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Abstract

In recent years, metadiscourse research has garnered significant attention, yet its application in the
specific context of human-computer interaction remains underexplored. This study constructs two
corpora: one based on interviews with 12 Chinese students answering questions in English (11,148
tokens), and another comprising responses generated by ChatGPT to the same questions, collected
through 12 repeated iterations (10,867 tokens). By conducting a comparative analysis of metadiscourse
usage between humans and ChatGPT, the study investigates the manifestations of metadiscourse in
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human-computer interaction. The results indicate that Chinese students employ interactive markers
more frequently in spoken Q&A, while ChatGPT’s responses exhibit a more mechanical and standard-
ized pattern. Specifically, the student corpus features a higher prevalence of self-mentions and en-
gagement markers, with self-mentions occurring significantly more often than in ChatGPT’s outputs.
This research not only enriches the study of metadiscourse in spoken English teaching and human-
computer interaction but also provides insights for improving related designs.
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1. 518

B & A BRI 515 BT LR, KALESHA(LLM)RGETE. LLM 2 —FET K8
AINGRIPERBE S IR, BRI A AE R HAME S, SERRUNE 5 M. BRSO, SRR
AT [1]. IRAR, LLM fEN TR fedidl R e it ff: 2020 4F 9 H, OpenAl BB GPT-3, &
NEF R AT, 2500 LaMDA FIE BRSO — 5 ARGE i, AR 12 Rk Tt &
TGS, WO T HHE S a0 AL ARAE /). Hyland [2]1 8421, JCiHIE & — R URE . ikl
HALHIH G F A IE S PR RAECIEER 2N, HH TR R B R AR R, AT, #
BHAEA AR CEE2] [3]. BATCIEEWT A CEE S B, (ENLEEBCCAR T IeIE AR id 1A A
¥ TR R ANIR DS o

EN TR, 185 B W1 ChatGPT Bl 1A FifE il SR HAE I A A K, {H ChatGPT 7E H 4R
BE BRI TR BB LIS Ak, (FdE geilr B B, fENE. o
H BRI S T BA B arRI[4]. R0, LA RSCARMGIEEFMSE 5 N TIRASAFE
2, TTRERSIA SOA (T B S AKLAS LI 2 . B 90X e 22 Bt 4R T L 28 A e A o B e AWLAZ L
MR ERE I,

AW G B LE LA G AT v [ 22 AR AE 9018 THE [0 2 R K e i B bR ic A 5 ChatGPT A= il ml 25 1) = 7]
LR NI fE TS ESRICE AN B ER, IR R AN B R ER SCRERISE B4R 5 . BHAT
JF] AN

1) SAEERE S ChatGPT 1B R ETE LI B IC A Fg BAA R s 2 57 2

2) FAEEELS ChatGPT i kHELEA [F 2R A e 1 B Aric A R B AFEAR LB 22 57 ?

2. Xzt
2.1. FTIEBHENX

JTCIHIE RS i e 1 Z. Harris [S)32HI, BRAATEETHINMEZEEE . Bz S eok,
AR 0 HHEAT 7 2 M L. B Meyer [6]. Schiffrin [7]1 Williams [8]FIAF 75, TCIGIEIZWIZ 3 2
K. Meyer [6]3EH TR S “(55 7 , FTFESEIEELSHIFMEAE R, Schiffrin [7PE CiHiEM A
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SUNPPA S TE A T H ;. Williams [8]UFF “Ioifil” ERNHTSHESUR, &33O0 “RTIREMES, Bt
BEENE

T I AT 7T EORE HARE A hRe, B 7 HAE NBR BB fERI[9]. BEERTFLRA, JT
T I NBR I REZ#T 51 TE £ ¢4 . Cristmore [10]48H, JCIEEH B BBFTFMEE EE, K
SRR, JF R P SCHURIE O S 1 e SGiE Je il . Hyland A Tse (2004)32E— 25 it
TR A BEVE R, CLS SCRMNERIDRE, ARBL T 1E 8 X 7 S S BAS B o ald e i
VRS R 1 A 15 1) P4 25 2 A D i BF 2 B ) SO [11] o VAT 55 TG T8 A2 380 2% ) R4 i T DA R
SIHTAHBAE & MR T RE I TR [12]. JeiEiBEbRIC i B r 2E0L% 1 R .

Table 1. Hyland and Tse’s metadiscourse markers model
%2 1. Hyland #1 Tse BYTTiEiBFRiCIER

Category Function Examples
Interactive resources Help to guide reader through the text
Transitions express semantic relation between main clauses in addition/but/thus/and
Frame markers refer to discourse acts, sequences, or text stages  finally/to conclude/my purpose here is to
Endophoric markers refer to information in other parts of the text noted above/see Fig/in section 2
Evidentials refer to source of information from other texts according to X/(Y, 1990)/Z states
Code glosses help readers grasp functions of ideational material namely/e.g./such as/in other words
Interactional resources Involve the reader in the argument
Hedges withhold writer’s full commitment to proposition might/perhaps/possible/about
Boosters emphasize force or writer’s certainty in proposition in fact/definitely/it is clear that
Attitude markers express writer’s attitude to proposition unfortunately/l agree/surprisingly
Engagement markers explicitly refer to or build relationship with reader consider/note that/you can see that
Self-mentions explicit reference to author(s) I/we/my/our

22. A\MRZESi®

AMLAZ B (Human-Computer Interaction, HC)fE N — 1552 RF 74k, EER T ASIHEN RS2
(] ()58 EL TSR AL ), FEAF 9T -5 0% 22 R G DG A% 0 I R [13] o i A R I TR HLIE 5 248 HL
TR T 2 LB R RN I A B B R AS HOR FEBY B N T 7 B A P S m i Ris B, R LA iR
S, HCI AUk H A ml A A05E . Wrdl . filvi 55 2 Mas Bo7 s, 138 RO AR A B B B R AR [14] . IR AESR,
[ 22 7E HCI AU AR T BB AR . fEENRE T, fIFR(2025)3 2 HE T “XUm) 4 7 BB AESE, 7R
THEBRG T NIRRT FEARTT, NS BT 7 H A IS IER[15]. £ BT 5T, 30T
(2023) T W& Re X R AR th ) “ 2 500”7 HEZE, SR 7 - RO B [16]; XA E (2023) %
G D LR, 2GS REH AR 1R 2 R 2R 8T+ 22 89.7% [17]; 1BAEF(2024) | & 4¢
WEFL T RE BV ZE R B AT AR HENL ], AR B 2 2 Bk 5 AT A 78 Bk 18] -

PR HCI AF 78 2B 2SR R S . B, 456000 Wr 58 Al fl bl 25 22 Bl R1IE I8 1) 3D 28
B, #)IZ N T 3D WA BE A A R E (VR) A SR IS (AR) BEAR I R A
WU I RE TR 07 0] BRIT SIS AR AT R G BOE AT\ PTIR 25 ST A58 56 B FH 251 2 W,
XL A TELE SUB AL G ALAS BB, SR, R [ P T 0 B8 QB AR AR N 5 TS ik g, (H
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AL BRI FU S BOR SRR BT« RFBREEAR TSR SGEAN L5 A RORBI AT Z it — Dk 2 RS E R
B LHIERERBEARIE, FIRNsRE 2R &0, AL EEARB BRI,

3. TEIpHESE
3.1. RISt

BT AL G REVE S BN TR, MR TP REZE . Dy SRR D R ERE R, AR
LRI TTIRICER T b B SR AR E TR T RSB AS A o 12 440Kk B AN A b iy o [ 22 A T S
A1 1 50 T He b B B S BB AR A — R A A R T $R Y, SRS B ETT HE, B
RTS8 HXR . WL RVUERSE . EDTRISRE T, RV ARG 52 U738 [ 1m0 3% 5s B 1) N 2, DA £
X E R . VRN BB S F oSO, TR 11,148 MERFIIERLEE, JFMA 8Lk, 3¢
B S AR BR AN ) 545 R

NT G EPAEERE LR, ATFEHE Tl ChatGPT AERuitEBHE . RHIAH R 5220 1A ChatGPT
Py, EH 12 RUSREUR AR . HFEE A% ChatGPT 754, EIBSIE i 1B S 1 E
A, DAEREA UK a1, b R esk H AR . 7% B RS T REASI L SEX il 1% 45, ff ChatGPT
f [ 25 58 B AT VR RN SN . B, o ChatGPT Y EI B H s SCA, TR T 10,867 AN AT IR 215
B . 222 Jon 1 R Rk (0 1 3] B P 24 4

Table 2. A lexical comparison between students spoken Q&A corpus and ChatGPT Q&A corpus
2. FHEOBEIZFIERNES ChatGPT [B1E BRI EERIRC L

A G A B ChatGPT Al & 15 L
AR 12 12
PERTIE] 11,148 10,867
AL 1737 1712
(53 R @ NIRRT 929 906

3.2. BRI

TESE AR JS , W AR RS T e S e B . B, KB Hyland [2]19%% H IR G158 A5
it, HEEAKELIN L. AFFRFEH Maxqda2022 FaEBEMFE. #l, &KiE Hyland [2], about #%4
REAIE (hedge) . 24 about F o AN E PRI (G2 AR 1ERLEE A 1“1 actually have watched it about twice or
three times in movie theaters” ), AL VRMILE: 4 1E /A48 FH (40 ChatGPT & kHEEH ) “Then there’s
how he deals with his past and his guilt about Mal” ), JIANHIEARRIE. Hk, {7 Maxqda2022 Fiit
ANERHE bR & TR, 3 AntConc2014 Ziit MimliCHot, LA R ILITIEEFRIC I Sk S 2%
FoyAi. H=, {HH 1BM SPSS 26 #HT R k4e, LA @ Ealbric &I PR IR Z R B E . &
Jei, PRI B F 72 R (T T SR A

H ARG ISR W] 1 FTR.

N ECER PR EE TR B ARG IR, AR ORR A RO, E e, X EANbR I & T IR
FTARAEAC AL R (SR AR AR SO A A7 %L * 10,000). AbFRJ5 45 w7 3 iR .

BtiJg, {41 SPSS Xt 24 M1 & ERHE 5 ChatGPT il & RHZETE FLAN 185 (K B 3hbric J7 T AT
BEWERIR, S5, A DEEERES ChatGPT & iE Rl EE I H b KM L2 7 5
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F(RJ71E =39.456, p=0.000<0.005). fEIXPAFERHES, 2L ChatGPT s i B Ffe X A2
Hhpid, X8R TR 5 ) 2 i 2 A RIRE A AR R . 78 12 IRijikh, %45 ChatGPT i
EAERE P H AR 7 0 1564 F1 1096, KW HENFRICH) T Z M. ST, ChatGPT iEkHE )
SR A SR B D T AR, IXR W] ChatGPT AE M SUAYE R bR L ] 5 N B AT,
ChatGPT (¥ E M8 PR,  FLBE I L SUAR M B AR A SUS 45
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Figure 1. Frequency of interaction markers in the two corpora

Bl 1. MLBEREE P EEFRIC RIS

Table 3. Frequency distribution of interactional markers in students spoken Q&A corpus and ChatGPT Q&A corpus
F 3. FHEMERIZFERES ChatGPT QBRI ZER E M B EIFRIT IR IR

SR DU ) Rk rh AR PRAESF  ChatGPT [W Zr kP th AR FrifEdiiae

i 135 121 90 83
TR 303 272 203 187
A ARd 35 31 27 25
B K 527 473 258 237
Z 5¥rid 564 506 518 477
Mt 1564 1403 1096 1009

Table 4. Chi-square test results for the interactional markers standard frequency
= 4. XERRCHRERENFHRIEER

A A R AR ChatGPT [ 25 184} FE p 1A
ZH AR 14,029 10,085 645.067 0.000

A JRIR T AR ARSI RIS A R, S DIE R BE R A EARIC R E £ T ChatGPT 1%
TR, ARAESER Sy 14,029 F110,085, 3% 32 B S AR A2 00 1 A8 FHAE HoARIC 51 W A B 3 (R J7 8
=645.067, p=0.000). A= [ ) 20 iRk A AT A8 A8 FARic S B T B AR M sh A B, A B
TH B LERF UL R OC R, (G B Sk . L2, SR ChatGPT A2 B SCA B 28,
AR EAMCEH EARTRMR, X Bn] BRI T H S SRR RS (s R 1 X SCAR S50 . il e
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ST “HRVONIREEER 2 AT BT A A OB R E? 7 I, ChatGPT 38 % 1445 ¥4k 77 s HER 5 40k i re
S BE EESREA AT B, (BRI A 2% H SCHEZL A0 o 100 27 25X il R [m] 25 ) 5 R
HERE, XAREL T NSRRI 15 p i M5 MR AR

¥ Hyland [2]#cifi BEE, A HARCA N T RIBTAICREE, AU E RS . L
o, SRR S BRI, R A A TR IA S N RIS, A [ 2 B B AP AN R
J1o Uik, AW A EARCOR G IR R SRR PSR ENERE, DU SR T A3 BTV AR
fiftko 1 ChatGPT WU EE A A2 AT & 1 5 16 SO SCAS, S BOLRE S MBI . S AT
AR A W S B ARG R T DB AZRITR K R E MEAA AN I, T ChatGPT JUSE I T 8 5
. T SR EERTPNMERLEE Hh TR EL AR AT A AR S R 5 A B0 4

Table 5. Chi-square test results for subcategories of interactional markers
5. Eaitrid FEAMFHRESER

E AR AT o) R ChatGPT [1] & i ki VR pfH

TEORIE 121 83 7.078 0.008
i 272 187 15.741 0.000
BEEARL 31 25 0.643 0.423
SER 473 237 78.445 0.000
Z Hirid 506 477 0.856 0.355

25 WRTHANEREZ M REZESR, Hh, S50 B3RS &M 2 AE i ANE R 4
AL JE S — RN o AR TG R BB R T () B 3R AR AR B m T ChatGPT M BB RLE(R 7 E =
78.445; p =0.000), 1iZ5hRic A FEARIC AR E B MERHE 2 [ A W35 25 (R J7{E =0.856; p=
0.355; KJ7{H =0.643; p =0.423). MAb, AR E R H IR LA AR B S 2 T 5835, e
ChatGPT 1EEHEH, H RIS A5 miB 1 A 72 R AN o 76 BIR$E S, 5] | s AR A
TX A PR AR R FE AR UTEE H B BT, AMTE SIS 50 A (B Lo, ST Ax
Z5R, RAENREEPRIEREENER. 2500, S50 BRI L2 AN TERHE ik
WL HAMC . B IR S 22 5, BT RN HE— ARG S R R

32.1. 85FE

TEPANTERHE A, 25 F510 2 A0 FH AT i i (02 FLARIC o 1% SEhRic (i 2% 2 REE 5 R U7 3 1EAT 5 4R
WGIAZIL, X7 2 1A E R BB R . 4% 6 FI3E 7 0B R 1 426 DB M 255 RHZE R ChatGPT [
TERLEE F AR e I =R S Shnid . Hodr, S TE RZHERE I RT = A2 SRl 2 you (1K),
your (YREJ)F1 we (FAT), TI7E ChatGPT a2kl Erh, J =42 5hxid 2 you (7). your (FREFT) A see
(B H).

Table 6. Top three engagement markers in the students spoken Q&A corpus
6. FEMBRZENEPERNERESH=ME5RC

TE ChatGPT |1 B ikl P [ A 56 RIS
you (1K) 251 225
your (fRI17) 44 40
we (FA11) 30 27
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Table 7. Top three engagement markers in the ChatGPT Q&A corpus
F 7. ChatGPT (o) B iEHRI E P E AR RSN =& 550

£ ChatGPT [i] riE kL 1) S 5 PRSI
you (fK) 231 213
your (fRI17) 42 39
see (B/WH) 23 22

Z SRl T F TR SINSCARR T B, BAE S R HIER I IHERAR Y iRz
5% . RESRCRAWAEEIRE: RIS MY, “RIEBNEN. REMTHXRE, 25
PRCH SEEARCH RS, (HHMRZ AE T BT ERE RS 5RIE2]. flin, ERNERES, 2
5T 51 22055 S 550, AT IS EAME R . BURRBIEEER T2 5hrC e .

(1) Interviewee: My favorite movie theory is definitely Harry Potter. You know, the series mainly tells a story of a young
wizard named Harry Potter. (Text 8, Students’ Oral Q&A Corpus)
(2) ChatGPT: It’s all about resilience, friendship, and never giving up, you know? (Textl, ChatGPT Q&A Corpus)

W ESCRTR R, JEiE you know A2 ¥ K you FIFH WLASHED, & F T 3SR AR A S X8 b o R sk
TE424:F0 ChatGPT i kHE 1, you know {8 TG A7 76 B35 22 57 o 2% AR I8 AMRIR S you know,
FF o SN A SR s A, s 7 BRAR BN R TR A S B, NI B —FpALng 55 . AR, %
A8 you know TENHTHAE, DMEXSIERY EH SR XIS, ChatGPT B 2 FH ¢ I 7% 2 you know? fi
UEF SR Z BN BEA R, DU GRS 7 B B R . S P O 358 H AR S8 U AR R A S B, [
i FF T i 8 B V7 AT 75 RT A AR ST R B T A 2

A0 ChatGPT X you know AN [EE A e 1 % BRI BBl XURE . AR Ia R e, B EHAR
Hh AR L ROFRAR, T ChatGPT I A BE M, SR S L =B . IR 22 5B T AR EARNHE
R STAE A S AL AR B 70 38 S 22 TR R X 530 o 25 A2 A S5 w5 0 1 4R b A 3K S8 3%, 177 ChatGPT 1]
S A R P S U 3 AN [ YA 7 R

3.22. BRER
FEPANTERLE R, U B e B AT = AN B AR Sbmic 70 2 1 (3R). me (F)M my (i), w1k 8
M9 Prom. BARKUL, EPIMERES, | R IERAEN B BAR SLARC. SR, FE5A2E DR R B ERkE
H, my BSCRALFEE —, HIUE me. A%, 7E ChatGPT [i) & 5 kHEH, me HE&5E =, 1 my MIAZFI5E =
H JARME IR A BB, @ H @ 5 — AR A AR (W0 1, me, mine,
we, our, ours) (R AIR KT & . XL R BRRIEM —ME NDFB, kB TIEE M. S U EE 5]
A Z S R [2]. ERAERES, BIRIERR M TAAEF R A BGL, BURRfl A 7xf
PEREAT T Ui .
Table 8. Top three self-mentions markers in the students spoken Q&A corpus
8. FHEMIBRIZEREFI=MERERFRC

TE 2 119 1) 25 R PSR
I (3k) 338 303

my (3210) 66 >
me () 58 52
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Table 9. Top three self-mentions markers in ChatGPT Q&A corpus
% 9. ChatGPT [B|ZERIEFRI=M BB R ARIC

TE 2 119 1) 25 R LERLEE
| (%) 138 127
me () 68 63
my (i) 28 2

(3) Interviewee: | think water wise growth is driven by several factors. (Text 6, Students” Oral Q&A Corpus)
(4) Interviewee: | think is very closely related to my interest and hobbies. (Text 11, Students’ Oral Q&A Corpus)
(5) Overall, “Interstellar” has sparked my imagination and encouraged me to think beyond the ordinary, to consider the

big questions about life, the universe, and everything in between. (Text 5, ChatGPT Q&A Corpus)

TR LB BAERE R, 51 e SR A IE 2 | think, X B [E 22 AW T 1 think ELEZ
RIENNENW, IR BT EM SR G 0. BhAh, AL H M my SHCZHE B, W my
interests and hobbies, PA3EIHAN AR TR T8 K. ML R, me BOGE FHARR ARG ALK, 385 L]
BB EEIENE b XRAPAEE TETREN AU SRS, MARENEINERZE . 1
ChatGPT [HZiEREd, me MR T my, XEH ChatGPT it me 58 H CAF AXTiES
S5E M 54y, IWT4eRsF Bah 1. SR, H1T ChatGPT A EA% A JSHREAR Z o i > AT AU 8 % &R
PRI my 48 A% B AR T me. X Fh 72 e dian 1 NI N LR RAE TR & 1 SRms EROATE. AR
IETEEAMEA, BRI AN S ALK, 1 ChatGPT MIMRYE R AR 75K, (6 B FR A8 FR R I N AN /] () %%
TR, ARG .

4, &Eig

At e L P E 22 A2 S ChatGPT £ [ 25 b Al T 5 8 X0 HL B2 B AL RIS, LB AR IC O AE A, IR AR
BTN B A AR C HIRHIE X LR Sl XA B @B RER M AL, BEhFR LRSI P A
PR 2% T ChatGPT UBELLAI % . X — R IABURE T AR R R EMEE M, hEn 1720
NLEREAARYNKE TR P AR AL T, HIRIE LS HhRiC/Em AN E R E h 8 HE fom,
ST B TE R 1 E R ARSI A . R ChatGPT fEBUU N AW 7 A Frdh b, (H2H T EhbR
LI 2B S RS E, SR= T ARG B SR PEAN 2 FEE . IX AP 22 53 AT eI T ChatGPT 74
B H ARTE I AR AR, PR RS MEAHERR . AN, A ChatGPT fE GRS LA T
e, ES RIS AU ZIAR P, XA IR 5 FIN R Bl K S A i S5 A A BT 54 0% BT 4E 2R
5 Hyland (2005)32 i (7CihiE APnZh REEL I BAT B B — Btk Bdla iRy, A 2ilE £ OiE
AT HATEAS F E FRAR K bR ic (i €1 think” YRIZ 5 hRic(Un “you know” ), IXFPE B RFIEA 804 2 7 X
T SN F e RE 7R BBl AHELZ R, ChatGPT Azl [l )37 2 31 HH B 2 i R AU AR AIE, X Piist
AW 2 BT N T B R G A B k= SR B BER, HE 5 A R BT T ZRad A2 R 2450
ikt eAE .

ERER R, AT AL S ##(2025) 4 Hh Y “ XA ” BB TR T A BRI b . 5F 78 £t &
s NI B e TR 1 8 D0 R (B U AR AE, 10 AL FR ST 70 1 VA D) BE AT 7 - R e B )
58, X—Z Rl gl T 3 58 e AN R A R SE R AT S T AEWT TR IR D T, 5 S 4
DUR LR B2, ZulE IR 2%, Hooihif (i F W fe 52 2 BHET R RN R, 1] 4w A
“Ithink” ATREES T AP SCRIE S “ /3" HIERAEM, X — DR % EE I 5 LRt et —
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KHiE. JLIR, ChatGPT I “MRBMIE 7 Rk, 7T fe 5 HIZRBids b oaleE 3 00 B iR g A G, X
—RIBUGETR Ja SR U EE XS AN E] AR (115 5 A RIS AT R W R TR, AW TUe
XA RS R B EE IR, N T RE AN LR ERE, TSR Al 5 R g g i 1%
PETCURTEARIC A o BRI, 3X— ik i EHE TR, DRUOAIE BERUNAR AT RE S| R F P o Al R GERBE 17
AATISE BRI TN, T R A AR XU o X8R ILRE AR AN LSS LA FE S B B B S 5 A
SKEAR T

ST S, HEPR LA R NP gt rh B0, 15 2 A8 AT B T 30k S0 AL s i e A BB 1k
HAR ChatGPT fERA A LG AZi 7 IS 7 B EERE, (HH5 AR B B2 28, X R
T Al BERTESCSURA A AE R . fEASK, $2TF Al FE FHE A B9 R I 5 2 — B IR SR A 2R 840
& N R 28 AR 5. 5 ) IR FERIR AR A FEEAR A AL BB P PER], R Se5%0E
Al fEAE PR R, DL R BRI . AR RIRAE T, AR Tk S E &0, HUR
FEARERUN, B0 AR T E 22 AR 1T ChatGPT (#1812 K AR B4R 4 22 5 Wl BEAFFE R 22 . Rk
W TR RFEAIURE LR AR, FFIRR Z AL AN B JANEIE RO RA, DR TR
H5RE.
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