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Abstract

Sentiment analysis stands as one of the most crucial branches within the field of natural language
processing. This study employs the Naive Bayes algorithm to conduct sentiment analysis on reviews
of Dune: Part Two, aiming to uncover public sentiment towards the film and provide a reference
framework for its subtitle translation. By preprocessing, extracting features, and classifying the
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sentiment of 1065 review samples sourced from IMDDb, this research achieved high performance
metrics of 95% accuracy, precision, and recall. The results demonstrate that the Naive Bayes algo-
rithm excels in sentiment classification tasks, effectively distinguishing among positive, negative,
and neutral attitudes. This analysis not only offers valuable feedback for the film studies domain
but also provides practical insights derived from public opinion for movie subtitle production and
marketing strategies.

Keywords

Sentiment Analysis, Dune: Part Two, Naive Bayes

Copyright © 2025 by author(s) and Hans Publishers Inc.
This work is licensed under the Creative Commons Attribution International License (CC BY 4.0).
http://creativecommons.org/licenses/by/4.0/

1. 518

B ELER AL S AR A TR A AR EEAE TR BRI R AR A5 SN A2 o e HRAE AT,
SEVEANE MR LA ORGSR, thont B 5 B T I AR B SCAL S M AR R O A o SEVEAMLUE HL R
RV, BB AR AR L A2 SO S LU R A R EOES . RIE, ATRAIE B
RGBS JCHGR RS- O 2P A (s I, sl R - el P s 1 T R

151843 17 (Sentiment Analysis)fE 4 H 2815 & A B(NLP) W — N E W77 ), C) 2N T #2530k
B 1 A R R0 o S IR, BT RT DA B SCOAS R BB IE TS B B h LA R RS
M Bl DR SR B N AR I TS SRS B2 o AEFE PR T R, 18 R M7 BEBE 4B A AN, FLRE 7
i, FEONHEEHI AT BN A S E SR AR S . BN, s, RS TR
PAT @A RS R B S A GRS, T DA i 452 0 i 41 I 4 s

(¥b I 2) (Dune: Part Two) & fHEHT « 4EAE AL FLIT 1 SLRFRIZIHEEY, MR IE 70 « BMA%F /i
Wik, SR SIRARY « JE/RitH(Paul Atreides)Ifimis 5 SO . F— & WM RS, (Wb
Fr2) B EBDK, W5l T REREMPFeH IRE. oPdh, B X Al s ROR AR L) 5470,
WA SE RO R N AR T IAR AN NIRSZ, BT A AR A
B BRI R R RIS L

AT B AEE L &M, BT Naive Bayes 5H3%, R0 (W 2) AP AR, X
e (15 It e 73 SR (I T SO R SL), AR SORHRZS AR S Fr R T IS B, IRt — D o A A
SRR G RIEER R . XA DO T SRR 3 15 B e i A, oy sk it 1ok
TSR BT S L EE .

2. XHRGRIR

WA HLES 2 S SRR AT RN T H 22, FLARBE OB EeHE S8 07 2oy S IR e 115 2
TR AL, A G 2 %5 51 )9 (Logistic Regression) Ak 2 UL #7(Naive Bayes) B fif 5 Al 1AL
R, OHIZ AT IOR RS

LR, ] A7 70 A B0 N P 2 AR P R PG s AT I B =N, 77 P F IR 5 T
T BT = B KR A2 AN AV B X R AR VRO, B B T LA R A A, AT
DA SRS RIS, A7 e AR R AN R IZ — 0 A 7 0 98 2 077 s 0 B i, 3 s ™ ot Jo R I 55
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[1] (7R 5 B4, 2010: p. 84). fE BRI, A58k 73 B A5 28 3= 22 Y T~ S BRIy 181 0740 o A o 1 RURT
AR, JET R A AN AR A ), AT I A SR R

IMEEI[2] (2024) 3 H T —FPyRFE /00 H gifiD 2315 (DTAM), S84 B4t as. ARG HiMm4 il LDA
B, SRR SR AR RN R I T e, S 1O FEL R AT T 3R] RS HE S 98 . SR A R R,
DTAM #5858 R0 T 18 o (1 5 U0 s A i m], 4 IR R T I s e it T A I E I =% 4
I -

TR/NEE[3] (2017l X G R 1 3 (9.1 ) FIVE I (5.2 40 ) B LSS AT AR IR B (U 8, )
FH Python W24 I€ HUROHEHE e Hds . B, 2T Ol TF-IDF ik, 454 PMI (Pointwise Mutual
Information) AN VFRHEAT T 4028, GBI XS PRI o 140 3T PMIETHED, SR PMI s 15
NSRBI, XX L SCBEREAT TV T 545 WSS AR R T VA 25 5 T IS O R R B ) B W
AP SE =

Tk I%[4] (2019)d it 12 H Python H AN i [ A SCE AT 1 B i, JCHR AR (=A%) 72T Hyidh-F
& LIEANEE VIS AT AT, B AEE. SEIRUERT, 1A BT RS OB U A 2 I A S
A . WEFURIL, AR, WAMEERT (ZAR) AR ROUIE RSB, JEHSH NI IAUR /i B
PR R S, AT T IV R . 0T R Z B S T AR IEAR . Z R EREIET, R
A HEE A TR RV R S A RRAE AN T S S LT, AR 15 % .

SR 15 A T SR AR B RS . AR AS BRI PR SR SR S, ISR BIEUA . AL A
DA B4 it 5 S5 B M A, R 1B B AT E AN IR R s TR T dE F I . B AT AT A (R A
PERINTT7iE, BRVE T ] S 2R (1458 HL BN AN B AT R TR R IO = OIS S B .

Makmun [5]58 A\ (2023) 51X (BLAHFER) FLEZVF IR B I8 800 S0 Hp A A 7 A 38 DUt vk, W o 4
BRZEVEREA X 1B 57K, K5 T 96% I HER 2, V- X512 N 98%, 71 7 1] % 4 90%,
V1) FL 53408 93%.

Wongkar [6]55 A (2019) 4347 145 9% 2019 4F B B J& P8 e Sk ide N FRIHERR 15 BBt , 136 FH AR 22 DLt
W RS A R ERME - &K - BB (Jokowi-Ma’ruf Amin)3k75 45.45% /) 1E [f 175 &A1 54.55% ) 47 i
TR, T TR - T b (Prabowo-Sandiaga) N 3545 44.32% 1) 1E T % &R 55.68% [ i I & Ah 2
DL 7R A A B0 2R AR R MER K B T 80.90%, T SVM (63.99%) F11 K-NN (73.34%).

WAL, Turmudi Zy [7155 755 HERR 08 1 55 HEAT 15 880 A, 3R AN 3= DU B B0 i i e B, i Asi 2y
I T SRR AERYE, VTR 98.33%, FEHIE )Y 100%, HIEIE )y 97.13%.

Pristiyono [8]%% A (2020)id it HUHER 2%, LA “Hrie % 17~ (Vaccine COVID-19) 8 in], i Ah &
DU R AT I M WA R TS P HERS APL $R755 1) 4R, @it Rapid Miner T HS2HUIT 75 %
¥, H45 4 Drone Emprit Academic Streaming Public Twitter T EL 3¢ Ik 1 Fsh U BRI, $REL T #83d 6000
ZRHESC. IXUEHESCAEH T 2021 4 1 H 15 HE 22 HRY— AR . odrgs R Eox, Hrid 3400 %K
FUTHESC (1 56%), %9 2400 2 M IETIHESC (15 39%), H4r 301 25(ih 1%) A PEHESC

Fb g DU — PR R AE SR S OB, IS IR AT AR 3 12 R . AR, b ER DU i rE
Qb T fe A HLE5 A4 ] BV AR IS R R4, (HAETN SEAK . SRRSO S, T R SRS AR %
PERE 2252 31— PR

I TR EESEVE, AR R IR A 51 UL A 0 Fr P 25 F0 55 2 5Ok PR 7 T, 38 R JR 7 4 WL Ak 1)
AR o X AT\ OR U B R EE, A BT 58 S LA R M 1R B A A S

5RO FARLG, AR FAE AN R DU B AT (W 2) SEVPIB IR TR, S T LA S
FRE 2 Ak ARFFEKA T TF-IDF FREESRE 7%, a5, X5 (W 2) XM

DOI: 10.12677/ml.2025.138826 236 HACIE = %


https://doi.org/10.12677/ml.2025.138826

LRk

FATHORIAT T AbE . MR KIE T IMDb, FF45F 7 3R B . BRI A R A VR 25 2 MBI, R
FES (RANEEY) BRI, ARSI T O5%IIMEmR, BT R, (4
5F (CHAIFER) LTI IE TR (1K 1%). SOttt R /e 15 4 2 (IR « ST AL ) 75 T A
PLEAE, BiUEAE (I 2) ST A BT o i 2 .

3. fIRFG*E

FEABR T, A A0 BREHEZR N 1] 1.

s e
LRT LA
Bt | EEERBILREN ; e
(W) BRI " (ofA bt " FTE-IDF L 5l i e
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Figure 1. Research framework
B 1. FRIER

AWFFE SRR E Kaggle M) (W E 2) VPR EEEGE . X e R bl 5 48 0 Tiab 3, DLEHE
A T SCA I AR SRR SORY P BB . AR PR S SR T 5K )1 25 Naive Bayes 503, AT 61
AN AR . SR IEII, PP AR AL AE TR0 VP A D T T B TR . PP A TR AR R
FEAER R . RS, AWM FLAE, T A R B

(1) FABWEE. BT EEE AR B IMDb LI IR NG, JLAg 2586 S&ssiP A, Zidifik /5 ik
Bi [ 1065 s&4dE, HE AR H AT {E Mk kaggle, W 2. SUPEUERIET 246, QISR RN,
FAE A AR SE

(2) SCAPEME. G E 2 TR 0, FE B R CARP A BB, WO TIEE.

IRl ) T AR B BRI E N SCAR A /N B I R, A SRR S T DL B AR FE 9]
(Darmawan %5, 2023). I SCAR> B SRAER T, AT LT S M g T, Blant EOE A, AT
TR EGATEIE R, DA RIS 5 A,

TE W2 G, N—BrBoid g8 ot it — 25 /0 fr 20 i, DU AR BE A G 1 BRI [10] (Yuyun %5,
2021). I8 I8 I 5 P R PR I A — e WL, il “or” (). “at” (FE).  “and” (RH), XL
BEEHEIES TEE R, BES LT IEARRFRZE L. B TEHEZA, Rk fF. e
DA I 8 LBt AR e A P 1) B B o D b . DR, WF ST T DA 4R, 4R E S
ST R AR

] FHE U I8 T 2 BRAS 0 0 1) 0K 1Rk S5 o HL IR A A #2[11] (Nurtikasari 55, 2022; Sundara
& Ekaputri Arnas, 2020). X & FACEE b B 5K, 38 THREU T8 H 2k BA M R RE R SR
AF AR A, B, “walking” Fi “walked” Bk R N HFEATE X “walk” o FUk, 18 FHRECT
DA 5 AR 2R R SO BT I 2kt
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About this file

1000+ reviews

A Review Title = B Review Date = A Review Content = # User Rating =
The title of the review The date when the The main content or text The rating given by the
given by the user. review was posted. of the review. user, typically on a scale
of 1to 10.
1031 1065
unique values unique values
2024-02-26 2024-03-06 1 10
This is what 2024-02-26 This is what 106.0
Hollywood needs! Hollywood needs. A
great story with a
great
director/producer.
After that the best
thin...
Long live the 2024-062-26 Phenomenal stuff. 9.0
fighters I'11 probably calm

down tomorrow but
right now my heart's
beating like crazy
and m...

Figure 2. Data source
B 2. HiEskiz

KNG W e 2 1 W I - 1 e 4 /N5 T 2O 1 8 3] T QR g #2[12] (Esa Tiffani, 2020). i 72
B AR AR, AN AL 7 it AR o SR B iR 48—/ NF ERE, w] DL AH [F] SRl 2 AR
M, ASCA AL IR B RENS T SO TR, B, “Tom” A1 “tom” 78 K /NS B 5 S Wi gk 7] ) 8] o

15 F 1) 25 B 2 SORTAL B A 1) — AN AR, 8 R A R 45 FH ] 2 M\ 381 I 1R SCA % B A DK B 22 ) B3]
{5 F e — S L], BAREAESCAR SR E ML, BRI NE U ERR(Kelvin 45, 2022). 540
“this” (XN, “or” (). “are” (&)%.

(3) B N TF-IDF BZ0E B 5 FIEEE AT SRR SR ORI T80, AT IR0 H PP e o
) AOC B ] o I SEVEEE T P B E SR S WA AR(TR)FIISE SCR AR (1IDF),  [a) IR B8 1 23 3 A —
TR AR 25 (IE T B A7 ) o

W(TF): SR T8 5N 7E AN SO R BRI & R A B — A SR P i, A

s
TF(t) - S ST i
SO A
3 SCREAISR (1DF): 300 SCRY S RIS SR B 5 4 R i S0 R 2 L e Mok o 515 21
Gl
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qu%(mﬂﬁmiﬁgﬁ]

0B Z I R SRS +1
TF-IDF: TF A1 IDF &&iEK, 1528448 TF-IDF 8. TF-IDF FIR& AN
TF-IDF(t)=TF(t)x IDF(t)

(4) (PR 2) BIHERERIN. B3 7 ORI TF-IDF JERE, 3T okt il DL X S 50040 15 3 45 L 2% 2
SIHE7Y Naive Bayes BEAT UIZRFN T o 455780 2 5 T iX SO HUE AL FIRFAE, 2% 20 SCAR IR ORI A, gk gk AT
SRATE T EESRE).

(5) SEIRGEF R AT IR AE B A B AT PPAl o 38 TR A Hh R 15 B AR 2, A AR Y I
M &5 R 5 SLBrbR 2 BEAT X B, SRPPAN AL PRI . & H PP FeAn A . HEHA 2 (Accuracy) . i 5
(Precision). 7 [FI#(Recall). F1-Score.

4. SLRGER R
T R EERE5 T 2586 52 FEdE, IXEEBIE IR AR H IMDb HLEZPEE Wl , 4R fE i ik al
EBIUUAREIE, YR ERE/D B 1065 45, WE 1. BARBHEEMAZ O RIF R IMDb HEIFE RS, {HiX

LR PR AT LSRR T 2 A F &, A4 2R M ik Rotten Tomatoes. Metacritic #1532 44 4 Twitter .
Facebook. Instagram %5432V 4

Table 1. Movie review screening
= 1. BRITLTHE

Review Title Review Date

0 This is what Hollywood needs!\n 2024-02-26
1 Long live the fighters\n 2024-02-26
2 Ladies and gentleman... the PEAK of filmmaking... 2024-02-28
3 WOW! | need Dune Messiah now.\n 2024-02-26
4 The Sci-Fi/Fantasy Epic of our Generation\n 2024-02-26
1061 A visual masterpiece\n 2024-03-02
1062 Ok. But where is the music?!\n 2024-03-04
1063 Meh\n 2024-03-01
1064 Dune: Part Two\n 2024-03-05
1065 Matrix Revolutions meets Lawrence Arabia\n 2024-03-04

R R EAR AT THRZEALBE, KPP SN A B 1 B 2 51 . PP 8 (W0 8~10 43) R FAk
B, PP BARN 1~4 73) Ron M AE R, 1 R 2500 5~7 47)Ros P 1B K

PLF 2 O &R FEdR 4R, Wk 2,

TiAL BRI E SCARBF G SCARAE N, B — SR AR A, DA Bl 22 B A 5 S b 2R TG H
(RS0 A 6 2 M B[ 13] (Najjichah et al., 2019).

X F2AHH Python 4fs il & HEAT R P BRI 25 20, L3¢ 3.

i R 2 AT I IR T AL, T LA 280 e s SCOA B v g o A R B, S B ERAT T B
Ho» B B 4 RASCA N 2R . WRIE TF-IDF S0k 06HE U 5 10 B0bE #E4T S 4 il i SR BURI AR R 1 4
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Table 2. Data results

2. HIBER
Review Content User Rating Sentiment
0 This is what Hollywood needs. A great story wi... 10.0 positive
1 Phenomenal stuff. I’ll probably calm down tomo... 9.0 positive
2 This is the kind of movie that is impossible t... 10.0 positive
3 If you liked or loved the first one, the same... 10.0 positive
4 Had the pleasure to watch this film in an earl... 10.0 positive
1061 Dune Part 2 is dope to the most extent. Visuall... 8.0 positive
1062 First | want to address the majority of “Ones”... 7.0 neutral
1063 It wasn’t a bad movie... but | would rather ha... 6.0 neutral
1064 Dune: Part Two is a cinematic triumph, a colos... 7.0 neutral
1065 I know. Poor Stilgar. Without him, we’re lost... 7.0 neutral

Table 3. Results of data preprocessing using Python
7 3. Python 4RIEIE 5 TR TR IR AOLS

Original Review

This is what Hollywood needs. A great story wi...
Phenomenal stuff. I’ll probably calm down tomo...
This is the kind of movie that is impossible t...

If you liked or loved the first one, the same...

A W N B O

Had the pleasure to watch this film in an earl...

Processed Review
hollywood need great stori great directorprodu...
phenomen stuff ill probabl calm tomorrow right...
kind movi imposs justic talk kind experi never...

like love first one appli one person love one...

A W N P O

pleasur watch film earli screen complet blown...

TR0 P H 1 e AT B i

UbAh, AT AL ER S F RS PRI SR, A TSR R H WordCloud FE2E i) = B - 5 AR R H B
MREGER %, W 3 From,  DAEDWLE 7R S8 1] R 23 A 15 D o

WX 70 Fr 2) B 2z BT U, WA IR 4E R T U RIAZ 0ot 3R, 40 “movie” “film” “story”
A1 “character” 2%, X S4ia e B GRS H A B, BT AT AR B A5 R DL N BB )
R IRV . [RIF, “Dune” F1“Part” 3 B FL2 ) it RALARON R B AR RE 1S 21 1 1018 o # 4 “great” “good”
“visual” F1 “scene” X FE ARV ANE I, RV ZIFIRXT B2 PO SR . s i v H R RS A4 U K
FREHAE . ok, T/ “Paul” F153E “Denis Villeneuve” WA K, Eon B WA M R EM S
I AW o BAACORE, XIRFASER TR (WD 2) fEiEHE . AR Ve, %
A A7 SR A 1) AR AN
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Dune -Part

Figure 3. Keywords word cloud

E 3. XEiaiEa

TF-IDF (iEl# - 300 SCRY A 26) A& — P 7E [ G 5 A B AR 8 FH R A TH S50, B FE VPN BN 754
ESCARHF I EEN, R AN RNERERTE R, TF-IDF BE® H TE BRI . Z7iEa N
R SO S H IR R R T B S R, H SR ATE 2 AN SO R RIS B, T2 PR AN .

KR 2 48R R AR AR o NS AS R T4E,  BRYISREER AR s, T 2R AL
R A L H IR VA B LR R LI () EOE M RE R 2 98 [14] (Putra 5%, 2024). BLAEF oI
RO I PR S — B AT IR, DA S B TR B ORI DGR, AT AR 8 08 ) oA DL i f e ik
ATTR . FENZRidRErh, IR bR 1 BE R R DL, T B 22 /& o & (R I SRR mT DA 35 3R AL )
PERE. [RIB, IREE 2 — ML B A, TR R . EUIZRI B, A A 2 pl
F o MR, AR 2 AR i A R T bR 25, IX L TR 45 R 5 L SE AR A AT EL i, AT TSRS R A
45 Fl-score. #ERAZE. ASHAZEANT 2,

TS HER AR o> R VR VE R B S FE b TN 5 SR EAT VP o X VAl AT B T AR I Rl 2
(A 0 DL R B [ M e . RS RN R I 4 fioR:

Accuracy: 0.9460966542756929

Classification Report:

precision recall fl-score  support

negative 0.99 0.94 0.97 174
neutral 0.387 0.99 ©.93 177
positive 9.99 0.20 ©.94 187
accuracy 0.95 538
macro avg 0.95 0.95 ©.95 538
weighted avg 0.95 0.95 0.95 538

Confusion Matrix:
[[164 9 1]
[ 0176 1]
[ 1 17 162]]

Figure 4. Evaluation classification for prediction results
B 4. TSR TG 52

MR 7 RN LE R, IR B AR DL O5% MR . RS A2 A0 A o] Z 0 M a3k 4743 36
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B AR 2R B, Naive Bayes HEMIFEMEA MR (YD Ie: 55 #8) VPP AIE . A A b R ik
ERER A IR 5] 5 FrR:

Sentiment Distribution of IMDb Reviews for "Dune: Part Two"

1000

800

600 -

Count

400 -

200

positive negative neutral
Sentiment

Figure 5. Sentiment distribution of reviews for Dune: Part Two
B 5 (GPE: £ HiFERSH

5. tig

AFEIBIT Naive Bayes 5t (V[T 2) FITHETISEANT, SRR, ZONEEREN KL+
B ORTIT, ANZE U S B R AT, 3T R A AT A S AR s B

AN, B AR — (PR IMDb) T A LA ST £ O A P 2 B0 . S 23 W7 B9 o ) S5 i
T B, R B Ok W5 SN AR 8 s 4 T TE T, TR 45 5 28 A3 40 (0 S A 4 —
R G S LB HIAE T7 DAL SE AR T A (MM 1 R o 5 2 IRABTE FER L (€ LA ) BT A ),
AHF R 9 TF-IDF R SR A B G R HE, {EL 5 SRS A 22 B

RAHT 522 R L A% (R (U BERT Bk LSTM), DTS MR 4R SCAC i BRI 8 SIS e kdh,
LT G BAEE NHIRSE, HUTAR R ST B0 R IR, 8 SCAL USSR S PR 2
6. B4R

AHT TR AR DU 5o (Wb 2) WIS PPdtAT 7. B FALEEAT TF-IDF RFIELEHE,
RERSCEL T 95% A mAEM R, RERS A AL r LT . S AN PRI IR BE A SRR, ARER DU —
ol i B pe R SO IR 2ROT 1, A5 B R ESR BB, AR T 55 R I 52

ST RE IR, WA VPR T B th AR AR L RUR . B IR A3 b, AR R B AR i
ROV E . WIS 1 IR EEAZ 0 U FO WL AR S K 2 2550, D RS 7 AE DAL FL R P AN e
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BN 5 T PR T S LA

JOERHRRILR G, (BB IS8, B AR —(IMDb S0 ISR BRI, mTREXT 45 R
AR — S S o ARORBIEFU AT LA R T BE S i O R (0 BERT B LSTM), 4565 B R MU H 2 # 4k
Mta g, JUIRE SR B, DRI AR SO St PP RN . AT FT N BT
TR TR AE T EE NS, BRI AR T BT L SE S I BE T AR
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