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Abstract

To examine the practicability of domestic large language models (LLMs) in the scoring of BEC Higher
business English writing, this study selects DeepSeek-V3.2 and Doubao as research objects, and em-
ploys a dataset of 90 BEC Higher writing scripts to carry out controlled comparative experiments
under three prompt scenarios: no prompt, only scoring criteria provided, and both scoring criteria
and human-scored sample essays provided. The findings reveal that DeepSeek-V3.2 surpasses Dou-
bao in both overall scoring accuracy and stability. In terms of writing genres, both models deliver
the highest scoring accuracy for business report, while their scoring performance for business let-
ter is relatively weaker. Providing only scoring criteria undermines the models’ scoring efficacy,
whereas the combination of scoring criteria and annotated sample essays can markedly improve
scoring quality. Although both LLMs are applicable to the preliminary evaluation of writing scripts,
a distinct gap remains between LLMs scoring and human scoring, indicating that they cannot fully
replace human raters for the time being. This research offers implications for the implementation
of human-machine collaborative scoring in business English writing assessment.
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1. 5|8

BEE N TR BB RS 5 PFOUR IR L2, B 3I1E CPF4 (Automated Essay Scoring, AES) LM%
S5 0] DR B AR 1) KT AR (LLMs) SR AR =04 11 o SR 7 55 9618 = 2 (BEC Higher)fE 42BN 1T & i
R 45 DR RE T IVE 2 —,  HAE SOV T A I0E S Ve S i S s E e, RV SRIPAG B,
AR RAE SRR, TR AW ARG RE R S, Bk & 2 e Bk Mo A
WIEEHE SO I RSSO0 KIE B RV 40 R G 1) AL BE 70 42 H B v oK .

YT E N ESE P T 2 R AE T @M IOE SE R IOE I N TEEATEAR SRS, mErxT
BEC 40X KL VA 55 M SR R B (1] I N TR B TR IAL ™ . Grammarly, 7ER
FARE A B SO 2518 F VP Al SR 4R R AN A2, T [ = K0 5 B8 I DeepSeek S AL MEA ALY
G, 1E TSP E R IR B, AR AT R G IEHAE BEC Mgk SCoFor H M ALRE .

AHFFLIEI DeepSeek-V3.2 (LT iK% DeepSeek) 5 G PRI 2 ATF AT K HIE Kl S
BRTF R SEbE A, S & AT BEC M E SOV AR TPAGHESE . A S M AL B B — & 1)
BEALYE, AR TR AT AT I S AR SRS, AR o Hoft K8 5B IR A VP, IR
ettt . BT B FEWE PR R B P A B 95 il AR VR 70 i O S PTAT 1, D 78 7 55 9405 5 1R PP A
W T7 A SEUEBERE, AR R SR RE S AR R HU N | S sk i LAk i it — e 25 515 % . [,
Tk B B OB (R PR o R I SRR, O BEC 55 YIHUR B A b 7 45 D8 5 A% 5 i T v s i AT %l
BhvEoy 77 8, s — DR OIE S 5 N TV B L 5, 9 AP R PF 23458 2R ) S 4 Ak S e A4t
2 BEC AESCVP o B B B SR 59K . P40 R m IS R IS Il . EAACHIE 70 1a) 40
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1) DeepSeek 5 Z AU 1E BEC mZIeiBAFE3Corrth, WB— s 5 N ¥ 70 AH EL ) B AR PP o — B 5

= ?

2) PIRIRLN T AN RIS R S AEPP o AEAE MRS 22 5, AN TR B 1] 8L B P10 BOR A T 501 2
3) MR R B B AN TREAT BEC i ff SCvF o AT AT 4 2

2. kR

/R N TR REAE SCPR A i ST RSP R . IR AL LA ETS [ e-rater NARFR, @ HRICAEST 25
ICEEESN TREMEF /88, 76 TOEFL M GRE SAEW 2 F sl 7 = WAL - i (Quadratic
Weighted Kappa, QWK){E 0.8 LA E—#itk. B KiE S BN A E, GPT &%, Claude RAIEL AL
D37 56 (0 S NI ST 30 . Kim (2025)F8 1, GPT-4 R R m 1 H SiE0—8E, 5ATHBEFE
FEEEMIIEARSG, HAED G — B BT N LP4r & -F47KF[2]. Suhan & Wolf (2026)%f tt GPT-4 5 AT
X EFL " AAESCHIvEsr, KL GPT-4 WVF o #EW 25 2] 79.3% [3]. Lan 5£(2025)f6 i, REFHEUAEL
WAL SAEVE S Hh, i S E R R S 3 SUE RO, 750 S I SV m 2= (4], i B oG
HEER R, BRI A e s A Aok

E AT, ZEB(2021)E %) iWrite REMIWT TSR, B~ Al TEEMESER A A4S Py —
Bk, (ATESMYERE | — S BAR[S ] (H R RIE 5 AR AN ol 37 54 a0 7 45 D88 VE 43 (1 BT A7
WA A, SR 2 S — BRI T . X1 B (2025) %6 A8 il AT 7 [ b v ST 0 F
FRI, KB FHAA ChatGPT. 00— 5 AR K KB BLERHE SCHAT PRSI, A I3 A R o0 45,
LB — L PEANPE 5 2, VEWVE ST AR s TR AR A P B L, B 2 o 13 v R i
HHIWT6], R B 75 i 7 1A T TR T VP 2 A P v AR AR B0 I

CEEDUVE TR, MRTTFAAFAE = KB 0. — R ZHF R R E@HATHES/E, 4 BEC mguix KLl
R BB SRV T b . R BERIRT LN R —, ESMFFZ H %% GPT. Claude JEHF, H
PXF DeepSeek 76055 [ = A 10T LR AL BN ER Z o = RAVPAGLEE A 2R, A 0 2 B AR VR oy
— Bk, =6 BEC O T 55 5 VAN R 2R B4 43 B 0IF, 3 A4 T ) B A 28 3 43 %o - N TP o i AT B4R
(AT AT 1 o

3. fARFG=E

ABEFCE RS AL, BABEC s AE SN TEXT R, XTLE DeepSeek 5 ZALHIVEIRUAE, MBS
AR SC AR e H 5 N TR i — Bk, BRI s 5 RER .

3.1. FARMR

ARHFFEI T 90 F BEC iy 2% 18 2% AL BN IR SCVE AR FERE A, REARKIE A J8] 2 7 £ 4 1 (BEC
YRR (F2R)) Mt E4 (BEC BAEERINER)) , AR X B AE O N LT
gy, ARG EERFT 43 AT X LE b EEUCAH BEC Mg SVEH IR i H, BRI =Mk
BEVESC P ) — KRB GRS, AR5 5 R RSt MR 55 . ANHIE FUAE R A R vh &1k
30 o it 90 G SCARME W FREABEAT K1 5 BB R/ 206 .

WEFAEA TG G LA R AR, — RS MG T 1. ¥ T2 BEC Hik 175 4 K 2 5L
OF RIFMSEIFSHE KT, AFFES 8 BEC 5 7 & H(0~5 /) HATREARIE ], Hr 3~4 3
Kb, 0~2 P FEARHXS B, DR HOr J S G Ol . iR 2RI A, a5 S5 ARE R I (0
“profit margin” =5 A “profitrate” ). WA GEFEIA A, B ORVPAL AT S A R
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3.2. ARRE

AT DeepSeek MG A PIFCKIE 5 A NITD TR, sy ABUb 160y 2025 4 11 7 10
H.

W Z AP SUR A A SO txt #8320, AR5 T8 SOR B N\ K S AT 9T 4 1P R 3t
SRR, BRI ARG AT RS, B WX BUT BEC Mg Bl AESCH 4, T XA 0~5 21,
5 BAEGE, ARGHAT B, Rt o 7 B2 a U ENESN, BN BEC mAEXHE
TivE bR, 55 = EVE o I RIS 25 W P2 B A RN 7 A5 N 4T 23 B 3 (range finders). YU SCEEN 6 FH»
FEAECRM & Wi, DML RESHEES %,

RBRIE SR 08385, S I0E S VP8 bR, 5XEREAR R N LT 73AT R,
T OB R 1A (Quadratic Weighted Kappa, QWK), Spearman %52 AH % & 41 (Spearman’ s Rank Correla-
tion). AH4R—E* (Adjacent Agreement Rate)F133 /7 H % 2% (Root Mean Square Error, RMSE) 25 1% U bx, X
BRI PP o RINIEAT 5347

4. EREHH
N TH MIEEARPE 4y — B X} L AN AN [R) 2 BUAE SC PR 43— B0t Z2 3 P AN 5 TH R 7RI 90 485
4.1. BEFS—B14ExTEE

W4 R IR, DeepSeek fEAE PP /MESS H BRI B Z LT E 0, H MR ) 52 3 7m 10 T
SO, (HEZMES SRR ZESR . N LI035 WS 5 NSRRI AR SR ST H A BRI AR
F, TV 23 b o () B A R e SIS RL PP 23 S8 A R TH(R 1)

Table 1. Score data comparison between DeepSeek and Doubao

%z 1. DeepSeek F1Z BT BIES T

JC prompt VT FRitE VRO bRdE + N TFI 433
DeepSeek A DeepSeek  HAU DeepSeek oA
QWK 0.752 0.609 0.637 0.560 0.668 0.577
Spearman’ s Rank Correlation 0.750 0.653 0.749 0.750 0.900 0.780
Adjacent Agreement Rate 1.000 0.970 0.922 0.933 0.989 0.960
RMSE 0.636 0.752 0.651 0.663 0.689 0.656

MAZ D — TR R QWK IERBIRE, £ =FsLiei 5, DeepSeek i) QWK 1H 4 & AR 0 ALK
A, HABEARBUEIX ] 0.637~0.752, S ANALT 0.560~0.609 HIEAKIX [E], —F 1% BE/E G prompt
Wy Nk B R(0.752 vs. 0.609, ZEH 0.143), JBEHAETLIMNTE BB 0L T, DeepSeek % BEC 15
AR SO [ P AE B SR AE R B T 50 . Mg ba%s kG, DeepSeek 1 QWK (HEI AL
prompt B} > FEAEPP RN AT 709653 > URHEPE 2 Fr#E. DeepSeek P4 7E7C prompt 3 5¢ N ik F
WEAE 0.752, FEAUHRMEVE O brrERs BT R R F%(0.637), 51 AN LT /030 0 NS5 J5 145 [0 7H(0.668)
AR QWK HRIAMIFEES, TG prompt 5 T8 0.609, (NPFor bRt £ 2 AKX 0.560, 51 ANTAT
S SANERNZHEGRIFE 0. 577 X—BEHR, FRARIPP PR AR R 17 AR PR OB Y (117 73— 5
PEFEARIER G S, RIME R T VR BRI, A LA G S H 5 NG 7E— @ FEJE PSR
VR 22, FETHP 705 B SEARE ) & B, (HIB IERUR A IR, R 2270 prompt ¥R 4GFR I .
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Spearman %544 HH % R R, DeepSeek B A AL HIARE M SHEFAME ), MG ALESR AR R 5]
Ko JC prompt 35t N, DeepSeek 5 5 {1 Spearman Z HH N#EUT(0.750 vs. 0.653), DeepSeek /M4
Jeo PRV ArAERS, SALH) Spearman RECHILKMEIATE, M 0.653 J12 0.750, 5 DeepSeek (0.749)
FEAFT, X e FALEATE R — 5 DeepSeek #F (IR, RWHIESFRERSIN BT T EAME
I3 — QWK TR, H S ZE 1T T R SOR B S II X 53 R 7, A8 AP @ & N TVF o prift
1M DeepSeek 7E1%37 5t T REFEACRFFALE, W TR/ br vk (B A CO% iU o Fa e 1 N TE B 4, Ab
HPEFRUER S AR A BT SIANNTIT W SERNSE G, PiaBAY Spearman R332 HILE
EHeTt, HZEERIRBKR, DeepSeek M 0.749 BRF-Z 0.900, SE8l 1 BIMIHES, SAMM 0.750 $#&A4%
0.780, $RTHIELLALT DeepSeek. X —L5 R AT U], N LT ZH M G AR IRTHBEALEI) X 4) B
A MFB, JuHX DeepSeek 15, A LT 43Iz G /R F REME A H PROE IS & BSE N TP 4724,
SEPLPE A X S B R R IE SR T o T A A A IR A, (HRTRESZER T B & X PP btk 3R RE )1, $RTHA
REMR. F, DeepSeek 1£1Z3% 5 |~ 0.900 K Spearman R %, 3B HAE TR bR N T FT 5 ) XU E 5l BY
T, CHEEEMESCREHTRE S, FEAR BRI X 20 AN [R5 =55 1 ST

PG RITEAH AL — B R b PRI B =K, BAEMEITE 0.922 BL L, Ui = T7EMESOT
Sy SR A T A 2, VP S5 RN FR T, {H DeepSeek IR FFAISEM A T prompt 5 T,
DeepSeek [FAHAS— S PEAILFNH 7 1.000, JEILH 56 R MWZIERIRE ST, FrA v 45 R H LS 55 44
Wz, 15 0.970, BERIRR, EATIELE 3% ERMmZEE . IREEE AR HERT, DeepSeek [
ZAEAR IR R, M 1.000 FEZ 0.922, SAEMIVMERFE 0933, HZEEKEA DN, X—4RS
QWK WA 3A —3, FRIRENIE T AP 2 bt (19 5] N X DeepSeek FIVF o Fafi itk =4 T ki s mm, il
HHB T — @Sy mzE, mEaUEEbrtEf s ST, AMERA T RZEZESIRE ). 5IANANTAT
SN, WA A AR — Sk R 3 BB 2 [F1 7+, DeepSeek M 0.922 F+% 0.989, G ALM 0.933 F+
£ 0.960, EZEREIKT, H DeepSeek FRxHiJFZEpH. XKW, N LITHZHEKGI NG A S ER
BRIVP o mZ, IR0 B SR B DL R AR, RFEBANE A g, X5 AN T S5 et T
FARBIVR 57~ A8 B8 I B FE 08 AN [F) S G SV i SR DM O . BRI &, RIS B 1 L & Bt
SRR RafiE, A5 L™ E R 2, T DeepSeek 784k 2= 15 i (RS HEFE_ BT BARSS, N T3
R ST — 2 Rl v i 21T B

7E RMSE (35 iR 2)Fabr b, B AL R AR BUE I TE 0.636~0.752 2 [A], fmZEFEEEA X 4%, {2
TALER s R SEI T X DeepSeek (/IR , B BALEAE—EUE. X3 EA K DeepSeek,
{HTEER 3750 N P BB A E B AA A — 2 % TC prompt 375t N, DeepSeek ) RMSE 4 0.636, 3%
KTEaN 0752, WIS EHEE BN o ERE /N, BUERHEEE . (SRR ERT,
DeepSeek [¥] RMSE /Mg _EF-22 0.651, SALNINKIE T2 0.663, 3 ZHE KIE4E/N, ZALLL0.012 1]
55 Z2 BV J5 T DeepSeek. I ANNT4T4r57%5 )5, DeepSeek ) RMSE #k4: T2 0.689, S ANk —
TFEZE 0.656, TALSHL T KT DeepSeek KI/NME . X AR, FEEINBIRRETIZ B IRN,
DeepSeek VP 3UE 22 RIZ 0T Kiadh, M AN 2E D4/ a, UG aMTEEUERERE TS
SZ AN REE N [ 1E [ 52, TEVE R RN AT 20 XS Bh T, FLEUE 22 BB R LA 4k, 177 DeepSeek
(1 S5 UE PP o B R T BB e, AR ER S B 5N RO A 25 1 SR AR RS HE VP o> 4, 5 BCUE W 2208
AY Ko [FN, PR RMSE 8RB AR RN, BORFFAE 0.7 LR (BRIG prompt 375t T I E.A),
Wi B 3 BOVE o BUE e 22 2 b T R AR B, RO (R 22 B oK 3 5, BUE IR Z AR 0.8 73, R
OB B BTN SO BB RS M B3 & — @ I RR il
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4.2. FRIARBEXHITES—HEER

X DeepSeck 5 E AR SER FSME . FFEW=RIECIIVE T RIRIT 2T, 45 REY
DeepSeek 7 = 551 SCIF 7> BEAA R4, B0 MBI 72 R AR THRFAE o $R03S 17]  F0KT 7 kSR
MR m A7 AR 2257, T prompt 375t PARRL VP — SR AL, A TAT 2S5 % G RrRTHERE B2,
LT 55 0 5 A SOOI A SRR 70 R RE ) i fL s BC Y

MR AR R IR, RS54SR I P RIS 8 « RURE S i AR Y (2 2), DeepSeek 7E L
FAECH I QWK B AL R KR 0.73 LA L, SAMARE 0.63~0.69 [XIA], i T HAERI SRR B EEUWER
I T 55 1 bR U PR AR PR SR R B AR (2 3), CHLR B, 3L QWK EAE &7 7K T 0.57, mlk
£ 044, PP BES HSARMERMZERR . 7 55 VSR SCUAL T IRIKT (R 4), PIRBRE RS 2> R
s, HEAEIIGEA h R W8 3R THE 7).

Table 2. Data analysis of scoring for business report writing tasks

2. EMEMEITHRIES T

JC prompt VI FritE WorbaiE + N5
DeepSeck oA DeepSeek =X DeepSeek =X
QWK 0.77 0.67 0.76 0.63 0.73 0.69
Spearman’ s Rank Correlation 0.78 0.71 0.75 0.84 0.77 0.89

Table 3. Data analysis of scoring for business letter writing tasks

3. BB RERMEGT IR

JC prompt R i WorbndE + N4y

DeepSeek oA DeepSeek oA DeepSeek EXi

QWK 0.79 0.57 0.56 0.45 0.59 0.44

Spearman’ s Rank Correlation 0.80 0.58 0.74 0.62 0.64 0.62

Table 4. Data analysis of scoring for business proposal writing tasks

4. BMEEWSHEHT IR

JC prompt PR AR PEorbRiE + NTH4T4r

DeepSeek A DeepSeek FX) DeepSeek IFX )

QWK 0.69 0.55 0.59 0.58 0.68 0.61

Spearman’ s Rank Correlation 0.77 0.74 0.79 0.78 0.77 0.85

X 2 NAZSE IR T = 2R S5 SCRISOARFAIE o 7 95 I i s . PR 4EEIE I . 2 Mk B 0,
FEMG S ORI B AR B IE AR, T 5515 RRE AR AR . IEBTEEC I, YRR b, AR
EENHREZORE &, SRR A SO 5 WARIE, BB R ) i) o () e 6 A

Zrey BIRGER, LG PR AR A SRR 55 B R AL 3R] T T A P, IR
HHE R 5 DA IS 78 « B 56 » DeepSeek A2 B 3E 141 3C H hiF £ 55 (A A, FLAERZ O — FPE SR AR QWK
VPP X I FE AR Spearman A 1P R MEMESR FRAH AR — Bk R LI R FF At s, JLHAEGIANTIT 2
2%, Spearman RZEERTHE 0.90, FEILHM M EHFAE/), B RMSE BEAMEB SRR T 1l
A b T AR ZE 75 Ab T W G, HLS AR T prompt 375 T I EUE RS 1L R IR 7+, 7893 U DeepSeek
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XPVE STV 43 (1) 2 56 | bRt Mot & X 73 3 B & SR Re 7, S0& SR R SCHE BT 0 1 FE AR AL
1M 28 AR RIA J DeepSeek, (HIFIEATLAM S, HAEAIRMEVE ) FrUERS Spearman #2415 DeepSeek
Fr, ESIANNTIT 53 27% 5 RMSE SEULGH, 1 B A0 A5 7 1] A BURR BE S iy, B8 VT 23 A e
MNTAT B Al B 5 vForae /1, H&— @RI 71, ABHAZ O — B AN X 43 FE R A AR
2, FRIHEATEN X EARAL A B BE A S TR SCE SR TS

HR, $Esia] T IO B VP 43 R0CR B2 B W35 1 22 e itk SR AR AT o0 A v VT BE IR AR R AL
WFB, MEabriE 5 N LI M4 A T T AL 0 SCHUB R DR 43 6 ST BT X PESR T . X T 3 AR T 55
AEREVE 73 A A 35 A S I B AR VT 73 R RE R IE TR AR Ak, 1T 52 DeepSeek [ QWK FIAHSE— 12 T %,
TR QWK HHFEZ A%, Ul B AL SO P PE o bR HE DL YA RO R A A Ry B e, R
T IR JGA VT FIWT o TPE AR AT N 4T 70 B2 & T T 00 R 0 AR AR A T T8 R, e i 1 7 kA
A QWK Spearman ZE. AHAE—FEZ I A FIFLFER [, JEHXS Spearman 2 HE T+ BUR i
REE, WAL SEERNBEEEITE 7RG, R R VF o bR e B RIVF o 2261, HEB)
TSR O G I PR VT o AT () P RRORT N B R, AT VT2 I X 2 FE AT —BUiE . X — 45 RO KIE & R
YECE 3PP SR A AR AL T 8RR T /), ROAREC T B4l i) SCwbnitl, SO bniE 5 R0 A& R
e A AR TR AL VR4 BE T

Ja. MR RI AR — e A 18], B TT 1A 55 455 B SRR E . X T DeepSeek, Hii%
ORBLET VP I — B X BEARR g 1, (HAMTHE R 1 5 NS B BUE W2 K, RAGE S
NFE TGN AR A28, BT mERMAN T2 2% 58 S REMNE B EMEsS S, ERE
BN X Ay R R b, AR VP BB RS TR B, 98D AR T T R W 25 . (RIS, Wl — R adl
FOANE A AN A U E SC R PP A& B, SR PRIz AR . X T H A, HAZOEIRET QWK E
TS, PR —BUEEE, DUE RUREEE T SRR P20 Bn v (R VR B2 B, 380 i 8 1) P 20 B vEE AN AT 43
AT ROR, LR RS AE SR PR bR AE I R O 4R BE IR E I, 3RV 5 L SEARAE ) A
[FIT, il B B s Al U FE Ry AL 3, A SRS A ) R R R R, IR PR 4 1 X 43 B
Tttt

Ak, AR ST () BAR G ROKRE, KRG SR CH SRS SR —E N /7,
PR TR ZE A AR — B R E SRR 7K, Spearman RETAE N 4770225 (1048 B T 5 S BLE 3 427,
YL RAE 5 B A e A AAEIRE O B A E R, B HN VW2, B o E S 3vF o 4B
TR A EFR, PR R QWK EHIARIAF] 0.8 L BB s —BUEAKE, Ui HS LMk N TP
SAAAE—E £, BIETEBRNTIFS . ERENAT, v E T BAUE 9 ESCE 3F 5 )
VLR, A H &R R 58 O E SCRII TR AT SR 20K 43, T H N 0 B RY UF J3 (R RSOk IX 1)
R EREAR AT E AU IE, TIPS N TR IS A I EIPE 858, BESRTHE SO I RR,
SARUE VP73 O HERA AT Tl A

5. &t

AT FLSAUERT LR B, DeepSeek-V3.2 £ BEC w5 /EVF /7 B AR — e A20E P A8 A& fe 14 77
HRARRIDUE A, MR T S E AN & 5RO/ MR . O B AN R Uk, wiE
RS R SR SR T RS B, (A OV — B — 8 %55

TEFENIA T, WG RERN, AIREEVE b DA SR TR PP 0 R B, 1 “VRrAndE +
N TAT 637 H A SR B8 LA VP TR R RR, R TEWISBEBL VP 43 [X 3 B -5 R P 1 e U SRS

EARFEE LR KRG, PR RIE R 55405 i vr o BRI AE, 75 2515 ek DR 2 05 A A AR PR RN
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SERFER, S EUEEVE .

LREKRAE, WA R % BEC Mg SCHIPFRE s, AT TR SR 7 2, (H 5%k NI

SIAFAERERE . TESCRRBIAI, SONATAT MR “BURAIE + NS MANLIIRB, (et
PSR ) B (R VR4 B

AT FEIRS T E KT8 5 B AE 7 55 0B L AT SUR 1, 9 BEC SARIIVE & AL SHBIVE 2 12

M7 2% B RIRIE, FEARDEIIMESOY T, RIER—HBAA IR, SUTRE 7 BAF2 8L
IIMT RA% BEC 407 4E L VPG, R IRFUBAL S 805 WU R 520, 5182 AU IE 5 RETR A e o

RRFY RISLHE I CREA, TFRZ YR Z T, AT 1A 5 RO S, AR L ALY

FIVEAMLRE, HE— 2 e 55 SEE S B AMR R, N SRR O T VA b 0 RS
S5 3k

(1]

(2]

(3]

(4]

FREL BT ST OR N B N R BEAE R S S b S BUIR AT AT ST [D]: (A AR SC). MR R R /R TEINE
K2, 2023.
Kim, Y. (2025) Automated Essay Scoring with GPT-4 for a Local Placement Test: Investigating Prompting Strategies,

Intra-Rater Reliability, and Alignment with Human Scores. TESOL Quarterly, 59, S318-S329.
https://doi.org/10.1002/tesq.3405

Suhan, M. and Wolf, M.K. (2025) A Comparative Study of the Human, Automated Scoring Model, and GPT-4 Ratings
of Young EFL Students’ Writing. Language Testing, 43, 66-78.
https://doi.org/10.1177/02655322251346860

Lan, G., Li, Y., Yang, J. and He, X. (2025) Investigating a Customized Generative Al Chatbot for Automated Essay
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