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Abstract

With the rapid development of internet technologies, movie review platforms have accumulated a
large volume of user-generated content. Analyzing the sentiment of these reviews not only helps
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users quickly grasp the general reception of a film but also provides valuable insights for decision-
making in the film industry. This study focuses on English-language reviews of the movie Inception
and employs the TextBlob to perform sentiment classification. By analyzing the polarity scores of
the reviews, the study determines whether viewers’ attitudes toward the movie are generally posi-
tive or negative. At the same time, the VADER was introduced as a supplement to further analyze
the distribution of sentiment intensity in the reviews, enhancing the depth and multidimensionality
of the sentiment analysis. The findings indicate that the vast majority of reviews exhibit a positive
sentiment, reflecting a high level of audience approval for Inception. However, a portion of the re-
views expresses negative sentiments, primarily related to dissatisfaction with the film’s complex
plot and open-ended conclusion. This research confirms the effectiveness of TextBlob in sentiment
analysis tasks and demonstrates its practical value in analyzing movie reviews, offering an efficient
method for sentiment assessment in this domain.
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B B8 Je, P EAL S AR AR LR & B AR R T R SO , B S S .
PERAE A R R E ARG S, AUEIRARIZSEE, WA BT g 7 i R s ikcds .
PP s AR AU B AE B, BN &4 BT (Sentiment Analysis) 8535 ) 5 ZE5F 72 7 1]

1% B T L 1 SR1E 5 40 7 (Natural Language Processing, NLP)IRZ TS5 2 —, BAE R BISCA K15 1K
WA (AR e ), TN TR SR BRI S RS S . BRI S R
A AGE R, Wk RBE S @R @RS, S RN R, SF &R
FESME, [ RN REH R EASME R E R T . Ik, X EERE T R AR BT AL B B A
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AWFFLBIEX HE (AR PSPPI AT IE B b, BRI WLAR [ B A 1 A ), 4240 7T R
S PPN I OREE R 3R . TEJTVE R, 1R B BT AR IR 55 15 A L LS 2 )RR JE 2 ) S5 R AR
AT LR (AR PSR N R, SR T T A S TextBlob TS PP 8 2EAT 17 Bk
PEortT, HH4E VADER THXMEZSEAEAN AT, B 7EVPAS TR0 00 (1% 23 A1 75 V2 7E KR SO A
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23] BSOS EE : @ SIS EIE AT AL TE; @ K] TextBlob i L EZ IS HEAT 15 AR 1 203,
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SR RO I ) R R A R T ) T R IS 2, SRS R R 1 A 40 SR SCAREAT 4325 [6] . Whissell
[7]8 R 5 S R ML TT v, 25 XA R 2 [ %38 X 1 Bl ML () T ik R 9e . fltn, 287510 58 N [8]HR 4
ST T L) R SRR R, 45 31 1B T ) R SO R L B R FS [9]HE FTE OC B ST P AR AR R R A
FHHL T /N K2 TP b PR IR AR 1A R BRI, X6 P2 SRR AE RS AR B 2
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BT EAE I SR B BAR A 55 R I R A1 7 Mg

IRFE 25 2N BONIRZ IR INLER 52 2, T H S 2 4Eeh & 25K, BT DAHS T b BE— 28 5 4
s, BB, B SCRSE, I HAE UG R Ut HS TAREI R .  LIRTR BB A ) A
TG BRI L L (CNN), I 4 (RNN), KHERHCAZ 48 (LSTM)SE . Kim [13]42 H T 3 T B4
28 25 (RNN) 1 SCA 53 2K T7 1, FHAE 2 MG T iR 48 IS T IR 45 R . Zheng [14]61% T BRCAN
PR, AR AL B Word2vec BRI EHLHIA Rt EE 4 1 Bi-LSTM A1 CNN,  SEBL T ik B A 32K,
Jang [15]#4% BiLSTM-CNN-attention X} IMDB 52 PF8 B #4715 180 28, vl 17 2000 K ARt i)
RV 2 I B0 /NS I 4 2B B 25 2k 1) L. Pandey [16]42 Hi () BERT-LSTM H5 7 At 1% 3 47 2 i
HRGEI 5], A LSTM BEASAR B e 15 2R IR EE T
3. FEiR

A LAHES (KA 0] WSSOI A FE 4 5, A\ IMDb A1 Rotten Tomatoes ¥ K i 4 PE 18
AU AR G, S0k H 500 25 RA RS, M 76 E 1000 £ 2% B PE & T
WHEEAE, JEH IR RAE N4 N Inception_reviews.txt FISCARSC A, AE Ty 5 B4 &40 B0 FEREE R

R T ARUENE B o B R HERf 1, B TAR BEOR AN TT BRI — 20 o 7AER PR B B, B et IR UG VIR
WABATIEYE, EBRFFRER . TR XS 2RI . WOPERER TR SRR, b
THRAG EAME R T A5, WAL SCARMIT/ NS, MR SCASG—M. &5,
FRERER TR ERREHE. EEEOPMESF, FEERE@ “is” « “not” . “very” )R] BEXT K
HIH A EEEH. Hlan: “notgood” Fon FMIHIEE, F L “not” ek L IR, “very
good” 1] “very” Mgl |5 EEAERARAG A o T DA, 458 FH 3R] E 1 143 B o I ek R TR 17 SR 0 7R 1T
N E SN

EHFE AL 5E 5, 4] Python () TextBlob T #4715 BAR AN WM b, 15 H 45 B 9F 42 ik
LA inception_sentiment_results.csv, 1] 254 EUW BAR BRI A B E5 SEAT nT AL 20 4. TextBlob /2
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—ANEE B BT, B T SRR SR L I 1 SR VE (polarity) AT W4 (subjectivity) K iEAT 8. AR
W0 A5 26 VP8 S TextBlob FITE &M DIRE, THEICARMER 3 MANEAT 5 o AR RIS 70 RN, ATHg
PR ARG R E R =28 B M BB TS B [-1, 1], 4R polarity {E#:E 1, RoRTFRIEE
W R Bai—1 RoniFie B A Bl 0 W R tP e . @ MR, ATt & &
i T RIEN NIEZ . FERBUETEEY[0, 1], % subjectivity E#T 1, RRiFmEM, ik 0
TRV IR W -

Nk — 0 B BRE B AT AEFE 5 45 TS B, A SCHEAE A TextBlob T H AT AR5 WA 73 H7 (1)
Fml b, #N SN TER T E AR VADER T B, XFRF AT % 98 % /3 #r . VADER & —Fh
FETHN 5517 BB AT 7 v, TR AR . WA TR 2551993 (compound), A compound B &%
M S A ) B AR {7 5 B o A SCIE LU VADER ) SentimentintensityAnalyzer #H, 4526V F 842
HU compound 784r, JE4ltE4 g M E T, BEWRERITFRNESE S AEN. ZTEa8 a7
TextBlob A7 f TSR BE4ERE, A Ja 8%t L Hr it 7 50 =F & 58 S FF .
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& WA R A RS . 1] 2 Subjectivity {E #4346 B BN E A A ECNIE], SEFRTE 0.4 3
0.6 ZIH], XEWHEZEFREREN AT T —EREMANNFM A, WA R 5T 2ERAIBAR .
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Figure 1. Polarity distribution
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Figure 2. Subjectivity distribution
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Figure 3. Scatter plot of polarity vs. subjectivity
B 3. iS5 ER M SE
SRS RIS, FERR R RO . RIS S A R R I DL S A SRR
BeF, JLHAE A A E AR R FE DT 45 T RS TR .

DOI: 10.12677/ml.2025.137707 263 PRIE S


https://doi.org/10.12677/ml.2025.137707

EM

% 1 “inception is magnificent” 5 &M A 1, MM H 1,
#F4% 2 “the century had casablanca star wars the godfather blade runner and others this is the first of the st century
masterpieces” 5 &AM A 0.59, E ILH A 0.84,

EIUHRE RIS, EEMIT TR MEARAL. BEE TR WA Z I Bl K
TR R . Bl :

3 3 “the movie is supposed to make you think but if you think about it the whole plot falls apart” + & #.1 #—0.25,
E UL 0.55,

4 4 “the root problem is that nolan replaces the fascinating surrealism of dream worlds with lengthy outtakes from
james bond movies” B Bt % —0.294, E I H 0573,

T RRRILBON PSR, BEBCA W 7 A RV, 2R ) R SRR A . .

3% 5 “dom cobb leads a highly skilled team specializing in stealing secrets from peoples minds by entering their dreams”
R 0.004, S 0.61,
3 6 “more will be added soon” B A 0.5, EIMMEH 05,

I 1 & 3 Polarity vs. Subjectivity #sUEI AT &1, KH 4 A LE Polarity ) 0~0.5 X35, Subjectivity £
0.4~0.7 X4k, R EWMMEFFEMFIFRE L, HIRPFRED: EWPER S P8 2 H IUE A 5 1% Ak
PE b, EEEANE . AN, S AREBOARARL, UL Polarity fE A1 Subjectivity (B IF & JEH R AIZ
PEOCR, RIVPIR A IE GUIG IR S WM 2 R0 B S (R A D o UL AR TT i [ B ik i 2 A AN R A0 o
I, AT REXT HL S RE AR I B E R AL R

BE—# 5| N VADER T HXTHFS (HAF2500]) 1) 1000 A 46T CIFE IS 200 B T4 b e 0 b, 5
T ZHIFIRIEE RS, R TR RE SR, AR RS it 7 —F ey
ITHIZ THBCG N SEERIEAE . XS R AT T AL 2 #r, anlsl 4 fos:
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Figure 4. Distribution of compound sentiment scores
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BULTT SR GR R D, AT BRI S0 A1 DB 0, BIRTE T BP0 S0
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S TUALEE. TR AR5 AR T A, SOURIE T TextBlob Al VADER 72 iF it H B 47
SURIE RS TR, LTI 4R 08 T AT TEUBHEINI B (0, I kAT L3R 0 T
AR AP HT TR, BB T ARVLORE SO0 BRI RS, 415 50 FL B 25 B
M

CHAS IR (RS A LA ITRRE 0 0, JCECIFR I 1040 B A5 450 R T 1
SRBEMIFE. BRFRTIET R, 8RR SR, SR, MRS T TR
R A UEHERT 10 BT R 05 M R RO 2V 40 0L BRI, AT B o S
HOPE S . I, P T LR VT 080 17 46 B 0B T, M 2B IO 7 i,
RAERE SC AL o5 UM TR S, DA 5 L 25 2 A R W 2 L3 R
BEAh, R IRSCHS SRS ) LB RO R B SEFT REAS I 884 BT T AR 2% D o 1 R 2
A, ISRV TR AL T B0, SOCFIRTA BRI AR AT A 5 97
WO A H IR %, TAEFSCIRR T, AT % SV BRI AL R . )
BT ELT WA B LS RSO L2 5 DM R PN (S S 00V, I S 1 A
AR SCAL IR A2

5. RESERE

AW CAHLRS (A IA]) B9 SO PP R i 5, R A TextBlob T H A PPl SCAHEAT 185 Bl
PEGHT, DL AR 12 FL S 1% BGS FE, [RIR 51N VADER T Bt} F SR 1 175 45 0 B 34T AN FE 04T
VADER BEMSHR (I A E 5 4 0 2, U H AR S5 R IA W s 992 B 7 T B IR %, ATIoRah 1 Text-
Blob 7E5&E HIB AN 2 BT AT, BE T VADER fE 2 4 B 175 184 BT R 1 SE A S AN TR E
W AIR IR, ARZEOFRFRE TR, R0 EE T2 ERHCNR . W0 RO LB AR R 4%
T HIRI. SR, TRE M PR EE HIH s 26, S8 et H B A 5 R B A | R 2 = S5
THI PRI B -
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