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Abstract

This study investigates the thematic structure characteristics and patterns in Chinese virtual narrative
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texts generated by DeepSeek from the perspective of Systemic Functional Linguistics. Through the
construction of a specialized corpus and quantitative-qualitative analysis of 45 virtual stories, distinc-
tive features of Al-generated narratives were identified in their thematic organization. The research
reveals both advantages and limitations in Al narrative construction regarding thematic explicitness
and logical progression, while proposing optimization pathways to enhance Al narrative coherence
and appeal. These findings offer novel theoretical and practical insights for Al narrative generation.
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Table 1. Composition and parameter control of the virtual narrative corpus
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Table 2. Statistics on distribution of thematic structures in Al-generated narratives
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Table 3. Statistics on distribution of thematic progression patterns in Al-generated narratives
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Table 4. Anomaly types and optimization strategies in Al-generated narratives
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