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Abstract

“Third Code” is used to describe a translated language that is distinct from the source language
and also differs from the target language’s native language. This paper establishes a sub-corpus
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based on novel texts from the Lancaster Modern Chinese Corpus (LCMC) and the Zhejiang Univer-
sity Chinese Translation Corpus (ZCTC), utilizing research tools such as PowerGREP 5.0, AntConc
3.5.9, and Python to conduct a comparative analysis of the language features of novel texts. We
further divide the research dimensions into vocabulary, sentence, and discourse levels. At the vo-
cabulary level, we analyze the average length of words, vocabulary complexity, vocabulary density,
and the usage of high-frequency words. At the sentence level, we compare and analyze the average
sentence length. At the discourse level, we study the differences in the usage of conjunctions be-
tween the two types of texts. The study reveals differences at the vocabulary, sentence, and dis-
course levels, apart from high-frequency words. Previous research has shown that the differences
between original Chinese and translated Chinese may be influenced by different literary styles.
However, in the comparative study of novels, they may also be influenced by different novel ge-
nres.
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1. 3]

Mona Baker - 1993 B IRIE 1 RHEE 54 SEIEKZ G ERHESORN T8 SR W AT
PE[A], BONTE BRI 21 T, 22 FH I3 TR R E R R BT U SE . 25 TR E 2 4R
PR AR R A FALFITEAL[2] [3], B KU LU [A15EHH G AL . RS 5 i T H
BORMITFEXS KR H SR B BRI R AT R I P iR OB “ B 57 (038 5 RSk rh SR BB R B R o
WA B RS AE[S], AR . BRI E R AR IS S — MR AR RIE 5 AR, A TS
B H AR IR BT S BRI L3RI R IR TE S R ROy “ B =R 7, BRASF TR, SR TRRE.
Laviosa [6]75 %21 305 BBV AL 1 AOA A A B3 SCLE BREAE HT BE 2 i) Bim] s 2 25 alR £ 5e R [ 7]
BT PUIEBa0 BEAE R PR 5 A 73 A SR DO 5 B VEARRAE, 20 0 AN SEG] R i) A RS L 4 SRR
B E RFAIE - AR W R[S Y 14 TR 52 2% L ARG 52 2% L AR B oxeh LU B DR AN S B DUTE ) Rk R
Fegt. XU FEE S 7RIS S 5 RA0E SRR IC B AR B I RAE, AU RN BT
JE IR R GIDOEAEN 1 DOE (018 5 R 1E. X LEHt S SR LRI T G DOE B R DOE I 2= A1, A
BRI R AL, AT X AN R e SR R R AR A

YA ) A SR T RE S B D I BUA SE IR . Sk — PURTZS R[] 1 133 5 JEL 6 DUV 1 1 e
PEBAR AT A 22 A5 0L, R DGE AR T B QI DGE R L 2 A A 2R . DB — ST
SR, TRIH 3R 2 SORN 32 R ST — A B AR 1) VAN &) 7 Rk 2 T R AR AR AL o WS R [10]#R T 1 8
PN ULRERFE, T CCTRC “HARDUERITE N IERIE” « LCMC “ 2R ErRr B DUETERLE” L
St LCMC(N) (LCMC /MBI 70) =N ERLEE, BETERBL, 5 A8 5 ARRIESOARMI L, DUERIRE/
AL T TS AR R — 2 B A% A SRl SRR IE . AWFFOR 3 T ZCTC i
QPGB EHE R LCMC 22 R R DURTERE , S K-P /NS RS 7, RN A ANE R 2
T FEE TP 5 AL A LA T

][l
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2. ARAE
2.1. WHEIEIRE

1) LCMC Fl ZCTC TERVCRFE A T A2 A7 22 57 ?

2) LCMC 1 ZCTC 7EA)F Al i 2 1 115 5 R T AEEE 572
2.2. TERIKIR

AHIF T3 £ 2% R W DA U 1 4 (Lancaster Corpus of Mandarin Chinese, LCMC). i A iE %30
T R}E(ZIU Corpus of Translational Chinese, ZCTC), ki 13 515 5 56 I F) A5 3 SO0 38 5 R 1E
LCMC 2 92 [F 2= K Hrks K22 1) Tony McEnery Fl 1 SBAESE 2003 4E 2 Bl IR B PGEERHE , 29— Ji,
Hr g 500 7202008 2000 A B SCA, SCARNA RS 15 M, 1Ry 1989 2| 1993 4 Hh [ K Fii 1 H
W, TERHERH ICTCLAS 2008 EAT 40l AR PERRIE, 7l ks Ik 98.13%, Rl PEARiI ks FEIL 94.63%
[11]. ZCTC 2% LCMC RIBLE L, HAE A K, HE . WHUT A —#. LCMC Al ZCTC
AT DA FEHR LA AN 5 R EC A (0 1B , A0t LUE 70 B LRl {3 B o MBI v 43 Al Bk 2w o K-P
(— MU TR/ BRLIANGE S B B /NSRS A AN UE) AN BRSO, 405l 117 G .
2.3. fiIRIR

1% 5T 3 48 ] PowerGrep5.0. AntConc 3.5.9 £ Python #E47 %38 4t i1 A1 #7 .
3. R
3.1 WWLEE

TEWCJZTH B AT EZEMP A VR AR, )y 2 R e A i) J L T R T
3.1.1. F#iEHc

SRR R R o SRR BE ] (A, P IR SO IR PP A R, BT DRI SCAR 1 1E R
FE,  BARRIA I 2R i (1 SCARF 38 1 PR BB AR, 17 P o (1 SR~ 38 il /N [12] o
A “2 17 Gitgs R, BATRTLUE H ZCTC i kHE /NGB 1T 1 K% 5 T LCMC i8R R/ ik
B, BHREDOE 10 IE AR FR B, TEANDGE 1 115 A0 R B R =1 (Python 383 12 AT AR WL« 15 17)

import osimport pandas as pdfrom Ixml import etree

def extract text from_ xml(file path):
""AN XML SRR AR
with open(file_path, 'r', encoding="utf-16") as file:

xml_content = file read()
root = etree.XML(xml_content.encode('utf-16'))
texts = root.xpath('//s/text()")
retumn ' 'join(texts)
def calculate_average word length(text):

" E SRR R

words = text.split()
total_length = sum(len(word.split(' )[0]) for word in words) # RitE®
a4 E

return total length / len(words) if words else (

def process_corpus(folder path):

Figure 1. Python code for computing average word length
[ 1. Python I+ EF iR ER 531X FS
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Table 1. Average word length table of LCMC and ZCTC
%% 1. LCMC #1 ZCTC F#ia& %

SESIR K 1.35 SE35A] K 1.39
K — /it 1.33 K — /it 1.39
L fiiER Nt 1.40 L iR/ 1.40
LCMC ZCTC
M BFZI /N 1.43 M BHZJ /N 1.37
N AN 1.30 N AN 1.43
P R 1E /ML 1.35 P % H5 /Mt 1.35

3.1.2. IALERE

TTR CETFIEAF L) TEERLE =R SCAR T R 2 N, & T MR SCARRHIER — NS KR
B R TR AN F R, BRI BRI B SR . “RFIERFL(TTR)” RonM R E A1
B RN R A B R, — Ml FH R AT B TR R M 2 FE P o OB AR, T WE R R il R i £,
FEMFEE, AR RS O, 3 B E R AT e S B C LR s, ST — s
WA . AN 2 REE D, Rttt k. ARYE “% 27, LRI LCMC /MU SCAS ) TTR e &
F ZCTC /MARE ) TTR $0fl. tokml W, JREIPUERRNIC BTN, WAL, ] EEGE
MRV A E T e MAE/ NSRS, AFIF/NGESEA TTR BUE W AMFE. 75 LCMC #ERES, 18l
SR ERARHER N WIRANGL > /AN > UM > — U > BRGNS 7E ZCTC i kkE S, 1]
ICE R HEL BN > BRI > RIS > — i > Z 15/ M.

STTR (bR LSRR B 5 L) th 2 F oK S e SCAS TR = 5 FE M 85 B 1) B b, 1A BB S e 7 3¢
AHAC 2 REE, B SCARHRNC I E & FERE . STTR BENSIR TS L SUARK E Z R e, it it 5 7 4
1000 Wl FIFFIRLAFLL, Gt @ R MR —FR. BATTLURIL, BB SCAKERZ R, LCMC 1brikfh 2
FEIRFF G (52.41) HMIK T ZCTC (54.29), #1522 BRI 545 B I — 3. JRQIDGETEREE T, iE/ Nt
STTR fxir, MEE/AUE STTR Hflk; MHEIEDOE T RHE ik /Ml STTR e, — /Mt STTR &K
XA RE R /DR BB, — 2o/ R TR B SRR R R, R S s, GBsR 2R RIA T 5,
— YR LR A R, Ik FUBLRT B (Python THERITE B 24 S TS I “ 27 ).

Table 2. Statistics of genre tokens, type tokens, TTR, and STTR of LCMC and ZCTC novels
= 2. LCMC 1 ZCTC /MR AF T BIFF. TTR. STTR itk

1B R} PR eVl e BITF TTR STTR
ZLIUN 92485 990460 35.01 52.41
K — R/t 20693 60190 34.49 51.26
L iR/t 18036 49268 36.60 54.73

LCMC
M BLI /N 4225 12374 34.18 53.96
N G /N 20856 60232 34.62 52.85
P AR /Nl 20806 59686 34.86 50.90
K 83676 239795 34.90 54.29

ZCTC
K —f Nt 20607 60540 34.04 50.66
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L iR/t 17216 48920 35.19 55.38

M BTN 4227 12265 34,46 53.42

N B/ 21666 59039 36.70 57.02

P Z 1/t 19960 59031 33.82 54.47
def ca IILL!I.HL. sttr(text, seg

" E ST A Y STTR J—JZZIS \Eﬂiﬁ%ﬁﬁ’]ﬁﬁx"""
tokens = text.split()
if len(tokens) == 0
return

segment sttrs = []
total types = set()
total _tokens = 0

for 1 in range(0, len(tokens), segment length):
segment = tokens[i:i + segment length]
types = set(word.split(' ")[0] for word in segment)
total types.update(types)
total tokens += len(segment)
segment sttr = len(types) / len(segment) if segment else |
segment_sttrs.append(segment_sttr)

Figure 2. Python process for computing genre tokens, type tokens, and
STTR

[# 2. Python 3+ 5 257F, BIFFHN STTR ER4 TR

3.13. WLEE

TC % — % A = Lexical Density(LD) = (content words/total token) * 100 k7, EIsz S &5 R 4%
(176 EE o Ure [13]3A A il B 12/ FH BRLAN SCA ARSI 1) 2508 7 SCAS S 1 B0 L B SR ff o ST Uik %2
SCAR BRI BE bl sy o SO R, RRE AR S IE BB S . £t ghid. B
A ElE L A %iﬂﬁ’l\ﬁﬁﬁ%iﬂXE‘Jﬁé’éﬁdﬂ%Xﬁ[M] Zliﬁffnﬁﬁﬁﬁﬁ’ﬂﬂﬁ MERLEE 8 A
ICTCLAS 2008 briEialth, HRIEIAMERY, 12 PowerGREP {43l it iz i 1E I 223k 2045 i 92 SUA AR
AR RBCR T A%, Gtss R FERR(L “%37).

Table 3. Vocabulary density table of genre in LCMC and ZCTC novels
= 3. LCMC 1 ZCTC /N ARIRICEE R

LCMC ZCTC
S K BS¥iels) W E S K BSRickE W E
5SS 241750 241750 49.5% 5SS 112061 239795 46.7%
K 29744 60190 49.4% K 27722 60540 45.8%
L 25219 49268 52.2% L 23039 48920 47.1%
M 6063 12374 49.0% M 5764 12265 47.0%
N 30697 60232 51.0% N 28703 59039 48.6%
P 27836 59686 46.6% P 26833 59031 45.5%
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i E g E, WRBL 1) LCMC R DUE /N AR iR e R 1A T 15 (49.5%) 2K 1 ZCTC #
BEDUTE BN BRI T (46.7%) U WL B DGR /N SUAE T BE 2 i s S|, 5 B R EREOR, MBSt M g
s 2) R/ AR AN A RN B R BEXT B, ANE R N DR BT sURIE R
T/, LCMC JELBIPGE RN BEAR L ZCTC B DR T AR L 2R 3) A/ MUl (P)EPIANE R
J2E F ARV AR A iR R

3.1.4. =37

AWFF 53 HIFIFH AntConc 3.5.9 F1 PowerGREP 41t | LCMC Al ZCTC H/Ni SCAHE T 20 11 40
WL 47y, WIFRFTR, WATTLURILAT 20 ) EATE A R ], AR A IS T, (HAR S
KRER W7 . “HET L T ART L R b AR, LR BIEE (A A7
“HTYRMNFEGE “AET ). I AT ESUA R 5 L, AR BRI B DGE /N R S AT 1 A7 EE e, B
B R PR LA /N b v v AT B A BB £

Table 4. Top 20 high-frequency words in LCMC and ZCTC
%2 4. LCMC #1 ZCTC S 5iAlZk(Top 20)

LCMC ZCTC

4 i it % 4 B i k%
1. ® 10,107 4.18 1. B 12,123 5.06
2.7 4,693 1.94 2. fih 4,553 1.90
3. & 3,320 2.37 3.7 4,388 1.82
4, — 2,866 1.19 4. K& 3,613 1.51
5. A 2,706 1.12 5. & 3,396 1.40
6. fii 2,611 1.08 6. It 3,278 1.38
7. 1 2,369 0.98 7. 1F 3,020 1.26
8. A 2,277 0.94 8. — 2,649 1.10
9. & 2,260 0.93 9. In 2,439 1.01
10. 1,760 0.73 10. 1K 2,104 0.88
11. 1,735 0.72 11. % 1,544 0.64
12. 1R 1,722 0.71 12. 1,533 0.64
13. % 1,610 0.67 13. X 1,345 0.56
14. 5 1,433 0.59 14. A 1,296 0.54
15. iX 1,421 0.59 15. b 1,283 0.54
16. it 1,344 0.56 16. 5 1,184 0.49
17. #h 1,203 0.50 17. &k 1,179 0.49
18. 1,183 0.49 18. b 1,143 0.48
19. 1,132 0.47 19. #| 1,077 0.46
20. | 1,008 0.42 20. 78 1,021 0.43
Bt 4,8760 21.28 Bt 5,4168 2259
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32. AFEA

TER)TIEH, %S B PNERLEE 1) T3 A L B i . PR 5 SOk 2 R IR KIC &R
[15], AT AFRATAR AE B A b4 42 J5 G DOTE RN B DUB 7P R) K R 22 50 o BT DUARTIR 7838 5 i a2 /N ik
K, RICE— SO R R G PGB IR R DOEE I B 72 5, 4 FAth [v) RO B 7 1) 22 57 ARG
AHFFLEEL LCMC F1 ZCTC W EHEIZ A Python ig4T 45 W F (WL “# 5”7 ) (Python THE-FIA KK
B0, “E 37 ).

B AR BOESR[141E Z R WF e b 5L LCMC Al ZCTC 7E 15~20 2 [7], {HAHF SR E 1 Ci,
RPN P38 ) K TR ANE R th B R I A, B IE TP A S SO I B . DUE R
/NG AR TR N R P A . FEAAASE /N BRI EE, AN I v e /N P38 A1) K fe
K, B /ANUCFS KRR, EDGEEAI/NET, BRZINF 8 A K S U N B K — R E T s
M R R T R E, PR KT RESZ BN B ANUEISAL S 1 52

Table 5. Top 20 high-frequency words in LCMC and ZCTC
=5 FHAKR

SE K 21 K 18
K —f%/N it 19 K — /Nt 18
L fii#R Nt 21 I EAZINIA 18
LCMC ZCTC
M RN 24 M RHZI/N G 17
N H BN 24 N BN 20
AN 20 P Z1E /M 16

#itE
average sentence length by label =
df.groupby('label")['average sentence_length'].mean()
average sentence_length_overall = pd.Series({
'ZCTC": dfldf['label'].str.startswith('ZCTC")]['average sentence length'].mean(),
'LCMC": df[df]'label'].str.startswith('LCMC")]['average sentence length'].mean()
}, name='Average Sentence Length')
% {RTFEI Excelwith pd.ExcelWriter('sentence_length_results.xlsx') as writer:
dfito excel(writer, sheet name='Sentence Length Data', index=False)
average sentence_length by label.to_excel(writer, sheet name='Average
Sentence Length by Label)
average sentence length overall.to excel(writer, sheet name='Overall
Average Sentence Length')

Figure 3. Process of calculating average sentence length
E 3. EHaKItHEEE

3.3. IBREA

LIk & MBSO R BERE ) AT B RE S R A BAL R b &2 —[16]. 4 H HHIE Bk E
Tt 7% HE R DU SCAS LU SR B PGB SCAR R A T 2 YRR [6] [14], 3% T RN AL IR . {H 2R
R A SRt A — @k R, ARERZ AERER A EES, AMIREERSENEERA TR
BIPE 5 B EDE /N i P BRI R E 5R .

AN SRR T v T LCMC /N R, XA 22 B T ST A S5 R — 2, X AT et e ] 1 /il
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PRECP BRI K BAL . PTG 1A RSN BE R L “E 57 ), ATELWER], BR T
FERMLIAN T, SR BB AR A v TR DO, T At LA o) v, B DL R ] A5 AT v T R
QIR (Python T &R BCR RS L “ 15167 ).

BAERMERERL
6000

5133
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3859

ZCTC LCMC

B S A
Figure 4. Usage of conjunctions in genre of ZCTC and LCMC novels
[ 4. ZCTC 1 LCMC /N &4 iR A 15 E

LCMCHRIZCTC/IN Ak - 28 51 3% 14 45 F A5 )

= === LCMC T &AL fi&ia - A i gt it
ZCTCT RA R R T R ILE T

60

50
40 =42 1

I 8 T~ -=~738

~~~_3_0—

30 -0
20
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K=/l LATRANE MBI NReME PR

Figure 5. Average usage of conjunctions in different genre of LCMC and
ZCTC novels

5. LCMC F1 ZCTC A[E)/vift K8 iz iR SE 1 R 1B B

import osimport pandas as pdfrom lxml import etree
def extract text from xml(file path):
"M XML SRR BN S AR A E
with open(file_path, v, encoding='utf-16') as file:
xml _content = file.read()
root = etree. XML(xml content.encode('utf-10'))
texts = root.xpath('//s/text()')
return ' 'join(texts)
def count conjunctions(text):
T E X AR ERHE A E
tokens = text.split()
return sum(! for word in tokens if word.split(" ")[-1] in ['c¢', 'cc'])

Figure 6. Python process for calculating conjunctions
6. Python I EEIRIM RS 12
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4, 4Eip

I JFEANBOE 5 B DGE /N SR MR . AT AR R Z TR Gt /i, @8R, BNk
F R BIDGE 5B DUE 015 5 R0 AT e 535 T 3B R 2210 45 BIEA— 8, X 0T DA A HAE & R E
ZEICRIRN . (R Z T, B R RV R 2R L TRV B R A A DR AT 1)
BEDOE/N PR > JEAIDGE /N, BRI REDOE DU IE SRR S & 2) LCMC /)
VLR SCA TTR BUE T ZCTC /M SAARH TTR 2E, JREIDGE /NI E N+ e . 28, WilE
FRIEE; 3) HAIIREAFEESTTR)ZG RHIA—E, LCMC MIAs#E R BT b (52.41) K T
ZCTC (54.29); 4) LCMC Ji G35 /N A Hh (1) s A4 1] 2% i (49.5%) 22 KT ZCTC Bl 1) /N bk 1a] i
P JE(46.7%), JEAIDUE /NSRS AR %, (FEEROK; 5) ik s b i iy S b, AR
TR DU /N U P s AR] 1 7 bl B ey, 0 B B R DU /)N 158 R s R] A (B % o {H R TR Bh Al
ANFRAGE], Bhid 2“7 . “f7 . ‘B &, 'Bid Y7 . BRI L, R 1) BUE
JRANGEE P A TR N R A 2) UM RAE A P A KRG, BN T 1 6
Kt il o 7RG e 2 T b 28 B2 S e i 78 R B DO /N SR B 00BN UL F IS o, RB: 1) Bk B,
ZCTC /NSO IR F 5 T LCMC /Mt HoE iRl o XA BT i AL 45 R — 30, 1% ] BB IR B
TR EIREE T 2. 2) RAFERIZ/NGEH, TR BIDGE B W TR DOE . SR,
SR BB AR R DT B LR R — SO AT, TTHOPEA Redmr, IR 5 ReE 58 SR AR

SE
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