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Abstract

This study conducts a case analysis of the pre-interpretation preparation by a novice interpreter
and ChatGPT. The research compares differences between the interpreter and ChatGPT on pre-
paring field-interpreting texts of reception activities by the Advanced Battery and Materials Engi-
neering Research Center of Guizhou Light Industry Technical College. It is found that the interpre-
ter demonstrates better completeness and well-formedness in extracting and translating termi-
nologies and thematic/encyclopedic knowledge than ChatGPT. However, ChatGPT outperforms the
interpreter in illustrating single pieces of thematic/encyclopedic knowledge. Despite limitations
such as the inability for real-time searching, weak extraction, and unidirectionality, ChatGPT still
serves as a potent assistant for interpreters by effectively reducing preparation time and aiding in
the acquisition of knowledge. In an age of human-machine collaboration, novice interpreters must
build their competence by cultivating Questioning and Searching Quotation, strengthening termi-
nology management, and establishing terminology databases in practice.
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Open Al &) T~ 2022 4 11 A HEH i A s XTI 25 7% 45245 ChatGPT (Generative Pre-Training Transformer)
— G RAVERE A T SRR A, HEBR 0 SOARE A A R AN BN SO BRI AR R
fhodb N 7RISR AN B[] AN TR REEOR 1)K AR LB S ST 36 51 CAT (Computer-Aided
Technology)7E#H 3 HH 1) 8 FH [2] -

PR ROBAR AR B B B T 1% UG BT 5 R AN R 3 R R B AR v 25 TAE[3], (HXT T4
I PRIGHT T ok UL, PEATHESAFEMERE = REI G CRIK. WA APk, e AN T8
REFEAHE e 1 A v £ AR 2 B R A5 S A AT I R S [R1 Bk 1K

2. WAREIR

FIRERERT AR R O 1 S8 R BRI AR 5%, FERERT 53R 2 I MR 54l RAARE
AR, FFERE ST HEF AR R, AR ARERES . 8RS, 7RISR S AN H s
s OHEIES . DR RS AR S AR3]. HPARIEMEEMCAEE N, FAHABAE
MBS, #ERXGEENCRR, JRRaE., & “Af” smic[4]. WRIEHE, BT R e s R e
AU HER Her — ORI AR B, UL R I E S, RN, Tk, 50595, 4id
WE I, FAFREIRARAE, U5 2 A 3L B 0 B B B FR it 3 U Bl iR S &R TE[5]. X
5 SUAAEZE S, WO T8 S HR AR IR ) T Sk

BEERARKE, BEFRF I RIER AR N AR ERES AR, MAREMES TH . M EARIEAERTT
U MR ARIEAE RIS TR . IRAARERE X DR REmI[2]. SAE K, RIERRTAAWEZ, W
WebBootCaT. InterpretBank. CorpusMode. Word Smith. TTCTermSuite. SyllabsTools. Sketch Engine [6]+
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TeaBoat [7]. TradosMultiTerm %5 #fFiSEHEERE, 2 % AL 4t T RAH TR PSR 7T: H PR
PERTHES 7 A FBAN AR W AL 48, RSP TAE P IEIR P2 gk, AN Thnid. FL4RHG ARIEEHAE
FMEEN 2 RA0UR B word SCRYS . anJe 2 WAH 7 SR b pbRl, 448 D 0 JAT IR RS MR 8]
ChatGPT {1 y%ET [ #R1E = 4L (Natural Language Processing, NLP) I3 A, 1 ] A iE = 7% (Large
Language Model, LLM), KA “ M AR H 551k %% > (Reinforcement Learning from Human Feedback,
RLHF)” iIlgadr =, ik “ REds + KREJ) + ik = FEEHA” E[0], *F HARTE S T,
TEVERTHES EA R 1. B, AT I8 BORHE SCAR——53 P L HRNV F5 R 2 e S gk it 5 68 A2
HIF 78 O AN Sk 1 BEAERE, XoF EL A3 M 1% 51 55 ChatGPT IR RITHE S 2 52, DU ARG R iR 5% .

3. RWUR

R 108 5 R RO AR TR BRREW S AR Ll ARIEPESR[10], BARIRE T,
1R 5738 B 5 T BR80T R A 1 AR R AT REHE A b N BA[11], {ELSR Al 1336 B3 AR AE A
A PRV R Y SR A SRR AL, AR SCRES BB T8 51 5 ChatGPT 2k T [A]—RHECSCAR I R HE %, IR
U ChatGPT N2 fH TR A & T se k.

31 HRe5E

MTI (Master of Translation and Interpreting) % V. 5V R -AfF 7046 (%, 26 %, LR 2K 3.5 4F),
S T %L L % 4% %38 (China Accreditation Test for Translators and Interpreters, CATTI), AR B L%
TR, BRI, (HSRARED, TR

32. RiEfE#E

321 HIFFERAARITER
HrF R R SR TR T . N TN ARG B R, (6 BB AT 7 iRl HE s, B AT
PavE. FLREA 5 FE T word SCRY ) XGE G R ARTE SR

3.2.2. (M ChatGPT IARE &R

EOPARS G R 2 G, DR R85 07 2 SN TR AR 2 B B W2 Se A kR N ChatGPT,
TR H AT IR RTHES, SREUGFAERARIER
3.3. RiB1H4H

3.3.1. MMM

B F 3 A ChatGPT A I ARIERIBHEARIE LR, BT IR, SR E 1. BRI
PIARTE B & HER R IEECE Y 5 T ChatGPT, iR i (KT ChatGPT, H 2 N AMITEEITE . i ChatGPT
ERIARIE EEA LR L2 1) PEMGERE, 0 BRI © CTREEE T s 2) BRI, W U
BRIEHIZIE” | “AERERE FEAE N SRR, 3) TSR, W “F MBI . 2
YRR T RE” %,

Table 1. Comparison of the well-formedness of extracted terminologies

F® 1 NBERERTEER

RIBAE & T4k BARIER HEREIREAE S = EEREIIEAR B Tt B B AR
BT 94 83 4 7
ChatGPT 61 43 16 2
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3.3.2. SEEMITM,

ASAEFARIR[7T]R: T Fantinuoli AT PPN ARVE R 2 50 (1 73 AR AR REAT 7 BB, gk e e 1k
BEATVPA, SR WAE 2. A ChatGPT FHATRIENHE & S BMEA A T, 5 5 8m BEAR D AR B S e
ICF AN THREECE, B LRy “—Baais” S9ERE,

Table 2. Comparison of the completeness of extracted terminologies

F 2. NIBTEERLR

" e Tl ARAEH R
- "
MK e HRARIER AR | Al BEAH SR ARIE P iE G MR IL
T ek EE oy UNT U AR 2 QR R (A
= JEAER) PP AN R A2 75 FH 32 JAE %) — R4y Bk i E)
TR 2910 /e 68 0 11 13 11
ChatGPT #4130 # 13 0 3 32 11

TEFEH AP 2 ChatGPT Joikilt AT S 1 € M /E £ BRI el 1A b A7 Sei e, AR TR
BT IR TT K 78 5 BRR AL R %, ORI R B B RAMBE R (LA 1), — 21
ABERETHREFNE SR S22 AR, S ERET S, KIETWRME, fa, Hkedtins
MR DR UL UL TRER, 1 S AR AT AE A I 2 B st L AR R AR SC  Skttr . ML
TREREMENENE: A, £S5 —FER s A N 3 il 5 a8, SORMS 70 56
TP RPARIE LR, g R o “ES— 7 SERIE, T ChatGPT WITEIE 3. A EHxk
MR X L RN

PRIt URINEIES 5 I SRR AT 4 ?

ChatGPT: TEZy tHEH RGN, 3R 3= BEARYE TS 5 A A I SR A 2 i 25 3 00 01 Sk Az oAt
RIBIE. BIFRA BESHE R E ML PR O T8E. BHER — DN ERMES, MR NE
BT HOR SCAS T HLAgE DL AT SR rp A BUHIE S X TR ARTE, POl H S T A )l %
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Figure 1. The origin of terminologies extracted by ChatGPT
& 1. ChatGPT RIERIREIR
3.4. EFEMIAES
34.1. TEE
A AEAE SR F PERTAE R A RIIE 205, DAk g R AldE A7 R A A 2 b B 6 0 R R L A O
7% 3, A, ChatGPT $2H 38/ 71 R AR B e I8 T~ N THe i .

Table 3. Comparison of encyclopedia knowledge

3. ER/BMANRAXEIERER

R AR Seit b SR TR YNEFE TR, FRBEAT
T RO TR A B RF R IR R VIR TETSE WEME
JR SR 1386 2991 /
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SO R R 44 31 /

1% 3 % 328U BHER S 41 23 29

ChatGPT % ¥/ 15 RHiR %K 8 4 /
3.4.2. HHE

BT E T 117 5115 ChatGPT 347 A/ T R AL A A OB KR SKIRE B SR 3% = A
ARSI, BRILZE 4o R SRAE A RAR AN B DU 7 BUB AR e, A S B A i
L E#, (E 5 4 5 I AE (7 5 B0 150 B B0 S 1 47 AR b ST ST AHL 500 L 3L
ChatGPT [ FKIFE TR K BB RIE . AR AR TRAR % SR TR AT, SLE 1 5 AR
e T A IR, T2t .

Table 4. Differences of encyclopedia knowledge between the novice interpreter and ChatGPT
F 4 FREMPRRERES

FAk (WREIA ChatGPT
IR ARV P4 5~10 44 Feh2 30 b (RPN AR )
F HEMLR. B, HEME SCASEE H T SR AN )
1) b ArvEt i bRdE. TS,
2) B HE; 1) RMEAERE(ERE D, ZR. .
ey 3) i i X 4% P 25 R L Ath B PR IR 5
T8 PATIOR; 2) N TR A AR
5) 1A 3) X SCAHIBEAREFN M o

6) MR LN SCHEM (PR A A BIE T BRHR)

H 11 03 T 2 AR H M B AR (BT BBV AT IRV ChatGPT, JFHi A\ BL FHRiE:  “1) igH
AR G FERE SR LL TR A 2) WAL R PN AR SE R BB IER BT I SR,
HERNERANTHERONRETIR, g ie s,

ChatGPT ik R4 K T LB A = TS Re, e LURE 81 (1) SO P 3RIB RIREI  , HERA R B
NTHRIHFTNKZESR, BRI, fHEABIAIERE, 808 ik IR gt s hna@ s 5 AR
. SHCHEE MM AR 52545, Kk, ChatGPT 7E N TLRHE HAREMIEN T, MRRAAR
BRI S R T R 51,

Table 5. Examples of encyclopedia knowledge extracted by the novice interpreter and ChatGPT
F2 5. EF/ERMIEIESR KRG

e

Pt (=R - S SE ChatGPT #E& N7

Fext B 105 77 % AT 6 B R AS TR A U | — PR BRI, R KR SR

L PR BB R BEAUNE IR, VHEIT Z R FI R, CABD IR,

i F 0] B A & AR I R . R R FERAEFH A5, IR 0] GEHLBEARST IR BR 5.
BRI OB MBI fy i, AT Har, & EFaeER 2T,

SRIEHFISRNAE, (I HREEE Y, T VR M 32 2 T e i B R AT

RENE SR AR 24 i FEL B 1Ak B KT S 2 300 3t 4 b 22 R PR [l iR

[FICE 77, AR B SIS 42 B L AR AP IR RE,  BRACARAR,

BT REIRI AT ML A K R (141 7) R AR T RS (126 7)
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e
R L L A T T e (b
AR TR Ry, A § , \
E,ﬁ%%%@%%ﬁ@%%@%%@mWMﬂ;ﬁgi%gﬁ%igﬁﬁﬁiiig%%i
N e T EIERRROR. B T o g Ty o DR TERTRER AT
s T . W6 SRR 2 I F by ey it
ZRN =l Z P B ok BLpr By 25 K- P 476 AL S
PR EL. Rt | SR REREECEAITEEE,
AT LU 0 (R, TR
R e B R S PDL L O RHOT T
b [R] v A (195 )
4. g
4.1. % ChatGPT M A TFEFRNERIE S
4.1.1. BEHRM

FH T~ ChatGPT BEME S i A sl SCAS, s FH L4 B i iy v 2 ] 15 48 R B 0 FH T R R [R], - AT
KRG 1B TARE K =B AR AR L2 2 R AR . SURE IR . DI A R A g
U FEAFEAR 7 (Listening, L).“ 15 & 314 (Production, P)F1“i24Z ”(Memory, M).“ i f 4 ”(Coordination,
C) [12]. dn S 5 PR KA 0 T W 5 B A 0 R B2 BN, T ARE, A A &
REAAAT,  VRRRCR 525, =y BRI AE 25 T DAV T HR A A S 5 RIK A S0 A fr

4.1.2. RAFEERNRANBDF

P01 ChatGPT AMUBRE . —J5TH, A AR SCAR AT TBI e, WD TS B8, kAL SO
PR, f5H) ChatGPT MM RIERHE . BT FISCA & . AR i BBiie; 55—, R
BRI IR R, AT B AR T R AR TE (R AT R LRGN SN
BT NHEAT, B 5 BAGR B R AR SR LY P R 0 3 SO AR G [13] . AR ChatGPT $REUIIAE
g5, (XA SRR T LR, o UMERE R ERRIRGD), COBG 5 E S iR
A7 X fe 1) Ml R

4.2. % ChatGPT M TFiFrNER B ERME

4.2.1. FEZRRER
H T ChatGPT ANRE ELT%E S 2% 15 i (1 E 28 W8 YR Bl i) S db 47 S i 0, T 38 T R & I TS I 2 Bdis 42
BERITE, BT LIONBRCRMERETE, 11555 52 kil dh J AT ML E .

4.2.2. REXTHRESS
ChatGPT 7EHEHURTE 5 £ 8/ A B AR PR R A B, $EHUHIRC 7R N Tk . Bk, A
MultiTerm. DéjaVu X 2 AR5 FE T BF 5.

423. FEEE—

ChatGPT (¥ ke DL A £ EE R, £ 377 1] AR TE SO B B MG, JoH 2
BRI TS OARER e, Blan,  “ A0 mE REFN A E ISR, ChatGPT R AL HIHIRE )y —Xf
— )7 i ##1%—— “National Fourth Huang Yanpei Vocational Education Outstanding School” , 5 H:Af#1 %%
B LRI ZE R
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5. % ChatGPT AT FREEN B R
5.1. ENARBERZRSHIFHLEY

IR AR RO R B B e T 28 DR AR T R =8 R v 2% A, 3 0 B R A T RO A= T
ARG K ARRI BA WS R, WA TR EEE NS H, WDKK S & k. 4T,
FRK . 3B Ih A KB RS B 5 A KRB Eurodicautom AT Euro Term Bank. E BRiB {55 ITU BEHL
(22 18 55 ARTE SR 12 Termite tH 53 52 5 441 1) WTOTERM. I 2= K ) Termium A1 Termino Web 2.0 LEXIS.
FIRZ M EFARERARE . R IIES 1T [14] BeAE K UNTerm, i Kb e BikiBE A SIEE R
GDT (Grand Dictionniare Terminologique). i& & M55 TAE# RAH I FE N 51 7] LU i 5L 77 (8 Hh 1 1)
IXUEAELEARABE, RIS HB 9 ARAE FEAA TP LL Termium i, ZAREZE @ GISLITUG, wtimid py s
TR NS RFI RS/ R . NSRS BEAN AN RAE 5 RS A FE A, DU BB 18 S Bl 5
P INE K 15 & BUK[15]

AR, [ E BRI AN AR AL T B PE[16] HR I RF (BB X AN EH R b v A R 1B R 2 AR
PE[LTIRRAR 1)1, (H LV ARE R R R R R T, 28O 1F D158 SEER AR SO UK ANV NRSR R B, A
PAHEATHE), WTESFAMC, B T4 58, 5 e RE B, 13 500w DUE i iR
DX ) P F I HE £ R IX — 52 A4 FERT R AR

5.2. MIFFERENER

5.2.1. 5 “iEF”

FRUE R ChatGPT 48T HER ] i —ANGF Rl . “imlps 7 [18]45idid )] ChatGPT 3R E1RIIRE ST,
BAREWZEE S, BRI ERA R BRI GE . $ER1EXT ChatGPT A il A i & B B2 g, H
IS, POEAELLT AR 1) B, U EE: 2) (A HEIES: 3) Mt s MY 5t
4) EERIESIN R 5) B2 MIRIE[19]. BERLEER ChatGPT $&HUALE MK 3 8/ i BHER AT vl $& A AH ¢
TEXAE RN SARE R, I B ChatGPT ik (R AR 8 /142 R HU% R

522 F5 “BH”

FERVFAR, P94 13 DU IR 2 AT 0 R B PR R SRTHRIIRRCRINBE Sy B A LUE B Hy
RIR,  AUEAR RS B PO IRBOTT 5 (5 S0 RE 7. R I E IR 5 2 Se B S IRE 7%, H ATy
FEHRRMARB ARG, ZHEEAEBA LEE SRR, MEA AR se B i Haz[20], X
P BT T O A BE T AN T R AT

PERIBORBE I da e A RE[21], MR RN TR T A TCR: 1) RN REIREHE
ZONHf LR 1 R A (0 EE B JFRORE B R P R 5 2) SRR G B R A AT s ) S A I,
BAGE  PATICR S TORE kA, 3) R AA . HER TR 3R A0 Y AN AR T AR R R R
4) WRIjE: ERWRINEORZEE. BRI RRERTT . RrE Mm% SRR IEE . @R, LU
RIEAFERIE T 5) 5 S HHBE ST - MR G R A HER Ik FL e BUBE RS F 55 1 I e 71 [19].

5.2.3. RiEEHE#ES
ARAB BN T 36 TR H AT ARE SR AT A SRS S, I AR AREE. R, 17
fiiv JwiE. EIL R 4RI 18]. TN AR KL, AREE R RN SRR E N
HEEARr 2 — . EEGER 228K 24 (Saarland University) () — 43R4 ARIE R A (t-Survey) 2 T 451 R
WPiE F RS TAE#, 91%IM) N SEH I AE B EAR I TAE, 29 71%0I 1R A0 SR A Ll AREE 3 T H[13].
ARAE T T RE S A RIA, T AR TE ] X —, AR ATSRAAREEF, BTN
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PERTEREDSR. WA RIEMEE . HABANHIRERERE, RGEAHFHELE, 855%™
EHIEBEHABI[22] W THFFERRNS, FREEAKR, /NG RERSIHEAEE I T A,
un Any Lexic. Lingo, AIAERHIEARIEEE ML MENH, AAEHARGIE. gtk MR AEIEEE S,
B T LA AN g 4 22 TR ANARAE B, 36 mT O 2 MORIEAIR , RIG B EARIE SCRBUE . 5 S
FARKANFISCARE S, XM TR — AR TXT. CSV. XLS HARIERMFAM G H[13].

6. L8

ChatGPT f#f7 /KB A RMIR, BEH B T 98 o PROEER AR M IR 00 M ARTE 5 RR - AT T P6 i E
F MR, ARG T I EAWNT, 5 RE DA S8 0 BAR BE /) 5 SO R BRBE 1 IO B 53 1AL N4
B, wnge s HAARERC T RGN, SRR RIS, B0 3 PB4 i
FTH RIS o

E&UH

AT 2t M 4% TRV A AR S B e < THT 1) 113 () 0 N A5 T BRI A3 AR 25 e 38 i v 48 AR T P 7
W (WHSS: 24QY01). VUl KA S HAE TR HHIMH “RET 22 & BT EAL
R S92 (RH% S : SCU10034) 1B BCHE T 78 R «
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