B AN AR S5 52 R U TR A , i figke e 7 AR i 1100 7 300 7 R O RO ) 3
[4]o NG — P BhHORTE R 2 U R I 32 B SR AT 5%, 6T ZR R IR 5 8 1 (Pancreatic
Ductal Adenocarcinoma, PDAYF B F S, EA LR ULCE R IR A . H ai IR 89597 75 48
SRUAFRYIBR A F B IT FBLS] (6], SR, FRARFARGPEVIFR AR fG, 3 BTG WA T g = 2 R 1)
FEUR PR, WS it Y PR S U5 SRS LR AT PR B RS TV A O E L, BT, A TR RS IRK
SRR RS N AT AL T A SR B, B D) 7 R KA BN IR BE WM E S RMFER R, DUHHE 12 08
bEipa

2. Al SBhRRBR R R HATH E S MU T

18 R JE 25 2 S AL, mT DK R 88 R FH B SAAR A 2 TERE,  an vk SEALIT 2 4336 (CT) e RS 4
FAZ(MRI), SZite [ S0 ARAT 59N, RS TREE IR IO INE AL, 5 280 % 1 Ft i 5 45 i (Pancreatic Duc-
tal Adenocarcinoma, PDA)5 HAth figé B BE O A . by i [ Be 9 70 (1 BA BT AE % 1) PANDA A7, fEB)
Iy B4 ZER) (10 U-Net) 5 ZAE 55 BRI 25 (CNN), 3K B 1 6 IR B3 1) e ks FE IR I e 1o B 3
TREEIE AT AR NHF LR (i e 4 b DA K 5 IR B A DR B 1 — R AW ) 1 Bl 48, N TR Re
ARA B TR, R DAV A F 28 M 0 AR AW [, 33 T R 36 P R R I R T &
B PN RORE VB Jir 8 (TIPMIN)) 2 JiR e R IR BT RAE , FLs Wi bk fobl iy, 75 22— PRk 35 Bt
I3 AR RS ZE T v AR 2, DABEEAT BB U7 170 A 2 B8 R NP VPAS [ 7] A THRZE IPMN, — T Fi 83
TR N EL8], FRIEAE T 3970 MR BLHEE S (BEUS) SRS EG, A Rdi N B B -1 & 2 S d A
o, DU N TR READ VR J AT TRICEERESE . % L8 MG A N B A IR B 2 STREZE RS N D) o T 9 465
SR, BPERE N FLSRF R (IPMIN) 3 AL PE 2 22 5 T R 7 IPMN (0.808 vs. 0.104, P <0.001).
AT AT T 2R PE A TPMIN B 5 b 1 32 33 TVESFAE i 28 (ROC) R THIA(AUC)IE # 0.98 (P < 0.001),
XIGIE T AL ZETI IPMN SEASTE RS 75 T A RCAE . AT TR Bk M 2R A R . A S M AU 1k 23 30 R
95.7%- 92.6%F1 94.0%, HAEFMEM T AL WN(56.0%). EWFRAEY, SOEFEZZS BB AR,
BT IRFE 22 ) LR AL W] RE R —FhHE A i H s ALK i2 I IPMIN (1) 777 .

AR, BHIE N GL7E X BE R 5 2 BRI 7, R T e e AU B R R IR S A
(Pancreatic Ductal Adenocarcinoma, PDA)Z [B] A8 S ME R B B R B . 1Z0F T[0T 1T i 12 WO R s R A,
PR T — MR Lo U B, B RES T M PRI R RS . AR SR H(BMI) A I BE A% 57 PR 25 A% O il J e e
HE. BT ERICKEHRS) AR R, B TR EST REEBIEE, BRI A &R S
TSR AN AT Bl () B BB R FEARTT R AT E[9] [10]C R T I TR, XL IR Bk
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REAE BTN P43, A U =4 N S e (1) BB R R e . e i VT2 > 3 IS R 2 Wb J
It 80% I BBUR 4 R S ME(AUC = 0.87), AT W8 R A3, LR e 0 B 39 n 13k 4.5 fi%. 534,
— I FE[ 11K 2 8 [7]H (Logistic Regression, LR) 5 A T A4 % 2% (Artificial Neural Network, ANN)fZY,
B A E G 7 2 BYRE JR 99 (Type 2 Diabetes Mellitus, T2DM) S E A T TNAEZL, BER. U IRE Y
TBTTAH 0 S G HRESEAE I Mg v 7 KU IR e R RN o e, AR A 0 ik e 77 T 11 324K
T TAFFHE I Z(ROC) FIIARIEE] 0.727, Bonth REFHIBAINEE . N ICIZ IR RABA, B 5025 K42
AREATRENS G BTN o [H 5 7 T2DM B3 1 i KUK o [FIRE,  — IR 6 (5 40t e b 1 [ st A 371
FE[11], BEWETEXT 109,385 BlHANE IR 3 I EUEEAT TIRA T b, 390 (4L 0.4%)ERE S =
RS IR R R (PDAC) o TR IR e 2 PN A 2R (52 TARRHE M 28 R EIAR : 0.825 95% &
FIXTE: 0.75~0. 8NN T H# . FAFESGE(BMI). BMI 24k WS BT 050 S ol PukiiR
RAWIRITIE DL, DAL ML 8 FI(HbALC) S RHME B M08 A WLEF AR B R B S5 AR (e b . I8
i Bootstrapping %riiE, 4% =4E N PDAC i 2 (19 T XU BB W 2 9 1%, ALTEXT 6.19% 00580 R bE IR
o1 SR HEAT i MR A, BIRT U0 AT 44.7%URTE | 94.0% 5 5 AT 2.6% B PE T i) PDAC Ji il -
X—25 KB, BHR[EH(Logistic Regression, LR)E AL e B H £ 8R (112 Wik Be, e & Re e 1 AU ik
Ji e 1 B B2 MR AL 1A IR IR SR

3. Al BRI EER G FERRM

R SRR A E R S R R E SOEA LT M E R R . AR, AR R R R T 4
BREAKRIRRIA N 2 —, FHRATH ERE I JORIT T R 282 &5 U ML R AL DA A
S5 % R R I E R o AR A 4R B A S Bl [ £ AR A BRAFAE AR T B 12] 24T, R 112
Wit — AR A MR, B R IR R, S E R RIS I R bs A BRI DA K %2 K
BEARKIN . GRS N BBI(EUS) [13]. RE WL, SR oA AR BRI I S 12 I b (A2 O F B
MR FAENFO BUR AT BOR, FEH P s A . VRN — ARG 7y, 8085y
Hraeis WE T R P IR ECR R e G B, X L5 A B TR 50wk e AR A 0 St R R o A%
REE,  JF 0] 2 FoAth B B PR R SRR ALK, B PR R (e )RR e MR 20 9. TR BhIR T B R
T CA K A 5 A7 2 TN A o FEME I3 M, SR A 3 5 700 3 5 1) TSP LT 2 45 1 (CT) AR 3L 4R 1% (MRT)
SEARE R UGS IR PR 14] [15]. TR, PREES: SIBR Cgiir ek M1, O —FhOBLELTE: 7 i Bhiz
TH, MATBERENZE . 226005, W R B T —FhiR B2 B, (AR
2, ZHR[16)E T N TGRS, FIHAE 347 £ B H 107,036 kIR CT B AL R 45
HHT 7TIAE, BUE T 20 TR M2 R A(AUC) N 0.871 & F1 2 ¥0H 88.5% ML R M. %A%
o T 2 TR i B PR 1 0 R HE R SN 82.7%,  ELTE X 4 S8 P FL SR BB I B B8 (IPMIN) 5 i iR 5
i (PDAC) J7 T JE L T W AERAYE, 0518 100%F1 87.6%. ASHE 7t H H (A 7R A B2 i it fib 83 £14)
AT W= BRI B, M FARBITRIRCR . ieah, kA EM—T 7178 K T —H
BRI L (CNN)AR L, 2 AT 3T 200 44 20975 BEAIE 52 1) g e £ 3R A5 10 3494 5K CT BIEAN 190 %4
TR R B 3751 5k CT BUEEIE M i CNN BT ISR B2 2R, AT 4 2R (R B
A AR = 2R OCE « BEARAR/ RS R« IRAR Sk /20 iR ), HLHERA N 95.47%, BUEME N 91.58%,
RSN 98.27% . =MW B2 [R5 Sk Al F BURBE 22 57 B3 (% = 16.651, P < 0.001), Bl ik A ry sk
15 o
BEE N TR RERARIL, PBTHEE (BUS)EUZ ISR SOl T R E 58T NNIKHE B & Sk 1 ik
JIR 5% (ATP) 5 I S5 e M2 P FBR IR 28 % 1E 5 R AR AL SURI HEAT S 2 W A0 R 2 pk e, BHF N R T —

i
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P T EUS BRI G A E M Z(CNN)BLAY[ 18] AHF AL AT 583 1321038 (BLFE 146 4 1 5 G e g
BRK[AIP) 3 . 292 B fif iR 55 B (PDAC) . 72 B8 M AR 48 (CP) B 3 B 73 91 16 B AR (NP) X 1)
W, ORIHARECT 1,174,461 MRANRREI B HE S (EUS)EIE . ATA I BLZNAE X 7 AIP 5 PDAC BRI H
90% 5 93%[1I U, 5 NP XA BF 2370 99% K 98%, LAK S CP X 4rBf 737N 94% F 71%[H1 ke
S, T BUS-CNN BERIZERE X 4> AIP 5 PDAC DA% BRI Rw A8 J7 T I 68 Jy, ok 1T A 1) 5
WL RSB WTRAL T ISR 2T, B0 TR BRSSO B 32 o E R R ) R R, K
NIRRT AT AR A, AT R M e (R 12 RS P S ARA YR YT T SR F R T R A 5 XLk e
Sy T N T REAE B 28 J e T 9 5 Wi PR S B T 35 77 T 4 A 1R 9 7 o

4. RIREFARATH AL EKIBHER

HHT, HATE T ARVIBRA K T BB a7 SRS RO . B BRI TR, LR E R n R B
JERIN A I DIBRBOAR B SeHt 7 KBRIRVIBR AR & M EE AR A, LA T AR
REVEHHEIE[19]. RO VIBRARER AT ROE K B TR A7 WI(DFS) A B A7 H(08). fEMfR = i E A
HRAR 2 A6 A RE 6 TN SE B RO VIBR AT RENE, IF BARJS IFAOME RS AL T W] #3252 Va N R 00 T I3 A
WA E VISR BLALE i BG )T 2 R AT [20]. RUEAAAEPbR, (BTl Bia T (NAT) I 51\ B HE ¥ 98
WRIA LT AR R (038 I Vi R e 0 T 5 g T IR R AT 5t e JCHAEAR IR, AT REAER
e il B 7 U LB — AR A RS BT B B A TR ST [2 1 R I T AR B EORNS 64 151
fisee S5 1 HE QoY) i AT B0, RSIIX 2> TR IR S RORE B A ARSI, IR
ARONGR T — AW B, ZEA T2 F1 PP 85 0.86. bAh, 6 ) — T 7eiz FpLAs 52 2107
12, AR TR BhR T TR R SR CT R, BIRBIIFSRI T 5617 RN R ISR A4 A, TR
T AR, e AUC ik 0.94 [22]. XA TFEUERORT AT I RIESE 1 A 8 BEAE PFA4 e I 3
AT T RO R ATAT . B R A e T N, N TR AR TR M IR T T Rk
O RAREFWE S, S FART . shsh, BRREEITR T B3 RIHR, ARG L:
SR B IREE, NTHA T RIS T 2R B 15 B [22]

NI fE OB ANRHISAN T BB 1 58K TR, el e fE =4 @ 5 AL EoR N A B =4Em)
MALTARRENS K — e B RO =R R, SRR B, At 1 s A B RS K
HGMEARA LA A0 R R o 11 RIS P HUEAR WAL F AR e s iR AL &, 4RI T PRI
R RE AN 22 4k o v [ — O QIR AT TR s 1 = 4 H 2 A PP JBR s O3 T P B R I e RBORE K vy
R, NIRRIRSEIEHE 7 A J30FF[23]. Pugin S AT FE P BAKS 08 50 I S-S AL A R N 2 e 5 Pl o
DIBRA R, SEEL TR AR R B4 T S B A B EARSR, X QTR O G SR 1 AR X g 4 A (R AR
SEMRES, MR FARBIEE NG, REE, Il aedt DRI 7 PRI L EVE24]. A, FEZE
B R RETHLP G R EE RPN, K EE R =4 GSEn & T IR BRI AKX, AT
A FEAR BRI AE ) S B . I EORAE B TR R SR R 2L 5, FRA B R I I TIBR, M
MR T Fr A AR B BIRERESZ RO GO0 ARG PEVIER(25]. N TR RERMAMRFSC B rp, i St if
HAMERFARTH, ARTHEE BRI B R 7. s, N R REBORAE AR 8 540
W RN, ACRZ RS T2 BIRE R TEATRCR, SRS T2 Wk s — T BeR 2 TR 12 T
MNZE 56 P8 1 1) 8 e A DR SR E R AR

5. Al M FRRBR A BE AR RH LENTNNEE
el T AT T AR I R PR, BT 25 TR b () B8 (1
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). ARJE M. BERERGL DL B IS Sh DR RGR (B HE IR ). Horh, JReRsRR SR MR AMRER JE 5
RICRIE M FEUEE I E AR R FK[26]. W HE E PR o 567 50/ NAASGPR) bs e, T HE+ 48
Bl F AR A, T RGP VR A DL B AR B3 (CR-POPF) KU R 36, X S8 (0 FE IR 5 A5 il N o B
TR AFAE B R AR LA B OR R R 2 5 . SR, BT SR P R FRE R X Vi o RAAN T
PUIidEbr, HRRYERE, KRBTGS X EERR27]. REFREZHIFEE, BAREY 2
IMI R, RIS RIEPOPF) & i+ —Fa VI Bk R(PD)Jg —Fh T B f S B e R F RORE . B 45 THF AR
s 2R T AR AT EOR 7 POPF, (I AERPETIAF5E . 25T N T BR(ADFARTE BT 83 1 )iz B
., WHRNGIFR T —M3EF Web ) POPF TV &, 1%V 615203 TAERHE M 28 (ROC HhZR) TR
074 W ZE N THIAR(AUC), trdids REFHITNARE. % PSR H Al HikL8E&% 5 1 16 T POPF XU
K2, BAEREER. RERHBMD. RTIE S & AR TBIEEREE . RPlaiEeE. 4. M
AT R R TS AL T BRARAL . RS HATICA F K UIBR . FAF R 2 R i BhOT s 3% [ IR
BT P23 (ASAYEAr « PG BRMR T Hh S et o 0o 00 DA SR BT A2 04T N BT8R R IRIE DR . LR
FIFR) T i FH AT TN 75 2 55 RS (R 32 1) POPF 2 2], SAAMRHEE AR VE Al R IR AR J5 I RORE R $ 41t 1 J
THIEHE BT TR 28] [29]. BN TR RBADEIA, RIS S (ML)F %, 78T i 7 A 5 1
HRCORE J7 THI e I HE S35 098 70, AR R TS R B Stk A VR T SR A B . Al 5 ML
BB DB ERIRIRSEE A, BERME P R B A BT TR SR SR T B

6. A S5 R AR 8. TR RO T

JER g S5 2 PR AR ARV 5 b TR R R 2 T R SR TR AR /g B, AT PO 8 2 A6 e 8 522 K PR A K DRI 3 15
ey B, S [ R 5 AT [ MR B0 R e, X 4846 191 iR 8 [30], SR BENLARARE S Cox
EEA RS A AL AT X B 3 A, B AR VA JR i s o R i 2 ) RS I S ) e E TR IR 3R . (T R
R, BRI TR FE AR AR R N R P, TNM 2030 T 23 11 DL R b B /B 3R 5 0 o 7E Cox R
W, XA B ) R A BN A TR L EREE (P <0.05). BENLARMELAL 5 Cox AL C F5 5034
B2 71179 0.6805 #110.7738, Horp Cox BB [-1-34 C 8ECE &, RWIILAETGE ) B BARS . sk,
W IR E 7 LN A 28 I 2 (ANIN)ASE B S S0 AN T 1) o e it S 3 IR AR AR 26 (3 1] ARTRTUAAN T
221 GIA W UIRR B o, W T 32 TGRS, Hig R K2 A& logistic [H]JH 73 HT FAliix 44
ZHO BTG BT EE J7 o AT ER 7 =N ET 3 A7 A A 32 AN FERBRFAE 19 N T4 X 45 (ANN)
B, BAEMNEE 8 MNHMAFR. 85RER, I ANN BREZE TAERE 2 N iR (AUC) J7
T T AN [ logistic [ JT#57(0.811 vs. 0.680, 0.844 vs. 0.722, 0.921 vs. 0.849, P < 0.05), 44 J ANN
TERSHA TS AT b Bk A B A AF R T . A~ R R ET 2007 £ 2015 EELENE R
LRI TS P RE B FEE, XK T ANN BiALE logistic [FIVA(LR)FEAY,  DAFRGI A2 VA REAR
FARJGE 7 RN SIZEIZ AR . @RI BA S VP Al & R i Tl g, FF PR AUC SR HETE L, K
PR HEAE 2R 2 RS B 23 B0 = e B B o B . X — R — BRI T ANN 7ETi
Wb B 2, 159 55 T H R G450 SR SR B o AR AR 35 o 1X 28 ANN RS AT e 9 A AN AL A
HE MR VISR, AT IR R B AR, IONIEIR SEER R TR IEARE -

7. BESERE

AER, RS2 5 N TR REROR IR HE & IR 1 = 25 50t LAE SR e A0 78 S A EL T2
ik NTLEREBORTE B K I . KEBRIZ W, TR P05 S0 58 K PG VP55 2 NI R BLH
JRE RIS AT S o XSRS IR PR B AR SR 1 RS . = R oS B T B, A B T IRAEIR T O %,
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BETT SR VR TT O, R T B B A7 3R 32] . B HAT, N TR REHOARAE J e L 32 W v 1) 2
s ACRZRTE T2 W RS PERRCR, SRSCEL TS W R BOAR L2 oot AZebe VA v 2 e
PRSI . SR, VAR N T RE AR MR e U ) S P iS5 B, B T TR0 R 3K . o 2 1 i
AT REETR S 2B, TR TG VAL BOTR L 22 SRR, DRl = 328 W 2 170 1 s 2 % 7 T ek
il IXANLPELAG 1O AR BB, 851K T ImPR I SRS o DAL, a5 O et ot i (k7 A
DASE s AR TR, HESDORERERTIE It . UK, AREAUAE S R B SR HIZ AL RE 0 BN IR AR AR R
IS 1 L 36T B o SR 4R D VI 0 JR 8 R 2 ST AR A I Y T JH At B LR I T RE A7 7 VA
PEZESR, SETHREAL A2 AL RE T T8 OR FELAE AR PRIFBE T BORSE MERE B R E 2L ([33]. BhAh, F1x R
LRI DL TR R AT, DR AS A PR T 25 A7 R AR R ) 245 B0 i R LR B, 17 51 Ak mE A
ARENE . NTEIRR —XERUIF PRI A PSRRI R BRI E R, R g O B E Y
KRB, LU AR A A ARG I SRR A (0 2 R PRI B R [34] . N L8 REAE R 20T 5
TR TS A L T W o OV SR T ) R AR, ik b i — B B S R e bt AR DR 15 2 M O
V5 Bt S BEVE A AR E o I T AR (10 3 L JUAE i) R A0 58 36 M I 2 S AR AR AR S Pl S L B, TR
I PR S 4 B B s S B AL A B SR [35]

GRLEPTE, SRS 25 N T REE B 0t 7T b i e o P RREE . 2 ALRE T REACR IR S48
WS L B, HHIEE IR 2 AL 202 R BB AR BRI ST 77 10 2 5 AR T 2 21 2 0 20 #r
MBS, BENEEESERMENIAITITR, UIRTHAETTRER AR, MK fRE, NTH
REHZ AR R S Ya I IE AT A6 8, TR T NEIBORT . AEYhR SR B 25512 A 3 2 S MR TRT
SRS RN SF 2 AR, D BRARIT R B PRBT 5697 TR T Ses AR, RN ok 7R mpLE 5 ekik. FE
BN TREREBOR M FFEEIED, AR BRRIE 532 W ARk i LR )32 FIRN - RATHIS B 2 ks
& R RCRIN TR RES W R IR EL, D R 8 (RS v 2T ook F 536 N TR RER AR LE R AR
RS2 WU B T BRI RE S TR R AT S BEEBOR I RFEAE 5 N AR, Bl
FRAE N T BEKE AL SR AR IR I TR 5 8T TARh i A O A . PRREAE S0P . REERIRIN K
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