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Abstract

With the progression of globalization, cross-cultural language understanding has become increas-
ingly vital in daily communication, education, and artificial intelligence applications. Large Language
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Models (LLMs) such as ChatGPT have demonstrated significant potential in generating cross-cul-
tural expressions; however, their understanding of cultural context and implicit meanings remains
limited. Focusing on politeness expressions, humor, and metaphors, this paper analyzes the content
generated by ChatGPT through typical cross-cultural expression examples, grounded in theories of
cross-cultural linguistic understanding. The findings indicate that while LLMs are capable of gener-
ating language expressions that align with cultural expectations, they still exhibit deficiencies in han-
dling face-saving, politeness strategies, emotional fine-tuning, and contextual dependency. This study
provides insights for the improvement of cross-cultural communication, language teaching, and the
cross-cultural application of Al, while highlighting the limitations of LLMs in grasping deep cultural
connotations and proposing directions for optimization.
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1. 518

BEE BRI R R, 85 S b O B 2 AN AT A B . RS SO e, A
FSCHE S NAES & B LA ERE £ R, ORFALSURES . WBRRIE . Mg L ROE B 57
1] [2]. a0, fEmiEssci s, b E, 355 RAAE RSB XA APR SR MERIES L,
WEE, FKEEHETEHE, AR REEFAMGEm AR, e s EHira/E
JE S BRI N S H T Fkik

LR, KiE SRR (Large Language Models, LLM) 2T ChatGPT 7 [ SR 1E & A= i AN B A 7 T 2 F0L HS B
Ko IR REMS LT KB SCARBIR AT E 5 AR JRE— R LB N R BXHE4T N [3]. SR
RE LLM FEARNIE T Fi BAF SRR, HN S OB SRR & 15 B B B AR A2 7 R PR [4]-[6]. 1
n, YDA SO E AL S RIS B A BRI, A8 AT RETC IR IR EAE SC S B KB SR =,
A2 B H AR S BR AR A 584 — B Rl %

TR ST, ACEERP LLM 7R85 SCE 5 BAR 0038 05 /R o i e B 2R (AL . e ER AN
Famizeik, ik ChatGPT AE s sCAaRtl, FF45E1E S EM IR T /i, A SO\ LLM 7285 A 1E
BN BRI ORI R, S AT Th S A LR R H R S %

2. kg
2.1. BXWIESERIER

5 SO T B AR AT SRR SO TS SO0 TR B R CIAZ bR AT NI [1] . Hall S0kl 4 i 5 5118
EE S, EiEE P B S A R R ERBIES . FESIRREES XA, MEEE L ERE S
KEMHRNE . i, EFESEZRS, ATERERSGEAR AR, BEiRIA, D4

HTFRABRRR; MSEE i, RIAEEBUH[2].
Brown Fil Levinson [2]#& i, AATIFEVE 542 b Hhod i S MR IA SRR B & A N T+, Hoh sy
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R, L. EIEAT N . R B N TS SO IE T BRI A TR AR AN SRR AL SR SRS b
MU, BRI S BARASS PR A . WA R RS P 2 S SO PR SRR L R . e BR
FEHMURE S SCALRIIR . XUOGIE BRI, A AR A — S B AR T RESE e AN R[] Femi ik
IR BA SO HOE, dn b SO “ gL 7 SIS0 “Breakaleg” » & XS SCLAIRZE R R
Fo PRI ELRIA T EAE F ARG SRR S &, AU T AR AT .

22. SESTMATHIESER

2x1E 41 H1(Conversation Analysis, CA) N ER RIS 5 Uil 75 22 Br g fEFR At 1 BB JEAH[8]. CA BRIAXTE
WS 3 & 5 (turn-taking) . sh{ETE il (action formation) Al 5 41|41 27 (sequence organization), J£xiF5 5%
A AT 1 P S SR (epistemics) [9]o X LSHERN AT LLM AR S AR 5 RIE A A R E
X, RIS BRE AR OB E BRI SRS, (2B R S CE B G B e g se k. siERT S, =&
FLERfRRE T ) R

23. KIEERBESEXHESEM

AR, LLM fE B IRE 5 AU 2 N, JEHRAERIR A SORBEEANTE 5§ P (3], XLt
TR S Y R AR, RS ETENE . VLR AN bR SO i B BIRGE KT . SR, TR
LLM X SCARAK A I RIE A7 A2 SR IR [4] [5] [10]. Bt =4k AR i SO 2R 0 248 B SC e BR ol I
BRI AT BETCI 78 70 B SR 3« AL S0 R i BR A R R0, i A A SCAR BB At ) T AR 5 Rz
SCWAA[LL]. THEE S SO IART SR, LLM (R AR ER S SCATE UM ATAAAE IR “ S0tz
) - S R PG 7 AW, s DA AR P 7 1585 T R R At @ PE[12] . i, fE2E b S0 “Bidh” Bide e
CHAER” I, BURLAE AR PRk Z 0 SCA T T RIAL S SRS BOIR R A, S A R I A “REALES
07 REAE,  BIOREAR 0 T 3 ok AR A2 b i B [13]

BEAR, LLM FEARBRES SCALTE 5 BRI, S0 T I i B AR AN 2 (0 D[ 14] 0 AR ROCAS B Z XX 15 2
5% G40 A2 RANSLT SR AIEYR, X TSR A B B2 BAREE IEM . 5 2588, (HIEE
SCACAZ B AT RE AR AN B AR BT A SO B . BRIEZ A, LM FEFS SO AE B A T i e 2 1 FH 2R R
e, BUAIESERM], BERERAXIES 58 0 S . S BE B ST 55 R B AR E T
X HOLAE B B EAREVEIE . 15 B 8%, (B TIAAE S BB T kAT 205 M AEmE i, XE LART
B E SCAC AR SRR [15] . X JR) R A S e 1 RS AR AR AR RS B 5 T HEBELRE ) B RIRBE SR

LR PR, PESCALIE BRI SRR SO TS ey ALSUERNK . W BR SRR TS S B P IR . 2
Hriefit 17 o Mrils 5 eSS br b R E 07 AU BE TR 2545 LLM BIWFIT, ASCUONRIE SRR SCLTE &
e B BT, ABAE SR . B BEAROBUR B S B SRR T AR R . XN R 4 B A 18 28
€ HEAREERY, M A SO TR E e B AR BN B B LLM EES SO TE S B RIS S A L

3. MRA%E

AW FC B FEAR T KB 5 A (LLM) 7R B8 SOAIE 5 B AR T 1078 1 5 RBR . T CRE S 56 I faf vk Al mT 45
TEME, ARSCESE ChatGPT-5.2 /E NI AT Bo 1ZAR AL T IO SR SR TN SR, RER AR ERES X
ARHAAUREAT A, (EF AR TR LR RN, UG G E s SCE 5 B 1S5 T A

N T VAR S SO TE S N IR, ARG T = 2RO, B AL NS . MR IE
MR . FLSRIS RIS B 70 SRR A SR AR 48 AL R B Jy, Bl e N “ S0 s — A%
wiAE 4 I ARAE T, LRI ST “Politely decline a friend’s invitation in English” o A BR 32 %A
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FH T IR B 0 18 S A W BRI B AR 5 A B, Bl an e scimoN “ b S0 — A BRI 2 SRR A T A
24?77, PARIECHIN “Respond humorously to ‘Guess what?” in English” . [ iy H i N\ U S5y A6 7R ok
SCARFSE SIE SR I ARRERE 77, W SCHON “ foRe b SO g AL R S A KT SCHI N “ Explain
the meaning of the English idiom ‘Break a leg”” . X6 N i 185 0415 5 AR PR, BRIk
VB SO ZE S RALS SRS I SCAGARFAE . EBORISCERB B, RN AR =N A, DU R AR I 2
PR ARSI IE RSO R S ey, JFREAT R B B, TR RUNIRREAE, (T R

Hm A3 T 215 AT ELR [16], EEM IR SITE K. 7 5 AR SR E DAY B AT % 8%
FEVERC A TT I, B R4 ChatGPT % 2 I S AN SR I 4, LA AL X1 v (1 [l B 5 17 &
ARSI o« FEBETE R T, AT TR R A il N B R BRI TR B S AT, WAlIn ik,
HAER R REEREE I fE  , VPAS AR RS S B b A R IR v M . AEFPANZA ST TH, 25 2SO (R I I
FEASCALTESRERLE, BN RS A I LHHE BRI IRE T M. Bhat, BB il i B -
R, QRG-SR G ARG BIHEMILE, RS ARIUEE 5 E 2 KR, XL
DA B RS iT Al ChatGPT 7E1%5 SUALTE S EME T A 5 RN, IEEE M Es RiTie s ] S % i .

4, BB
AW T2, MR, SIER M. 7oA 4VR AR B DU ANE B 407 ChatGPT 75
B SCARE = PR R B, R4 OB SO RS BRE S R A BT R R R SCALE B R IO 3 5 R R

4.1. EIEHRFIAREICILECE:
s zmmemmanss

HREILL, XBLIROARESIERE, RIIRORMAENRT ©
o LERNRIE:

BERFRE, ORATRRHAFT, TR—ERARMRL ~
o HigfEEa:

RIFFIEERE, STEEAITS, TR REEHRAHIE,
o BRREEER:

BORFIREEIRESF T & TE—EHhL!
o RER—m:

RBSHREETE, TIBORMSERATIESI, FEREEER,

(EE /BE/KE) SER (CR /7. Be) | REILUBRE

H—EEREE.
(RN CRE RN SR

Figure 1. Chinese expressions for polite refusal

Bl 1. sy EpEEARIA

Politely decline a friend’s invitation in English

Sure! Here are a few polite options in English, in different tones—pick what fits your vibe best &
* Warm & friendly:

Thanks so much for inviting me! | won't be able to make it this time, but | really appreciate
you thinking of me.

* Simple & polite:
I'm sorry, | won't be able to join you this time. Thank you for the invitation.
« With a gentle reason:
I'd love to, but | already have something planned. Thanks so much for inviting me though!
* Casual & friendly:
Ah, | can’t make it this time, but thanks a lot for the invite—let’s do it another time!
If you want it to sound more formal, more casual, or fit a specific situation (party, trip, dinner, etc.),

tell me and I'll tailor it.

6 Qa3 - v

Figure 2. English expressions for polite refusal

2. RXRPHEHRIL
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FEH BRI SENEIZ RO, ChatGPT ALt SCRIAMRIL 1 BB SCRHIE, i By EE RO 2
RN “ ERIFRE” WENIE I GErh,  DAYEFTH At RS (A 1) SOCRIANFFARIESTSC, 51
F OIS R, I E A RO e BB AR (T 5] 1) SRR REHERARR T 2 AL IS, (E A
HA W B ABACRAE, Sz BRI AR aii, FORBERYEHE 20 RIREUR T AT 22 A AR 14]

MFBIHGIRE, TSGR (A 1) 2 KA “WOE - B - ARRAME 7 (38 3k Qa5 1, M5 R 4Ed
(U] 2) M5 IR - AR L - HE ] 2L . ChatGPT BRSNS LR8I, (HH RN
BE ML EAKISORRAL, B2 AT B AR X 7 18] REEAT SRR A A B A RE T, A LUABLE )
AR ESEE

FEFIRE BIYESE, R (0B 1) BERE T RIS ORI 7 0 T3 ok R A AL 2
(G 2) 0 22 AR B RS NBURIAN B B 22 HER BT A AL ChatGPT S AERL (7 X Lz, X701k
NG AR FIRIVRAS . BSOS TE R, B AR 5 1 7R RE RS R R4y, A AT
SR B AT, SR B E X R A SRR B R AR

£R LA, ChatGPT £ 5 SCALZRidE 20 R I AL 1018 S LT RE 71, REMERRFE A R SCAE T BAL
PG . IR, A AL LRSS 3, AR 1B SRS A DL 58 A SEBLR R AT 1 4E 40 S, A
fRAE B SCAE h  dk = 0k B AL 1B S A RGE RS . X ARRIRIER T, KRS B T Sl s, %
F 1A R 2B AT N AT AL -

42, WABRE| IR B ST EE R

LRALL © TEARUMMERISHEIE, RFREQETEN:
o BYNBREL:

LRSS, . R T — ™ B EAIE RO
- TIRmEEL:

RERSFNZNER, BEETREER,
o ERiRREL:

HKESBIFIMRET, WE, RREERRIT?
. RERE:

TRET, BB FESRARE AR,
ERREERBER. BH—8 SEETAME/LEN, RETUSFE—AENAN @
6Py -

Figure 3. Humorous response in Chinese

B 3. e CHER E

Respond humorously to ‘Guess what?’ in English

Haha, here are some fun, light-hearted replies you can use—pick your flavor &
« Playfully dramatic:
Let me guess... something exciting, slightly chaotic, or both?
* Curious & teasing:
Judging by that tone, I'm guessing it's either great news or a great story.
* Casual humor:
Hmm... you won the lottery or forgot where you parked again?
« Friendly & engaging:
I have a few guesses, but I'd rather hear it straight from the source!
« Dry humor:
Statistically speaking, this could go in many directions. Go on &
If you want it sarcastic, cute, or more flirty, tell me the vibe and I'll tweak it.

&6 P T -

Figure 4. Humorous response in English

B 4. FESCHYERE R
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TEHANE S ENETE 7T, ChatGPT A= B i SC e BR [ml 87 (4 (] 3) B A 9 ZU I OC R4k RFAE, 5l
T A O A A BN, RS i B A o 1R B S AU R s ESC(Gn ] 4) 8] 80 22 SR FH 2 T
AW, ME T 52N —iER RS, AR TAES SRR e I DR . fESNPE R b, g
] 3)RIA U5 sk A SCART 5, I FH L 2B 5 s A o2 2 B 5 0 s (P 4) WU B 22 A0l 1y B %o B Bl B 1 )
BT R HE R AN [V 5 1 s RS, (E LA AT B A RRAE, B2 B SRS R R S O R R (A 2
OB, HHE DVER X SZ A B SCATS S FNAE 8 22 S RS WA BR 1) 43T

MWFFVHR SRR E TR, F SR ER (] 3)yWim e g, it )2 Zq SR
FESL(an P 4 e TS R S R, JESRAE BARIERCR . AR L, JocRIEE 3)E R —
PRI E BB T, 8 I W 48 AT T I 7 Ui 1h 7 5 U 3 3[R B4 s S S (] 4) I i) - B
FLE RIS, il RIS B AR HER BN 7 AR . ChatGPT HEEHFHE IR 7 4132 48 F1 1R 43 i )
P54, B RBRTE T BALE S BRI SZ A SE B SCA T Senil, R X W 2 RS B K B A PEAG

ZEAVUANERE T LA, ChatGPT 75 i ER [7] Nk Hh B8 A R0 AN [F)3E 5 SCAb HR I W BR S . R
S HABR IR T R A OC R Yk R AL, T S i A 3 B 5 LA HEE RIS S . AR, AR
B S AR BB R A8, I AR B SO B 5% b o DLERR DEA I 3 SO S Ay BR B2 R
KR, BARN TR REAETE & A 07 T B A BRI B AR % 5 A BRE bR T AR AE — & JR PR AE[17]-
[19].

4.3. HEEMRIERE LR

FETRRE P AR L, ChatGPT X rh SCAiR (n “ MRS AL 7 ) HIMERE(Un 15 5)REAE M7 1 = L2 51 i
B0 H RN s i A A, RIS S M B SR XSS “break a leg” )
Be(n sl 6) MR Zh e S RS, il WIiE I D e Sl SRR, AREIL 1 23l SO il S I E 5 28R )
Rl ROEIER BEMER FA Th S SO A AR 12 4, (H M SR I B B AR AL AR AL, SR Z SIS B
AR W 3 S ST A B A TR PR

MBI R SRR E BYE S, b SORRE (U B S) A BN RR I RAT Oy, E R SRR s e S 1A
SN, BAEFEBONT & AL RGN JESCRE (0 P 6) I SE SR i A ST A A E I 5N AR S
SeoRTE IR . 2RI, AR BRAE T HA RN A BB Gkl S8, T AREE xR AR i S s
SEOARIZE AT RN AT . BEFURIL, B AR AR T N LA RN T 18 SO AL B2 AR AT RE ™ A 1 B A
s, XS ORTE 5 AL A B R i S AR S S I, s S aifE @ i s /1R AR A BR[20].

RS EERE IS X
"BIERE 2 AN PXAIE, g . RTERZS 7.
FEER:
ENCHIRHE, ARIEEBEEFT, MRAWHETH—S—%, RAFNT.
SIRENX:
LWRERIEE5Mm. 1AEIFRHE, RESHILENSE, SRFIOM. BEHER.
fERER:
© SXERKEEEE, DINT SRR

 DROEREFT, DEERY, KNEE
o BUEREIALL, HMUSRRESHEN

Bue:

MG BEREET, B FERMEELHRE.
MRRET RTRIHMRIGENIE. RYIE, HBAUSSHHART ¢
[SURCREY BV S A

Figure 5. Explanations of Chinese idioms

Bl 5. SR RIERERE
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Explain the meaning of the English idiom ‘Break a leg’

The idiom “break a leg” means to wish someone good luck, especially before a performance like a
play, concert, speech, or audition.

Why it sounds so odd:
In theater tradition, people believed that directly saying “good luck” might bring bad luck. So

instead, they used the opposite—“break a leg”—as a kind of superstitious workaround.
How it's used:

* Said before someone goes on stage
« Common in theater, music, dance, and public speaking

¢ Friendly and encouraging, not literal at all
Example:

You've been rehearsing for weeks—break a leg tonight!

Tone tip:
It's informal and supportive, so it's great with friends or colleagues, but not ideal for very formal
situations.

N

If you want, | can share similar idioms or explain where this one might come from historically ®

Figure 6. Explanations of English idioms
& 6. R IEBMHER

Gty KT, ChatGPT 75 SCAk I 72 1A MR v R BN H o A 3575 IR AL 7, REms Bl rh 3 se b PR
R F AR S o o SRR O () B SO AL TS 5t 5 S, T SRR T R I O e S BE I . AT
KB A B A RIS RIER R, TR S BR R R RIR, TR R IR 5 3 A A bRAg F) b
TR T 23 1A [21]

5. 458

AHF I T 2 AHHEL, SRR 1 KR SRR AR B SCALER A o (0 2R, B i 1 Al e e e
AETR FPIA R SRR BERE 1. BT EL, BIRLL ChatGPT JyARER AR #E A A Vi Al A 4L
IR R R T, RERNIRIRIN %% 2805 SAL S B IR R TR AL, EAESI A TESGE R . IR B B DA L
THUEP SRS b, HORATAEAE LUERR ) R A

A CHERA BRI FRRYEAERZ AR WRMKE, BUA 1) Transformer FE7AA5
ERBET G R AAEIIN G, EERKMR ORI, M3 R J LB EW
JEAR . IX T R A A P A A B BRI SR v MRS T B HE T (A 5, AEAE L “IEARA o [
I, TSR iE R B TP T E 5, BRI R R T B DMRIE SOy St (12 48, 2
XS DU SE iR B I R J NP OGRS W5 e WU HZ AL BB SCA . B4, BT I RLHF (& T
NSRG53 ) S idad BEIE SR [ A bR e 5 22 ek, AETETE R Il 1 SCAC R I RE 1 5 2R,
2B A A R AT B AL -

BERPUXLERAIMI, AR AT JUAN G5 SET7 T B Jed Bl J= IS it Bty

AR AR (AL R SREZ ) IR G AR, RS 24 5115 5 A R I B AR AL A2 B . ok, T
LI 255 A4 U(RAG)HA , AEAR YT 111 BT e A 24 A SO RUAE AU /28, DAl IR 1 7 (30 A
T o FESRCEE b, N B0R AR SIAVEI R R, WAL MRS R R 2, 51 SRR it
H TEHf A A 1] B AR TR A . B, I DU AG SR B (COT) MR, iR I TR 7 2E B 24 [l S 1T 26 73 A
XE T B 3 AN AE AR 0o BB, A5 T3k A ATRT R PR G TSRO 17 B A R 2 R I8 AR HE L

BITEZ, KiEEHEMIEESCR AN IS, B H TR R IERERAT, ERERIERSE
AT B EE . TR B AT SRR . SINAMEE SRR DL ARAEE T R SRS, IRATE S
FEAR KA IR B SO IR 552 b B B HE R 8.
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