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Abstract

Accurate prediction of drilling machine penetration rate is of great significance to reducing costs
and increasing efficiency in drilling operations. This paper summarizes the research progress of
drilling ROP prediction at home and abroad, which has roughly gone through the following three
stages: ROP prediction model based on physical modeling, ROP prediction model based on statis-
tical regression, and ROP prediction model based on machine learning. Finally, the challenges
faced by current drilling machinery penetration rate prediction models are analyzed, and it is
pointed out that in the current era of rapid development of artificial intelligence technology and
big data, enhancing the cross-regional portability of drilling machinery penetration rate predic-
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tion models must be a future development trend.
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