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Abstract

With the rapid development of urbanization, the construction and operation of gas pipelines are
becoming more and more frequent, and pipeline accidents are also one of the main reasons for
property losses and casualties. The high-consequence area means the area that may cause a se-
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rious damage to the surrounding environment after the accident. Traditional manual identifica-
tion has problems such as low recognition efficiency and slow update speed. Therefore, the use of
intelligent identification to carry out the identification of pipeline high-consequence areas is im-
portant for accident prevention. This paper summarizes the relevant technologies of intelligent
identification of high-consequence areas in gas pipelines, and indicates current problems and fu-
ture directions in the identification of high-consequence areas. Studies have shown that combina-
tion of remote sensing technology and geographic information system, using artificial intelligence,
machine learning and other technologies, can effectively identify high-consequence areas of gas
pipelines and improve the ability to prevent and respond to accidents.
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Figure 1. High consequence area identification process
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