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Abstract

As a crucial process in improving translation quality, post-editing can effectively offset the draw-
backs of machine translation. Integrating the characteristics and translation requirements of tech-
nical documents, this paper takes LangChain’s official technical document and its Google Translate
results as research subjects and defects some common machine translation problems, such as mis-
translated terminology, unnatural sentence structures, and loose textual coherence, and explores
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post-editing strategies for technical documents from the three dimensions respectively. The pur-
pose is to enhance user experience and provide some references for the accurate and standardized
translation of technical documents.
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1. 5|8

HT, HLESE R OO B R AR T I BT B, A R LS R R A R S A A O T N\ R
PRI BESCER S F[1] . EHLEEEEC B AT R R 2] — P Bh, WOUH R e XN FE W
WG G TSR SR AN TR RS HERE, N BRI AL 1 = R E IG5 SO, TS &
BRI L AU IR 2]

BRSO A 7= i VRS AR IR R R S CA, Tz A TNl TR, BERSEEAT (3],
FEHH PR S E A BRI E R R S E S, &7 R IR SS AN AT BER BRSO . FOR
SCREI RO R A BRAL AR, RIBFIRSATW R EE NS mBF, AR AR 2 A5
BB A2 E] (4]

LangChain #2& 3¢ [ [ — N R 5 BN T AKHESE, AR SOOI 8 F 2 ok il A m] sl . ASC DA%
WEIPEAE ANLZS BRI &, 1% LangChain $RSCRPE NEIBER M, 7 UL AW 50 9 S SR AT
RICREINVE, HRHP—F 6, TR Sy B B i SR A 2 2 Ak, Phsk > AT s AR
SCRYTE S RERS, SN EOR BRI R R L =
2. BARNHENTFSAMEEER

TRBRSCRE I T« ARG KRS 7T HRr AL X BRSO R A7 B B I DR e B 18 o1 B 1 A4
2.1. BRI HSFAE

FAR SR 8 T @R AR, B TR ERHE. (1) 1730™ 8 BRI Z 0D Re 2tk i
HEMRE S, DRIAT SO 200k AT T e B R IR RN R A, BRI IEEEREREE. 2) ARTERHEE
e FERIR A B VER AR, HORSOR N8 TUAR, SRR, AR PR . (3) At
e FORSCRY AR R S 0 S, IR R O B AR O ME B, LR R RRE S I S
RAF. [FINIE T 5 BRI R, TS SER5]. 4) BHLWARE: BALAREX R R R B S
AR ERAARBARIER: FRHPARERFEMIE, #hHEREERH. (5) RRBAL—. &
B SRS AR o A% OSSO & XU SR FE— S, A B T8 e p A i, SRR ™ W M i
W SREAL, $RE ORI 5 .

2.2. BAREHAEIFER

BORSCRS AR R AR TR B 0008 5 F i, 7 BRI HOR(E R, JEIE F AR oK, S BRSOk
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TS B RHE, AR EOR PR R I T (1) dERRPE: PRS0 0 B S i B ST Mk AR E A
W, BRORCHNE. NI, RBORSCREIRIL AR, (2) ATk BESONCENY] E, (3 RERs Fin
g, BREARITURIRE. WRFESCEAEGERIRMAGE., HEAY. WETLREARL, ATCLETIR
o (3) BNk SN RRENE HARE 5 BORSORE AT, JIRIESE AEm— 2, @il 5 A
AMAECLERSME, (85 HARE S S AR . @) Tolbbh: B8 NH AR R AU M BOR T Sk mil, Bl
BORBEIL T EAR JE SC, JFSRBR SRR E B EE 5AERE . (5) —F: BRI, 460815, 55
DS A% IV AR SO P BLORIF G, AU RRARTE & A RIA, 8GN Rk 22 57 51 % TR 2K,
FERE N ST L

3. HEEENNAMEERE

BEEH AR, MIZSE R TR ORI B A R0, 0N TREE 20, FEERZ
R ZR G0 T ) T 2% ) AR DI ZRiB R A s e IS 5 S50, T4 2 BRI EE f 6] HLEs Bl PR
Bz dERITE. ATt RETTME, B B IURIORFERINEE, BRI SCEBE, TR 2 SR B Y
] S B R B S e S n) @[ 7] T HLAS BN IR PR S AR 45 A A RE 78 0 RN L2 B PR IR, 7S
Oy RAENTEIEIRG L8], B& WIBL B e iR (R X &, AT ARE . ) SGERE. A)=U
PR IR RS S 0 E RS IS . RE, SR
3.1. RiEFMIECEIE

HEATHER ORI e PCR B, AR BH B (R AE AR PR B SO T . AL A R B AE AR Y
W IAE R B JoiE R H R R AE L b A i B TS BOE SO ZE S e, TS B0 S R T
RNV PER B sk . BHIRR TR ORARTE o . i, HEM.

% 1:

J& X_: A big use case for LangChain is creating agents.
-3 &0i%: LangChain #9— X A ) 2 4] K 22,
%5 % 4% LangChain %9 — X A 4 35 2 €] &% A1k

IR THRE R A ) 22 SORTE, LA BRI IR AR AR JC IR AR I 2 B AT ] S8, NI 7E T b AR 3
IR FEZSCRY R, A5 8B B TC TR BT IR — 58 R S0 “agents” B EAR S S0, SEESCHBL T H#iHR,
MAER R RS T 8UE B EHR RIS, HISSSORM L. 2 N TR RN ) Gk, 2 HE i sofd
F I FITE P SCR ZHOCHR AL, “agents” 1IX— T ARIEFRCN “HI A8 o BRI, 6 T2 AR SCRY IR,
i R RBAA” X — AR IEFRIA AT USRS M [ B S ST 2, FFA B SORSBRH 2 0 e A Al A

1 2:

J& X_: By themselves, language models can’t take actions—they just output text.
BFmE: BEFHAARY RERBATH—— MR L& LA
FE it EEHER AL RRRPITRE——C M R ik LA

SHT: BTN A Y TRHERABC AR IR, AL B TS R AR R T R I S . A AR
P “take actions” BIVEA CREATZN” , BARFH FRERAHEE, HEAEXIERT “takeactions” F¢fE
Al Z5 “PUATEEEAE” , BTHEARS S FRIRERRE, SR CRGEGH ARG A TR CEREH
ARICHEHTE AR, F REUTZN” BN “PATHERAE” . BERARIEOR ST IR . T5 T .
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J& 3_: All Toolkits expose a get_tools method which returns a list of tools.
S PR LA G HR N TT get tools Fik, E A kEE LA,
FE Gt BT LA G334t get tools Fik, E AR E THEF| A,

M BT RSO SRR RO, LA EREE DA SR B RS 2 A I A1 L. A BB RS “ expose”
BRI AFFEEARSCE P AR R FIERIE, AR UM ZE . 5 “ATF” SO “dReft”
AP EHORSR I TR A L R SRR A T BE £ 1 A0 3G, $RTHFESCH Bk, B F I E AR,
FEEr S RIS T3 3

3.2. ANEGH

POCHAR SO E A K A) . BB BRBMR S5 A) G50, DLSEIL A 1 v B A
PLER B IE A H ki e )30, S ECh SO SC ARG MTREL . RIBARE, AR A SO AR SCAR MRS T
A ST, BRI TR KA, BaES . BALWS T At R, RBIHE O S5
k.

il 4

J& X_: The name, description and JSON schema are provided as context to the LLM, allowing the LLM to determine how
to use the tool appropriately.

L AENFE LA kS ISON # XA4F %4 LLM 69 £ T 424k, A3 LLM #) & he T E# 4% 7 % T2

FE A T RAM LA, R K JSON # X4 LLM 345 5153, (& L &3 A ix T B 6948 A 7 KXo

AT AR RSB I ANE SRR, F AR YENIEE, % 108 LLM B BRI IR
W, XMEEATEIOEM A RGN, PRz, EREHMERN IR E B 9], TR mE
HEE CHARR. HER K JSON Rt g, B < TR, BERIEBON; BINENEE “are
provided” ¥#H NSO HIESIA, BN N LLM RS HIES” , RIBI M@ 2% - F ok
g A I CRAENRZEO & o iR 5 57 AF& o cRikg s, A EERY

%1 5

J& X_: Chat models that have been fine-tuned for tool calling will be better at tool calling than non-fine-tuned models.
BEN I AT TR R 34T T HOR 69 3 XA A T AR R O & A bl RO A9 B A R L LA
FE g 2T ERARERMORAGIRER, AT ERARNGESSEHE,

o3AT: SER) 2 BN AENE, DOEZ 2O B HUE R 107 J5 SO AR 56 B 1 4
FEA “have been fine-tuned” , AHEHFEE RN “HAT THOAK” , SBOFRCGRAED, H “7F T HH
M7 g RIS A NEE . SO OB S N FINES “G-- B TROAR 7,
BT s[RI, BRSSO TR SO, R RSO I 2N R ), RN e TR T2
beee RIE LR P4 “H TR SHE A7, #h “Tol” AFIRE B, S50 &8 CHE
TEWT, FEEHORSCRIIEMT . 1573 I 2K .

%l 6

J& X_: Non fine-tuned models may not be able to use tools at all, especially if the tools are complex or require multiple

tool calls.
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BAFREE RPOARBETRRALIEALL, LARETARELRE RS KT ELAMN,
FE it AZAMANBATREZELFEALE, LARGSARATARE RS RART LGS F,

ZrHT: JRICH “if the tools are complex or require multiple tool calls” & 254 4R1E W), AR E IR
HERN “HLTAMREREFEZ R CRHBEHAN” , R4, F “®iEk”, B “HEZRTRFHE” 1
ARG ANTEMT . R, PR gREE SRRIE W R A “ IR R 4 THEFR EZ O TR R,
HYPE TN oo st W 7R R, ARG T SCRIA S [\ “ e doik” t “MAR T
B G BRSO ) IERGE S, FF & BARAT SR IR — Bk

3.3. BREAE

VB b e 53 BURR B 4§ i SORN {3 BAL 35 (O W 1k 5 T ek . WL B R AR AT 2 AAE b 2 T AR 4 o
2, PEERMAAR . ARG B E R AN S ) R, B e B R AR, st
WPRE, AR ST, W ORIB R AT .

i1 7

J& X_: Agents are systems that use an LLM as a reasoning engine to determine which actions to take and what the inputs
to those actions should be. The results of those actions can then be fed back into the agent and it determines whether more
actions are needed, or whether it is okay to finish.

B RIL AL LLM A A 38 5] 5 R o 52 2 R AT S AR X AT S AL R A 89 £ e RJG
T AR R LT LERBIR AR, HARRATEZLLITH, REATTALAR.

G A X R RAREN LLM AR AR 5| %, stmah 2 F RRGATSH BN BN R o MG, XEITHHE
R BAR AR AR, BAFIMRAEE LG — I 179, KRATTLRARE.

i WP R)E R OFRER SR EEZATE), BE RS AT LSRR A IR IR A IR .
JECFR “it determines” B FEAE A2 BT SCIARIR “agent” , {HIFSCEHNE T E15, 1B AEHEH LN B, E%
T SCBE o PR AR E 3L WA R AT SO RE AR, ORI, 5 U B R .
HEN, ARSI AR T, SRR RERAR, SRR SRR, B SCEIE .

51 8

J& 3_: If you are still using AgentExecutor, do not fear: we still have a guide on how to use AgentExecutor. It is recom-
mended, however, that you start to transition to LangGraph. In order to assist in this we have put together a transition guide on
how to do so.

BFAniE: do R4 45 AgentExecutor, & REdeas: FAMGAA % T4 T4 AgentExecutor 4935 . 12
&, FEIF4EEIE 8 LangGraph, 2 T8, HRATEE T —0 % FhelTEE 603 .

F)5 R de A48 A AgentExecutor, 5 R-Edes: EAM KA £ FHeAT4% A AgentExecutor #5935 &, {2
R, EMEI45 LR 5 LangGraph, AW E R X —id )k, RAVEE T3 ER &

ST JRIC “this” BHRFEACHT SCHY “transition to LangGraph” , = ZMBI A P St E, maak
BIVER) “ON TV RSB BRI, EOX 5 HTCE UG I S R AR A TG . IR
JE B AR AR B & S, AhFE “e X kP KRGS, WM BAR N R, K3 6) AT S RN Y
RO, FAESGSCH “XRIE)” BREERIR, MIBRRIETEFR, BEAETEIHW.

519

J& X_: AgentExecutor was essentially a runtime for agents. It was a great place to get started, however, it was not flexible
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enough as you started to have more customized agents.

-k 407%F . AgentExecutor A £ X F BT, B —AMRIFHIAE, A2 R, SIEFWBINA L5 2 HKEAT,
CRGBRF.

#JG %4 AgentExecutor A LR KBTI € G AN R AR, 12 K EF 240 £ 5 2 HK RN,
EREHRBATRET .

T B, AR, R MR FOREGE, 2N T RS A T S EURE SC
BN, VR ARG R TIPS SO R RO S
FUR, ARIREIPER ) < BN R FIRISC S A R R B, SRR, BB
L, PERHEHT B 5, TR (RS, R BT i, (RS S
%,

4. D&

AR SCAHIT 5 B A S OB R U7 A BAR SCRY, DL LangChain B 757 B SCRY S 3 BN B 45 A IE AT B,
RIT T BRSO ML 013 L2 0% )i 2 A S0 o T 0 R L85 B B AE BOR SO B 1 b B RE SR TT AR, (HAE
ARG, ARG IRREEE NN L. RTINS AR S &, FIHLE
B EEA N TR AR, DRAESOR ORI B I i, BRSO it 1 i R B2 B IR oy
Fo AWFFLEERDOE T AT RSP, ARV N =5 I, — R SCAEE, =2
XFLEAN ) R AT LA B SO B, = Rl BT FEM S SO PP R R . EBOR SO R
FEVEBCR R B AR, U AN SR PO BORRNR S T 5 AR IR At V130, Rt oy @ o

FEACILIA 15 B AL R PR
EETH

AT FiAS B TR 5 /S a7 A 208 G0 5 4:(CX2024197) BT AR 20E #052 E U I H
(2022ZDXM10) LA I 2025 4F FigAMEAEE BHARA R AR “HEH~FE&ERE ABE ” %8,

SE WK
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